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ABSTRACT 

Inequalities present in society have been of increased interest in recent years, particularly in the 

United States. One source of inequality is unequal access to important resources, such as shopping. 

Recent developments in shopping mean that the ways individuals obtain goods have changed 

significantly in the past decade, with little research into some of these new developments. Many 

of these developments concern online shopping, which has risen from a minor factor to a large 

portion of the retail economy in the past two decades. The COVID-19 pandemic forced people to 

change how they shop, highlighted existing inequities in shopping access, and resulted in 

permanent changes to how families across the world obtain goods. Prior studies have indicated 

large discrepancies in accessibility to shopping, with focus on the relationship between economic 

status and accessibility. Other studies have touched on the lower accessibility to shopping in rural 

areas, particularly concerning the area of home delivery. However, large gaps in the literature exist, 

with online shopping being relatively understudied and the unique challenges to rural areas being 

understudied. 

This dissertation presents a methodology to access accessibility to online and in person shopping. 

Using a survey conducted by the author, econometric models are generated to determine the factors 

influencing accessibility to five types of online shopping and four types of in person shopping. 

These models are then applied to a case study of eastern Upstate New York, determining the 

accessibility to each type of shopping in every ZIP Code in the study area and generating composite 

accessibility scores. These accessibility scores indicate a wide variation in both in person and 

online shopping accessibility across the study area, with urban and high-income areas more likely 

to have high accessibility to shopping than low-income and rural areas. Policies to remedy the 
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inequities evidenced by the case study are then presented, with discussion of how they may be 

implemented. 
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1. INTRODUCTION AND MOTIVATION 

1.1. Motivation 

In recent years, there has been a heightened interest in the inequalities present in our 

society. 2020 saw the largest civil rights protests that the United States has witnessed in more than 

50 years, with a growing movement in large and small communities alike. Climate change and the 

environment have become more prominent than ever, as record temperatures and increasingly 

destructive superstorms wreak havoc on all corners of the globe. There is a growing scientific 

consensus that climate change has greater negative effects on poor countries and disadvantaged 

groups than it does on wealthier countries and demographics. Economic output has decreased in 

poorer, hotter countries while simultaneously increasing in wealthier, cooler countries (1). But one 

of the most prominent inequalities in the United States surrounds income. 

A common concern in recent years has been the level of income inequality in the United 

States and around the world. According to a 2016 report by McKinsey and Company, two-thirds 

of households in advanced economies saw their incomes stagnate or decrease between 2005 and 

2014. In the United States, more than 80 percent of households saw a decrease in income over this 

period (2). Even with a record median income in 2018, the income gap between the richest and 

poorest American households was the largest it had been in 50 years, with the national Gini index 

increasing from 0.464 in 2006 to 0.485 in 2018 (3). A 2018 report to the United Nations Human 

Rights Council found that the United States had the highest level of inequality in the western world, 

with 40 million Americans living in poverty and 40 percent of adults unable to afford an 

unexpected $400 expense, even as the economy grew exponentially (4). 

Furthermore, the effects of income inequality are highly correlated with location. The 

continued urbanization of the United States has concentrated wealth in a relatively small portion 
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of the country. In 1980, 12 percent of Americans lived in metropolitan areas where the mean family 

income differed from the national average by more than 20 percent. In 2013, roughly one-third of 

Americans lived in such places, with some parts of the country having average incomes 50 percent 

higher than the national average. In effect, large sections of the country are experiencing economic 

decline while a small handful of cities have booming economies (5). This leads to a destructive 

cycle for regional inequality that effectively traps people in disadvantaged regions. Regions with 

booming economies and better-paying jobs often have a higher cost of living than regions with 

depressed economies, manifesting most prominently in housing prices. The result of this is that, in 

short, it is too expensive for people to move to better opportunities, and workers of different skill 

and income levels are sorted into different regions (6). There has been speculation that improving 

local job markets in depressed and more-rural regions could help to fill the regional divides (7). 

This dissertation will expand on that by analyzing the differences in resource accessibility between 

regions, providing insight into the deep economic differences between regions and how to allow 

for a more equitable transportation system. 

While the technological developments of recent decades have done much to bring people 

together like never before, they have also deepened existing inequities and, in some cases, created 

new ones. This is quite apparent in the areas of transportation and communications, but it has also 

become more prominent with recent major events. 

1.2. Transportation and Equity 

Transportation has a unique role in promoting or harming the level of equity in a 

community. A robust transportation network can allow people to get between any two points 

regardless of physical ability or vehicle ownership, but a sparse network may only benefit certain 

demographics or regions. Furthermore, transportation networks, like many large systems, produce 
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many externalities that may have significant effects on equity. The locations of key pieces of 

infrastructure may either promote equity or cause undue harm to specific demographics. 

1.2.1. Historical Background 

During most of the 20th Century, transportation networks were designed with network 

efficiency as the prime concern. As a result, transportation was planned with little regard to 

preserving local communities. Urban freeways were often routed through impoverished and 

nonwhite communities, both as a form of “urban renewal” to reduce undesirable development and 

concentrate the negative effects of construction in communities with little political influence. Rural 

freeways sometimes leveled entire villages because that was the most cost-effective option. The 

most notable examples of this are in the New York City metropolitan area, with the parkway and 

expressway system pushed by Robert Moses. It can be argued that few figures in New York history 

were more influential than Robert Moses, with both the physical and governmental landscapes of 

the state showing his mark even today. The parkway system, the first section of which opened in 

1908 with the Bronx River Parkway in Westchester County, was the first system of limited-access 

roads in the world and helped serve as a model for later expressway systems (8). 

Moses’s ascension to president of the Long Island State Parks Commission in 1924 allowed 

him to begin planning and constructing a system of limited-access highways on Long Island, which 

later became important commuter arteries. Notably, the entire parkway system features low 

bridges, which close associates of Moses claim were designed to prevent buses, and thus people 

not wealthy enough to own a car, from using the parkways. In 1934, he became chair of both the 

New York City Department of Parks and Triborough Bridge and Tunnel Authority, which gave 

him an immense amount of power to shape the city. Moses becoming chairman of the New York 

City Planning Commission in 1942 only increased his power, with which he planned a large park 
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and expressway system for the region. The most notorious parts of this plan which were 

constructed include the Brooklyn-Queens Expressway (Interstate 278) and Cross Bronx 

Expressway (Interstate 95), which tore through impoverished and minority neighborhoods and are 

known today as two of the most congested segments of freeway in the United States. Backlash 

from the earliest-constructed parts of the system forced much of the remainder to be cancelled, 

including the Mid-Manhattan, Bushwick, and Sheridan Expressways (9). 

1.2.2. Recent Issues 

In recent years, there has been a shift toward a strategy that considers the impact of 

development on surrounding communities. The environmental justice movement evolved out of 

the Civil Rights Movement in the 1960s, expanding the fight for racial equality beyond 

institutionalized racial discrimination and segregation to account for how the externalities of 

development, over the history of the United States, were unequally borne by nonwhite 

communities. “Environmental justice” became official United States Department of 

Transportation (USDOT) policy in 1994 under the Clinton administration, with each federal 

agency and subagency directed to identify and address (10). As defined by USDOT, 

“environmental justice” is “the fair treatment and meaningful involvement of all people, regardless 

of race, ethnicity, income, national origin, or educational level with respect to the development, 

implementation and enforcement of environmental laws, regulations and policies.” (11). Recent 

transportation projects have sought to minimize the negative effects on communities and to ensure 

that the benefits and negative effects are not unproportionally directed toward low-income or 

minority communities.  

While there has been much attention devoted to the inequities associated with freeway 

projects and other large pieces of transportation infrastructure there are other and more modern 
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examples of transportation-related inequity that, while not as prominent, also affect a large 

population. Ridesharing services, an important supplement to fixed-route public transportation, are 

only available in higher-density areas. The locations of rail stations can either cause a 

neighborhood to grow or let some regions be skipped over. Stores and other important services 

may only be accessible by private automobile, restricting access to those who own a car. 

Because of the many differences between communities, “one size fits all” solutions are 

rarely effective at solving the problem at hand. Furthermore, simple solutions to complex problems 

such as transportation equity are rarely effective. Each community needs tailored strategies for 

how equity can be improved without causing more negative impacts. 

1.3. E-commerce and Equity 

The rise of e-commerce has, in many ways, turned the processes by which people obtain 

goods upside down. Online shopping has meant that people can purchase goods on their computers 

with the click of a mouse and have them arrive within a few days. On the surface, this may appear 

to be an excellent development for the equity of obtaining goods and services: consumers can buy 

items from the comfort of home and need not travel to a store, especially if stores are located far 

away. Indeed, being able to ship goods anywhere around the world has made it easier to obtain 

products that were once limited to a certain region. But the effects of this have been unequal, with 

larger cities and wealthy communities reaping most of the benefits. 

E-commerce in particular ties into the increasing level of regional inequality in the United 

States and around the world. Due to economies of scale, e-commerce retailers have generally 

targeted their operations toward large metropolitan areas, which has only strengthened the urban-

rural divide many countries are seeing. In the largest cities, such as New York City and Los 

Angeles, one can place an order for an item online and have it delivered the next day or even the 
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same day, sometimes at no additional cost. Groceries can be delivered from many supermarkets 

and many restaurants deliver using third-party e-commerce services. Rural areas, which already 

have less access to stores and vital services, do not have the luxury of rapid home delivery and 

may need to wait several days to receive goods ordered online. Third-party local delivery services 

are generally nonexistent in rural areas and may not even be present in some suburban regions. 

Furthermore, this rise in e-commerce has resulted in an interdependence between the ability to 

travel and delivery services, which adds an additional and little-explored dimension to the problem 

of resource accessibility. 

1.4. COVID-19 Pandemic Impacts on Equity 

Possibly the biggest development to increase public awareness of inequality in recent 

decades is the COVID-19 pandemic, which has ravaged the world since early 2020. The pandemic 

threw economic inequality into the open, as certain segments of the population were affected far 

more than others. White collar workers have often been able to work from home long-term, but 

blue-collar jobs and those in certain industries, such as retail and services, cannot be performed 

from home, meaning that lower-paying jobs were more likely to be exposed to COVID-19 or be 

eliminated altogether due to pandemic restrictions. 

1.5. Research Needs 

A major gap in the current literature concerns methods by which one can systematically 

analyze and quantify the level of equity as it pertains to resource accessibility in a community. 

Resource accessibility has a major effect on quality of life and a region’s economic sustainability. 

While there has been a significant amount of qualitative analysis regarding inequity in resource 

accessibility, the minimal quantitative analysis is targeted, and general methodological approaches 
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are nonexistent. The strong correlation between in-person and remote resource accessibility is 

severely underexplored, especially as online shopping becomes more common.   
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2. OBJECTIVE, SCOPE, AND LIMITATIONS 

The main objective is to create a methodological approach that allows for systematic 

analysis and assessment of equity in how people obtain goods. Recent developments in e-

commerce have significantly changed the ways by which people obtain goods and, because of this, 

new research is necessary to account for the changes which have become a part of modern life. 

The main contribution of this dissertation will thus be a methodology to assess the resource 

accessibility in a region that considers the impact of new developments, particularly online 

shopping. Currently, there is little research assessing equity in online shopping accessibility, so 

this dissertation is indented to fill that gap. The focus will be on goods and how people obtain 

them. 

While this dissertation will utilize data collected during the COVID-19 pandemic, it is 

stressed that there will not be a focus on crisis conditions or disasters. Disaster logistics is a large 

field of study that will not be addressed in this thesis, nor does the author intend for this analysis 

to be used for disaster response.  
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3. LITERATURE REVIEW 

3.1. Equity 

 “Equity” is a term that has many different meanings depending on how it is used. In this 

dissertation, the focus will be on the economic definition of equity, which is the idea of fairness. 

Woolridge and Gooden summarized the evolution of social equity in a 2009 paper (12). A Theory 

of Justice, written by John Rawls in 1971, developed a principle of justice as “fairness” in which 

“each person is to have an equal right to the most extensive basic liberty compatible with a similar 

liberty for all”. According to Rawls, government can equalize the distribution of economic and 

social benefits (13). In a 2005 essay, Frederickson wrote that “It was during the 1960s that it 

became increasingly evident that the results of governmental policy and the work of public 

administrators implementing those policies were much better for some citizens than for others”. 

Initially, according to Frederickson, equity referred to fairness, justice, and equality with respect 

to race and gender. Over the years, the definition of equity was expanded to cover ethnicity, sexual 

orientation, mental and physical conditions, language, and economic standing. To highlight this 

broader definition of equity, the terms “multiculturalism” and “diversity” are frequently used as 

synonyms (14). The discussion in this section will again be split into one of four categories: equity 

as it pertains to food accessibility, transportation, and communications accessibility, as well as 

how equity in resource accessibility can be evaluated. 

3.2. Accessibility to Resources 

3.2.1. Definition 

Accessibility to resources is an important consideration, but an idea that requires a clear 

definition. Hansen (1959) defines accessibility as “the potential of opportunities for interaction”. 

Generally, accessibility could be defined as “a measurement of the spatial distribution of activities 
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about a point, adjusted for the ability and the desire of people or firms to overcome spatial 

separation” (15). Wachs and Kumagai (1973) stated that “accessibility is perhaps the most 

important concept in defining and explaining regional form and function”. They further explain 

that a location’s accessibility determines its value, potential uses, and development that can take 

place in that location, and that accessibility is highly correlated with the amount and quality of 

travel in a region. Because of this, large travel expenses lead to poorer services and availability of 

goods (16). In this review, literature related to resource accessibility will be presented in four 

general sections: retail stores, home delivery, communications technologies, and measurement of 

accessibility. 

3.2.2. Stores 

Possibly the most discussed topic in resource accessibility is accessibility to retail stores. 

While the literature here is far too numerous to list in entirety, some key points will be highlighted. 

Several studies have found that accessibility to retail is highly correlated with income or proxies 

for income, such as food stamp use and housing prices (17-20). Song and Sohn (2007) and Jang 

and Kang (2015) found a positive correlation between retail accessibility and home value, meaning 

that low-value homes were unlikely to be located near stores (18; 19). Widener et al. (2017) found 

that accessibility to retail stores is highly sensitive to the availability of transportation services, 

such as transit (21). Sharkey et al. (2009) noted that lower accessibility is correlated with higher 

deprivation and thus major negative impacts to quality of life (22). A major shortcoming in this 

area is that previous studies tend to focus on income or economic status, with little consideration 

to gender, race, mobility restrictions, or other potential factors that may be linked to accessibility. 

Accessibility to new service forms, such as curbside pickup and mobility as a service, have not 

been studied, while very few studies have considered accessibility to non-food retail. 
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3.2.3. Home Delivery 

Several studies have shown that there is a large amount of inequity when it comes to home 

delivery. Rural homes do not have the same accessibility to delivery services that people in urban 

and suburban areas take for granted (23-25). The discrepancy here is linked to economics of scale. 

A 2016 report by McKinsey & Company on the current state and future of parcel delivery noted 

that rural deliveries are very costly for carriers due to long distances, making specified time 

windows and same-day delivery nearly impossible (23). Most of the existing literature concerning 

equity related to home delivery focuses on the urban-rural divide. While this divide is important, 

there has been little consideration of the differences between neighborhoods in a city or between 

regions. A 2017 article on Racked.com noted that, while city residents could get free 1- or 2-day 

delivery for a wide assortment of items, rural residents were lucky to receive free one-week 

delivery (24). Schmid and Wang noted in a 2019 presentation to the Transportation Research 

Board Annual Meeting that, according to the 2017 National Household Travel Survey, urban 

residents received significantly more deliveries than rural residents (26). The rural delivery 

landscape will likely see major changes in the coming years, as Amazon announced that sellers 

would be required to provide 2-day shipping to anywhere in the contiguous United States in 

Summer 2020. While the effects of this policy, which went into effect at the beginning of February 

2021, are currently unknown, it is likely that major changes to the rural home delivery landscape 

will result (27). 

3.2.4. Communications Technology 

Communications technologies add an interesting wrinkle to resource accessibility because, 

while they are themselves a resource, these technologies also impact accessibility to other 

resources. The past few decades have seen major advances in communications technology, but 
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these advances have not been equal. Studies in the United States, Germany (Meyn (2020)) and 

Scotland (Velaga et al. (2012)) have shown that applications of new communications technology 

around the world have focused on urban areas (28; 29). As a result of this, rural residents have 

lower internet adoption rates than urban residents (28-30). The current regulatory situation may 

perpetuate these differences. Currently, internet service providers (ISPs) or customers must 

shoulder the installation cost for broadband internet infrastructure. Rural areas have a small 

number of potential customers relative to the revenue ISPs may receive from operating broadband 

service in these areas, so there is little incentive for ISPs to expand their service territory (28). The 

urban-rural inequity is compounded by income and education levels. Carlton and Gross (2016) 

show that, while high-income and high-education rural residents tend to have internet adoption 

rates near those of urban residents, low-income and low-education rural residents have far lower 

adoption rates than their urban counterparts (30), as high-income families are able to afford a 

dedicated fiber-optic line or expensive alternatives such as satellite internet connections. 

The literature around equity related to communications accessibility leaves much to be 

desired. Studies on communications accessibility, particularly in rural areas, tend to rely on basic 

statistics, such as proportions of individuals with internet access across different demographics. 

Urban and rural areas are compared in general terms, with little consideration of regional 

differences beyond “urban” and “rural”. Current research does not get into many of the specific 

details that affect urban or rural internet accessibility and how these details may differ based on 

location. 
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3.3. Equity in Resource Accessibility 

3.3.1. Food 

Equity in accessibility to food is a commonly-studied area within resource accessibility 

research. In both the United Kingdom (Guy et al. (2004) and Shaw et al. (2006)) and the United 

States (Gordon et al. (2011)), food accessibility is generally higher in high-income regions (31-

33). This disparity has increased in recent years, with Guy et al.’s study noting that, although 

overall accessibility in the Cardiff, Wales study area had increased since 1980, accessibility to 

food had decreased in some deprived areas over the same time period (31). Accessibility to food 

is generally evaluated using spatial analysis, such as by determining the number of food stores in 

an area and ranking regions (Shaw et al. (2006)), or by creating a composite index based on 

distances from a point to stores (Gordon et al. (2011)) (31; 33). A major shortfall with current 

research in food accessibility is the focus on urban areas. While many people think of poor food 

accessibility as an urban problem, a growing number of rural communities lack food stores, 

requiring long travel distances to obtain healthy food. 

3.3.2. Transportation 

There has been much research into the equity of transportation. Most of this research has 

focused on public transit, particularly in urban areas. A study of urban transportation equity in the 

United States by Bullard et al. in 2003 indicated that all communities do not have equal access to 

transportation, with racial/ethnic minorities and the impoverished frequently having less access 

(33). Many of these discrepancies hold true across international borders. Owen et al. found in a 

2012 study of rural England that poor transport access in rural regions was a contributor to 

economic hardship (34). There is also the issue of different occupations having different transit 

needs. In a 2016 study of low-wage workers in the Toronto metropolitan area, Legrain et al. found 
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that workers in different occupations use transit at different rates while controlling for other 

variables, indicating that job-related factors may be impacting transit use (35). New technologies 

have introduced additional issues as it pertains to equity in transportation. With rideshare services, 

such as Uber and Lyft, there have been allegations that these services have been discriminating 

against certain users by assigning higher fares to certain origin or destination points. A 2020 study 

by Pandey and Caliskan analyzed rideshare fares in Chicago, discovering that users with an origin 

or destination in minority, low-income, low-education, or younger neighborhoods may be paying 

more than other users, possibly due to algorithmic bias (36). 

3.3.3. Communications 

With the increasing importance of communications in society, there has been heightened 

interest in equity concerning access to modern communication technology. The National Digital 

Inclusion Alliance defines digital equity as “a condition in which all individuals and communities 

have the information technology capacity needed for full participation in our society, democracy 

and economy” (37). Technology is especially important to consider when analyzing the equity of 

resource availability, as accessibility to technology is becoming the key factor in resource 

accessibility as resources themselves move virtual. However, accessibility to communications 

technology is an endogenous variable, making it difficult to observe directly, as technology itself 

is affected by socioeconomic and spatial factors. 

Several recent studies have investigated digital equity. It is often postulated that low-

income students around the world have lower access to internet-based learning. This was supported 

by a 2016 study of the home computer use of students in Hong Kong by Yuen et al, which showed 

that, even though students from low-income families spend much time on the internet, they do not 

have the resources available to property utilize internet-based learning (38). Individuals with 
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disabilities are another group of people with decreased internet access. A 2017 analysis of internet 

accessibility for disabled individuals in the European Union by Scholz et al. found that, not only 

are disabled individuals significantly less likely to have internet access than normally-abled 

people, disabilities are often comorbid with other factors that impact internet accessibility. 

Furthermore, the benefits that internet access provides to many are not as pronounced for disabled 

individuals, suggesting that more e-accessibility measures are needed (39). It is commonly 

believed that older adults are less skilled in using the internet. A 2019 study by Hargiatti et al. 

showed that, while older Americans are less skilled than younger demographics, there is much 

variability. While education and income are positively correlated with internet skills and 

accessibility among most age groups in the United States, this effect is especially pronounced 

among older Americans, suggesting that more efforts are necessary to increase internet 

accessibility to low-income and low-education groups (40). 

3.4. Methodology 

To assess accessibility to resources, several different measurement strategies are available 

to practitioners. Transport Planning with Accessibility Indices in the Netherlands categorizes 

accessibility indices into four categories: infrastructure-based measures, location-based measures, 

utility-based measures, and person-based measures. Infrastructure-based measures, which evaluate 

accessibility based on the transportation network, include the access cost indicator and public 

transit connectivity index. Location-based measures, which evaluate accessibility based on 

distance to an origin or destination, include gravity models, the cumulative accessibility measure, 

and potential accessibility measure. Utility-based measures, which evaluate accessibility based on 

economic welfare benefits, include the logsum measure. Person-based measures, which evaluate 
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accessibility based on the activities an individual can participate in, consider the spatial and 

temporal feasibility of opportunities (41). 

There are varied strategies that have been used for specific applications of resource 

accessibility. Accessibility to retail stores is generally measured using a gravity model, as in Jang 

and Kang (2015) (19), or by calculating average travel distances or travel times to retail stores, as 

in Sharkey et al. (2009), Widener et al. (2017), and Racine et al. (2018) (20-22).  

Currently, literature to assess accessibility to online shopping is virtually nonexistent, 

instead focusing on proxy measures. However, it is known that there are complex influences to a 

person’s decision to shop online, some of which cannot directly be measured. For this reason, 

latent variable modeling will be utilized. Latent variable modeling is a category of techniques that 

allow one to use a variable which cannot directly be measured. Structural equation models (SEMs) 

are a set of methods which combine a measurement model that defines latent variables in terms of 

at least one observable variable with a structural model that estimates relationships between latent 

variables. Often, the various parts of a structural equation model are estimated with traditional 

regression methods (42). In these cases, an SEM with one dependent variable and no latent 

variables reduces to a simple regression model. SEMs are used widely in the social sciences, as 

they can create a cause-effect linkage between variables of interest. There are valid criticisms of 

the method, such as potential issues with interpretation that require careful analysis on the part of 

the researcher, but the benefits of SEMs greatly outweigh the pitfalls (43). 

Most of the studies referenced above focus on a single metric to assess equity. However, 

equity is rarely one-dimensional, and the impacts of a certain dimension may differ by region. For 

these reasons, one needs to consider multiple criteria when assessing the equity of resource 

accessibility. Multicriteria decision-making frameworks are necessary to combine multiple aspects 
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to comprehensively assess resource accessibility in terms of transportation. Several researchers 

have proposed methods for multicriteria analysis. Kopytov and Abramov used the analytic 

hierarchy process (AHP) to evaluate alternatives for multimodal freight transportation routes (44). 

Moslem and Çelikbilek combined AHP with Multi Objective Optimization Method by Ratio 

Analysis (MOORA) to evaluate public transit using multiple criteria (45). Żak and Kruszyński 

combined AHP with the ELECTRE (Elimination and Choice Translating Reality) method to rank 

urban transportation projects on several criteria (46). Awasthi et al. used a fuzzy procedure they 

termed the “Technique for Order Preference by Similarity to Ideal Solution” (TOPSIS) to rate 

sustainable systems and recommend the best alternative (47). However, TOPSIS cannot determine 

importance of individual criteria on its own. To account for this deficiency, researchers have 

combined TOPSIS with other methods. Shelton et al. combined AHP and TOPSIS to rank the 

prioritization of transportation projects (48). Zafri et al. used the Constant-Sum Paired-Comparison 

Method (CSPCM) to identify the weight of criteria, then using TOPSIS as a second stage to 

quantify the accessibility to rural market facilities (49). Ding et al. later adapted this method to 

quantify cargo cycle accessibility and the feasibility of cargo cycle use in New York City (50). 

This approach combining CSPCM and TOPSIS will be utilized in this dissertation as a ranking 

method and will be described in detail later. 

3.5. Resource Accessibility Policy 

While past research has looked at accessibility to various resources, policies to implement 

solutions to resource accessibility inequity are another issue altogether. These policies are often 

piecemeal and targeted to specific demographic areas, often depending on local government or 

nonprofit groups to either allocate funds or create policy. 
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Many researchers and governments have focused on the topic of food accessibility and, as 

such, there are many policies and programs in place around the United States that attempt to 

increase accessibility to fresh and healthy food. Most of these focus on urban areas. In New York, 

government policies have mostly focused on New York City. The Food Retail Expansion to 

Support Health (FRESH) program to improve food options in low-income communities in New 

York City. FRESH provides tax incentives to full-line supermarkets opening in the city based on 

potential impact on the surrounding community. Since beginning in 2009, 28 projects have been 

funded through FRESH (51). Many other cities nationwide, such as Baltimore (52) and 

Washington, D.C. (53), offer tax credits for construction of supermarkets in food deserts. In New 

York’s Capital Region, Capital Roots is a nonprofit that provides fresh food to convenience stores 

in neighborhoods that lack supermarkets, improving accessibility without government intervention 

(54). On the federal level, H.R.4687 was introduced in July 2021 to modify federal tax code to 

encourage construction of new supermarkets in underserved areas using federal tax incentives. 

This bill is currently stuck in committee (55). Though many policies and organizations exist across 

the country, many locations are not covered by these initiatives and this is likely to continue unless 

federal action is taken. 

Rural communities are a unique problem when it comes to food access. Not only is there a 

lack of existing businesses that could be supported to promote accessibility, but the potential profit 

for new businesses may be lower due to a smaller customer base and larger travel distances. A 

2007 article noted that, as rural areas are depopulated, many are becoming food deserts. This is of 

particular concern in the Great Plains, where settlements large enough to support modern 

supermarkets are rare and many counties are food deserts. Potential solutions listed by the authors 

include selling locally-produced food, improving access to federal nutrition programs in rural 
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areas, and improving transportation to larger food retailers (56). In a 2018 paper, Cleary et al. 

noted that food deserts are often correlated with lack of demand, with 46% of rural counties in the 

United States not bordering a large urban center having zero large supermarkets. 25% of 

nonmetropolitan counties bordering a larger urban center lacked large supermarkets. The 

researchers generated models to estimate the population able to support a supermarket without 

subsidy, with the intent to estimate the subsidy required for a supermarket to open (57). Generally, 

there is a lack of policy related to rural food access, with most policy related to promoting 

consumption of healthy food. 

In recent years, there has been additional attention devoted to the lower rates of high-speed 

internet access and mobile phone coverage in rural communities and policies have been created to 

improve accessibility. The Infrastructure Investment and Jobs Act, signed into law in 2021, 

allocates approximately $65 billion to increasing rural broadband access in the United States and 

improving federal broadband discount programs. This law also requires the Federal 

Communications Commission to create rules banning “digital redlining”, or refusal to build 

infrastructure or provide service in regions deemed to be unprofitable (58). An additional $550 

million was earmarked for the Rural Utilities Service to improve rural broadband service in March 

2022 (59). It is too early to know if this federal funding will make a significant impact on rural 

internet service. 

The needs in policy are staggering and, due to the scope of what is necessary, all will not 

be addressed by this dissertation. Policy to increase accessibility to important resources in rural 

areas, particularly after the departure of retailers from communities, is nonexistent. Additionally, 

policy tends to focus on food and medications, ignoring the other important supplies and resources 

people need access to.  
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4. METHODOLOGY 

4.1. Flowchart 

The methodology that will be followed in this dissertation has three distinct steps, each 

with different procedures that will be followed. Figure 1 illustrates the process that will be followed 

as part of this dissertation’s methodology. 

 
Figure 1: Methodology Flowchart 

4.2. Quantification of Resource Accessibility 

A key part of assessing resource accessibility is quantifying the factors that affect resource 

accessibility, both for in-person and online activities. In-person shopping and online shopping will 

be modeled separately, but with similar model structures. Since the model structures are identical, 

they will be described concurrently. 

In-person shopping is a topic that has been studied often, but rarely fleshed out to consider 

the many influencing factors. People may decide to visit stores because they enjoy visiting stores, 

need to purchase items frequently, or because they can easily access stores. Similarly, people may 

choose to make few shopping trips because they dislike shopping, rarely need to purchase items, 

or lack the means to access stores easily and quickly. As this dissertation is concerned with 
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accessibility, we need to isolate the impact of accessibility on shopping trips from the impact of 

personal preferences. 

Online shopping is a complex process to model due to the myriad factors involved. Unlike 

in-person shopping, which has a high reliance on how easy it is for a person to get to a physical 

store, online shopping frequency can be the result of many things. Previous studies have shown 

that people who are more tech-savvy are more likely to shop online, as are the highly-educated. 

Conversely, senior citizens tend to be less likely to shop online. The demographic and personal 

preference aspects of online shopping have been studied well, but the spatial accessibility aspect 

remains underexplored. Even though many believe that online shopping is a “great equalizer” 

when it comes to spatial equity, there is evidence to believe that the opposite is true, but existing 

methodology does not account for the spatial aspect of accessibility. 

Previous research into online shopping has indicated that there are multiple influences for 

whether somebody shops online. In some cases, people choose to (or choose not to) shop online 

because of personal preference. In other cases, people base their online shopping activity on their 

accessibility to online shopping. The impact of personal preference on online shopping is even 

more apparent during the COVID-19 pandemic, as many consumers explicitly stated that they 

have increased their online shopping frequency in response to the pandemic. To determine the 

impact of accessibility on one’s online shopping frequency, accessibility needs to be isolated from 

personal preference. 

To isolate accessibility from personal preference, a structural equation model allows for 

the contributions of accessibility and personal preference to in-store frequency to be considered 

separately. The structural equation model will model shopping trips as a function of two latent 

variables: personal preference and accessibility. “Personal preference” will include items such as 
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opinions about shopping, tech-savviness, and concern about the COVID-19 pandemic. 

“Accessibility” will include demographics and location factors. 

Stata 17 provides the capability to estimate a generalized structural equation model 

(GSEM), which allows for a variety of nonlinear dependent variables. Shopping trips, being a set 

of non-negative integers, are best modeled by a count data regression, such as the negative 

binomial regression available in a GSEM. Different formulations will be tested to determine the 

important variables for not only different item types, but also changes due to the COVID-19 

pandemic that may influence shopping patterns in the future and highlight necessary 

improvements. 

To isolate accessibility from personal preference, a structural equation model allows for 

the contributions of accessibility and personal preference to in-store frequency to be considered 

separately. The structural equation model will model shopping frequency, either in person or 

online, as a function of two latent variables: personal preference and accessibility. “Personal 

preference” will include items such as tech-savviness, opinions about online shopping, and 

concern about the COVID-19 pandemic. “Accessibility” will include demographics and location 

factors. A diagram showing the structure of the latent variable model is shown in Figure 2. 

 

Figure 2: Latent Variable Model 
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In Figure 2, the negative binomial regression is defined as: 

 𝑆ℎ𝑜𝑝𝑝𝑖𝑛𝑔 𝐹𝑟𝑒𝑞𝑢𝑒𝑛𝑐𝑦 ~ 𝑃𝑜𝑖𝑠𝑠𝑜𝑛(𝜇∗) (1) 

 𝜇∗ = exp(𝛽0 + 𝛽1 × 𝑃𝑒𝑟𝑠𝑜𝑛𝑎𝑙 𝑃𝑟𝑒𝑓 + 𝛽2 × 𝐴𝑐𝑐𝑒𝑠𝑠𝑖𝑏𝑙𝑖𝑡𝑦 + 𝑜𝑓𝑓𝑠𝑒𝑡 + 𝜈) (2) 

 𝑒𝜈 ~ 𝐺𝑎𝑚𝑚𝑎(1/𝛼, 𝛼) (3) 

Where 𝛽1 and 𝛽2 are coefficients, 𝛽0 is an intercept term, 𝛼 is an overdispersion parameter, and 

shopping frequency, either online or in person, is a non-negative integer. To reduce clutter, 

Equations 1-3 do not show the error terms associated with both personal preference and 

accessibility. Shopping frequency follows a Poisson distribution modified by overdispersion 

parameter 𝛼. The latent variables for both personal preference and accessibility are calculated 

using simple linear regressions: 

 𝑃𝑒𝑟𝑠𝑜𝑛𝑎𝑙 𝑃𝑟𝑒𝑓 = 𝛽0 + 𝛽1𝑇𝑒𝑐ℎ𝑃𝑟𝑒𝑓 + 𝛽2𝑆ℎ𝑜𝑝𝑃𝑟𝑒𝑓 + 𝛽3𝐶𝑂𝑉𝐼𝐷𝐶𝑜𝑛𝑣𝑒𝑟𝑛 (4) 

 𝐴𝑐𝑐𝑒𝑠𝑠𝑖𝑏𝑖𝑙𝑖𝑡𝑦 = 𝛽0 + 𝛽1𝐷𝑒𝑚𝑜𝑔𝑟𝑎𝑝ℎ𝑖𝑐𝑠 + 𝛽2𝐿𝑜𝑐𝑎𝑡𝑖𝑜𝑛 (5) 

To reduce clutter, Equations 4 and 5 do not show the error terms associated with every independent 

variable. These error terms add a large amount of complexity to the structural equation model that 

is represented in Figure 2. 

4.3. Multicriteria Ranking 

The author sees three major gaps in existing literature on equity in resource accessibility. 

Existing literature tends to focus on not only urbanized areas, but also in-person shopping. 

Additionally, existing literature generally focuses on a small selection of metrics to assess 

accessibility, even though there is evidence that myriad factors influence activity patterns. For 

these reasons, a multicriteria method which can not only consider several items but also be scalable 

and adaptable to regions of all sizes is necessary. 
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The author proposes to use a multicriteria ranking method to combine several indicators of 

resource accessibility into a single indicator. By combining the Constant-Sum Paired-Comparison 

Method (CSPCM) to calculate weights for various criteria with a Technique for Order Preference 

by Similarity to Ideal Solution (TOPSIS) approach to quantify accessibility in relative terms, it is 

possible to create a composite index which allows users to quickly identify regions with good and 

poor resource accessibility. Criteria will consist of factors that are determined to be influential 

indicators of resource accessibility. This framework will have two general parts, explained as 

follows (49; 50). 

4.3.1. CSPCM 

The first part of this method is the CSPCM, which generates the weights for each criterion. 

An 𝑁 × 𝑁 comparison matrix, designated C, is constructed. N is the number of criteria being 

considered. Each element 𝐶𝑛𝑛′ of the matrix represents the relative importance of the criterion at 

row n to the criterion at column 𝑛′. Each element 𝐶𝑛𝑛′ is filled by comparing each pair of criteria 

to determine relative importance on a scale of 1 to 9. 1 indicates that two criteria are equal 

importance, while 9 indicates that one criterion is far more important than the other. The 

comparison matrix can be determined using expert judgement. The normalized weight of each 

criterion is then: 

 
𝑤𝑛 =

∑ 𝐶𝑛𝑛′
𝑁
𝑛′=1

∑ ∑ 𝐶𝑛𝑛′
𝑁
𝑛′=1

𝑁
𝑛=1

 (6) 

Where 𝑤𝑛 is the normalized weight of criterion n with a value between 0 and 1. The sum of all 𝑤𝑛 

is 1. 

The CSPCM procedure will be repeated several times to generate several sets of weights. 

These weights will place various levels of importance on accessibility to certain types of goods. 
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For example, one set of weights may weight accessibility to each type of goods equally, while 

another may place increased importance on groceries. 

4.3.2. TOPSIS 

The second part of this method is the TOPSIS, which generates an accessibility index. The 

TOPSIS procedure begins with generation of a 𝑀 × 𝑁 decision matrix, designated D, which 

contains the calculated criterion value for each alternative 𝑑𝑚𝑛. m represents the alternative, while 

n represents the criterion. This decision matrix D is then normalized, which creates the matrix X 

with cell values 𝑥𝑚𝑛, such that: 

 
𝑥𝑚𝑛 =  

𝑑𝑚𝑛

√∑ 𝑑𝑚𝑛
2𝑀

𝑚=1

 
(7) 

Where 𝑥𝑚𝑛 is the normalized value of criterion n for alternative m. Next, the weighted normalized 

criterion value of criterion n for alternative m is calculated: 

 𝑦𝑚𝑛 = 𝑥𝑚𝑛 × 𝑤𝑛 (8) 

Where 𝑦𝑚𝑛 is the weighted normalized value of criterion n for alternative m.  

From here, the positive ideal solution and negative ideal solution are derived. When 

criterion n represents costs, the negative ideal solution is 𝑣𝑛
− = 𝑚𝑎𝑥{𝑦𝑚𝑛, 𝑚 = 1,2, … , 𝑀} and the 

positive ideal solution is 𝑣𝑛
+ = 𝑚𝑖𝑛{𝑦𝑚𝑛, 𝑚 = 1,2, … , 𝑀}. When criterion n represents benefits, 

𝑣𝑛
− = 𝑚𝑖𝑛{𝑦𝑚𝑛, 𝑚 = 1,2, … , 𝑀} and 𝑣𝑛

+ = 𝑚𝑎𝑥{𝑦𝑚𝑛, 𝑚 = 1,2, … , 𝑀}. Next, the distance l from 

each alternative to the negative/positive ideal solutions is calculated: 

 

𝑙𝑚
− = √∑ (𝑦𝑚𝑛 − 𝑦𝑛

−)2
𝑁

𝑛=1
 (9) 
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𝑙𝑚
+ = √∑ (𝑦𝑚𝑛 − 𝑦𝑛

+)2
𝑁

𝑛=1
 (10) 

From here, one can calculate the relative distance to the ideal solutions of each alternative m. The 

𝑟𝑚 are subject to range (0,1). If 𝑙𝑚
− = 0 with a large 𝑙𝑚

+ , 𝑟𝑚 = 0. If 𝑙𝑚
+ = 0 with a large 𝑙𝑚

− , 𝑟𝑚 = 1. 

 
𝑟𝑚 =

𝑙𝑚
−

𝑙𝑚
− + 𝑙𝑚

+  (11) 

The relative distance 𝑟𝑚 is an overall assessment of resource accessibility. A larger 𝑟𝑚 indicates 

that a location has better resource accessibility, with potential values of 𝑟𝑚 ranging from 0 to 1. 

Locations can then be ranked to identify which are most in need of accessibility improvements. 

4.4. Policy Proposals 

Once metrics are generated, it is important to examine how any changes or improvements 

may affect these metrics and thus accessibility. The results of the ranking will be used to propose 

policies that could be used to improve accessibility in regions facing low accessibility to shopping. 

These policies should be targeted for each specific region facing accessibility issues using 

knowledge of the local conditions. 
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5. DATA COLLECTION 

5.1. Survey Procedure 

In this dissertation, data collected by the author will be utilized. This data was collected as 

part of a project to determine the impacts of COVID-19 on travel, activities, and consumer supply 

chains will be utilized and had two distinct rounds of data collection. Additionally, two surveys 

were written to determine the impacts of COVID-19 on travel, activities, and consumer supply 

chains. The first round of this survey was conducted in May and June 2020 and consists of 938 

complete observations, while the second round of this survey, conducted in November 2020, 

contains 468 complete observations. Data collection for all surveys was stratified to ensure that all 

demographics and regions of the country were represented, with oversampling of some low-

population regions (60). Data from the second round of the survey will be utilized for this 

dissertation, with the full survey form located in Appendix A. ZIP Code demographic data was 

obtained from the United States Census Bureau (61-65). 

5.2. Survey Results 

5.2.1. Overview 

In the following sections, results from the survey relevant to this dissertation are presented. 

These results are presented in three groups: shopping frequency, attitudinal variables, and 

demographics. 

5.2.2. Shopping Frequency 

Table 1 shows the deliveries reported per month for each of the five types of goods 

considered. 
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Table 1: Deliveries by Type and Time Period 

Delivery Type Time Period Mean Std. Dev.

Before Pandemic 0.3961 1.2353

During Pandemic 1.0000 2.0340

After Pandemic 0.6494 1.5032

Before Pandemic 0.8874 1.8975

During Pandemic 1.3810 3.0494

After Pandemic 0.9870 2.2125

Before Pandemic 0.3658 1.1748

During Pandemic 0.7013 1.9552

After Pandemic 0.5606 1.5877

Before Pandemic 0.2446 0.9041

During Pandemic 0.3658 1.1931

After Pandemic 0.2922 0.9233

Before Pandemic 1.3182 1.9845

During Pandemic 1.8420 2.9063

After Pandemic 1.4740 2.2967

Grocery

Prepared Food

Home Goods

Medical Supplies

Other Goods

 

Survey results for home deliveries during the COVID-19 pandemic generally agreed with other 

surveys and media reports about the topic. All types of goods saw increased home delivery 

frequency during the pandemic when compared to the pre-pandemic condition, with the increase 

largest for groceries and home goods. Deliveries are expected to decrease after the pandemic, but 

are still likely to be significantly higher than pre-pandemic deliveries for all item types. 

Table 2 shows the trips reported per month for each of the four trip types considered.  
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Table 2: Trips by Type and Time Period 

Trip Type Time Period Mean Std. Dev.

Before Pandemic 8.0628 6.5857

During Pandemic 4.8918 5.8476

After Pandemic 6.7749 6.0116

Before Pandemic 5.6061 6.8487

During Pandemic 2.7836 4.9180

After Pandemic 4.5541 6.0647

Before Pandemic 4.1797 4.7681

During Pandemic 1.2706 2.7820

After Pandemic 3.5801 4.4961

Before Pandemic 5.5216 5.5283

During Pandemic 1.0606 2.6542

After Pandemic 4.4589 4.8996

Grocery 

Stores

Convenience 

Stores

Retail 

(Other)

Restaurants

 

In many ways, the effect of the COVID-19 pandemic on trips is a mirror image of its effect on 

home deliveries. For all cases, trip counts decreased significantly during the pandemic when 

compared to the pre-pandemic condition, often to well under 50%. Some post-pandemic rebound 

was expected by respondents, but in no case are trips expected to meet or exceed the pre-pandemic 

condition, reinforcing the idea of a shift from in-person trips to home delivery. 

5.2.3. Attitudinal Variables 

To assess the impact of personal preferences on shopping frequency, a series of questions were 

asked to determine how much respondents agreed or disagreed with a statement. A response value 

of 1 indicated “strongly disagree”, 3 indicated “neutral”, and 5 indicated “strongly agree”. From 

these responses, latent variables representing personal preferences were generated. Table 3 shows 

responses for the measurement variable questions. 
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Table 3: Measurement Variables 

Measurement Variable Mean Std. Dev. Min Max

Early Tech Adopter 3.2597 0.9969 1 5

Autonomous Vehicle Opinion 3.4134 1.3728 1 5

Likes New Technology 2.8831 1.1917 1 5

Bargain Seeker 4.4762 0.6300 2 5

Sale Shopper 2.7944 1.0949 1 5

Social Distancing 4.3658 0.7832 1 5

Used Low-Contact Methods 3.3506 1.2739 1 5

Avoid Leaving Home 3.3615 1.0842 1 5  

The first three measurement variables, “Early Tech Adopter”, “Autonomous Vehicle Opinion”, 

and “Likes New Technology”, measure respondent feelings toward technology. Generally, 

respondents were slightly more likely to agree that they were early adopters of technology and 

willing to ride in an autonomous vehicle. Curiously, respondents also indicated that they were 

slightly more likely to disagree with liking new technology. The next two measurement variables, 

“Bargain Seeker” and “Sale Shopper”, measure a person’s sensitivity to sales and bargains. 

Respondents were very likely to say that they liked finding bargains, but were not particularly 

likely to say that they tried to shop based on sales. The final three measurement variables, “Social 

Distancing”, “Used Low-Contact Methods”, and “Avoid Leaving Home”, measure respondent 

reaction to the COVID-19 pandemic. Respondents were very likely to indicate that they practiced 

social distancing, but more-involved measures were more mixed. 

5.2.4. Demographics 

Respondents had a median age of 39 and a mean age of 43.3, with a standard deviation of 

14.4. Respondent ages ranged from 18 to 84. 47.0% of respondents were female. 82.5% of 

responses identified as white only, 7.6% identified as Black only, 4.8% identified as Asian only, 

and 5.2% identified as another race or multiple races. 8.0% of respondents of all races were 

Hispanic. 1.1% of respondents had an education level of “less than high school graduate”, 29.9% 
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were “high school graduate”, 21.2% were “associate’s degree”, 32.9% were “bachelor’s degree”, 

and 14.9% were “graduate degree”. The mean household size of respondents was 2.77, while the 

mean number of vehicles per household was 1.75. The median respondent had a household income 

between $50,000 and $74,999, which is the income range containing the 2020 United States 

median household income of $67,521. 46.5% of respondents had a household income below 

$50,000, 40.9% had a household income between $50,000 and $99,999, and 12.6% had a 

household income of $100,000 or higher. Generally, respondents were more likely to be male, 

highly-educated, and non-Hispanic white than the national population. To account for differences 

between sample demographics and the national population, responses were weighted by age, 

gender, income, and education level. 

While the characteristics of survey respondents are influential, characteristics of the 

surrounding region are more important to consider when analyzing one’s accessibility to shopping. 

On average, ZIP Codes home to respondents had a racial composition of 76.1% white, 11.6% 

Black, 4.8% Asian, and 7.6% multiracial or some other race. Hispanic residents of any race made 

up 13.9% of residents of these ZIPs and the mean median household income was $63,113, slightly 

below the national median. The mean population density of respondent ZIP Codes is 3944 

persons/square mile with a very large range of 3.14 persons/mi2 to 125859 persons/mi2.  

A key factor correlated with accessibility to various types of goods is the presence of 

retailers selling those goods near a person. Table 4 lists the mean densities of various types of retail 

establishments in respondent ZIP Codes. All values are in units of locations per square mile. 
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Table 4: Respondent Retail Density Summary Statistics 

Retail Type Mean Std. Dev. Min Max

Grocery Stores 3.9327 16.3004 0 139.1971

Convenience Stores 0.6626 0.9681 0 8.6236

Other Retail 25.0599 147.1910 0 1995.1580

Restaurants 21.1587 106.7100 0 1221.8410  

Unsurprisingly, the density of retail stores in one’s ZIP Code varies greatly. Dense urban 

ZIPs may have many locations in a small area, while rural ZIPs may have few or zero stores. 

Respondent ZIP codes have an average of 3.93 grocery stores per square mile, 0.66 convenience 

stores per square mile, 25.1 other retail stores per square mile, and 21.2 restaurants per square 

mile. 

5.3. Survey Results Analysis 

The travel surveys conducted to determine effects of the COVID-19 pandemic revealed 

some striking differences in travel and shopping patterns based on demographics and location. 

Figure 3 shows total shopping trips based on population density and Figure 4 shows total home 

deliveries based on population density. Both graphs show trips or home deliveries before, during, 

and expectations for after the COVID-19 pandemic. 

 
Figure 3: Monthly Shopping Trips by ZIP Code Population Density 

28.0

10.5

22.3 22.8

9.6

18.4

22.1

10.3

18.9

25.8

9.2

22.6

0.0

5.0

10.0

15.0

20.0

25.0

30.0

Before During After Before During After Before During After Before During After

<100 100-999 1000-9999 10000+

Tr
ip

s/
M

o
n

th

Population Density (persons/ mi^2)



33 
 

 
Figure 4: Monthly Home Deliveries by ZIP Code Population Density 

Instantly evident with the retail trip graph is that respondents expect post-pandemic trip 

frequency to be slightly less than pre-pandemic trip frequency, with a large decline during the 

pandemic. In all cases, rural residents make more retail trips than urban residents, with rural 

residents making more than twice as many retail trips per month as other groups during the 

pandemic. The graph of household deliveries shows another interesting trend. Prior to the 

pandemic, deliveries per month are nearly identical in the highest three density categories, with 

the most rural respondents having fewer deliveries. Deliveries increase for all groups during the 

pandemic, but this increase is far larger in higher-density regions. After the pandemic, all except 

the most rural residents expect their online shopping frequency to significantly decrease, but not 

to pre-pandemic levels. 

With this survey, was also possible to analyze the equity of online shopping during the 

pandemic and in general. Figure 5 shows the effect of household income on shopping trips, while 

Figure 6 shows the effect of household income on home deliveries. 
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Figure 5: Monthly Trips to Stores by Household Income 

 
Figure 6: Monthly Home Deliveries by Household Income 
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Figure 7: Monthly Retail Trips by Age 

 
Figure 8: Monthly Home Deliveries by Age 
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among the lowest age group, indicating that older respondents obtain a higher percentage of their 

goods in person. Interestingly, the discrepancy is expected to diminish in the post-pandemic 

period. There are many potential reasons for this difference, such as personal preferences and 

technology skills. This dissertation seeks to isolate the factors that cause these differences and, 

from there, provide a means to improve equity. 
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6. MODEL ESTIMATION 

6.1.Introduction 

As described previously, model estimation requires two distinct steps. First, latent variables 

are estimated using respondent demographics. For these latent variables, attitudinal variables serve 

as measurement variables. Next, negative binomial models estimate shopping frequency as a 

function of these latent variables and accessibility. From this, accessibility can be isolated and used 

to calculate a composite accessibility score using the CSPCM/TOPSIS framework. 

6.2.Variable Definitions and Statistics 

Several sets of variables are utilized in the models generated for this dissertation. These 

variables are based on both individual characteristics of survey respondents and information about 

the ZIP Codes in which respondents reside. Variables used to estimate the latent variables are 

based on respondent demographics, as these variables are dependent on the characteristics of 

individual people. Variables used to estimate accessibility are based on ZIP Code demographics. 

ZIP Code demographics are used here as the focus of this dissertation is location-based 

accessibility. 

Table 5 shows summary statistics for the significant demographic variables contained 

within the three models used to estimate the latent variables. 
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Table 5: Variable Summary Statistics, Latent Variable Models 

Variable Mean Std. Dev. Min Max

Age 55+ 0.2814 0.4498 0 1

Female 0.4697 0.4993 0 1

Hispanic 0.0801 0.2715 0 1

Bachelor's Degree 0.3290 0.4700 0 1

Household Size 2.7706 1.4567 1 7

Household Vehicles 1.7468 0.9711 0 5

Household Income $50-100K 0.4091 0.4918 0 1

Household Income Over $100K 0.1255 0.3315 0 1

Population Density (persons/mi. ^2) 3944.023 11311.06 3.1439 125859.1

Demographic Variables

 

28% of the sample was aged 55 or above, while 47% was female and 8% was Hispanic. 

One-third of respondents had an education level of “bachelor’s degree”, the average household 

size was 2.77, and the average number of vehicles per household was 1.75. 40% of respondents 

had a household income between $50,000 and $100,000 and 13% had an income above $100,000. 

The mean population density was 3,944 people per square mile. Measurement variables for the 

latent variable models are described in detail in Section 5.2.3.  

The next three tables list summary statistics for the accessibility models. For each of these, 

ZIP Code statistics were used as the factors to determine accessibility. Table 6 shows summary 

statistics for the demographic variables. 
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Table 6: Variable Summary Statistics, Demographic Variables 

Variable Definition Mean Std. Dev. Min Max

% Age 65+
Percentage of ZIP Code 

residents aged 65 or above
15.7894 5.5239 3.6 66.8

% Black
Percentage of ZIP Code 

residents who are Black
11.5662 15.8169 0 98.1

% Asian
Percentage of ZIP Code 

residents who are Asian
4.8290 7.3597 0 57.7

% Other

Percentage of ZIP Code 

residents who are another 

nonwhite race

7.5506 6.7182 0 43.1

% Hispanic

Percentage of ZIP Code 

residents who are Hispanic 

of any race

13.8779 16.8907 0 95.2

Household Income
Median household income 

of ZIP Code
63112.69 24918.30 19075 185800

 

Table 7: Variable Summary Statistics, ZIP Code Density Variables 

Variable Definition Mean Std. Dev. Min Max

Population Density
Population Density (persons/ 

mi^2)
3944.023 11311.06 3.1439 125859.1

Pop. Density ^2 Square of population density 1.43E+08 1.05E+09 9.8842 1.58E+10

Retail Est. Density
Retail establishment density 

(establishments/ mi^2)
25.0599 147.191 0 1995.158

Retail Est. Dens. ^2

Square of retail establishment 

density  ((establishments/ 

mi^2)^2)

2.23E+04 2.68E+05 0 3980656

Groc. Store Dens. ^2

Square of grocery store 

density ((establishments/ 

mi^2)^2)

280.9771 1928.68 0 19375.83

Conv. Store Dens. ^2

Square of convenience store 

density ((establishments/ 

mi^2)^2)

1.3756 5.1540 0 74.3669

Restaurant Density
Restaurant density 

(establishments/ mi^2)
21.1587 106.71 0 1221.841

Rest. Density ^2
Square of restaurant density  

((establishments/ mi^2)^2)
1.18E+04 1.10E+05 0 1492896
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The mean population density for respondent ZIP Codes was 3,944 people per square mile. The 

mean of the square of population density was 1.43 × 108 (people/ mi2)2. The mean retail 

establishment density was 25.1 establishments per square mile, with the mean of retail 

establishment density squared being 2.23 × 104 (establishments/ mi2)2. The mean of the square of 

grocery store density was 281 (establishments/ mi2)2, while the mean of the square of convenience 

store density was 1.37 (establishments/ mi2)2. Respondent ZIP Codes had a mean of 21.2 

restaurants per square mile and the mean of the square of restaurant density was 1.18 × 104 

(establishments/ mi2)2. Several of these variables are also used to form time interaction variables, 

which equal the ZIP Code’s density in the specified time period and 0 otherwise. Table 8 shows 

summary statistics for the deliveries and trips dependent variables. 

Table 8: Variable Summary Statistics, Deliveries and Trips 

Variable Mean Std. Dev. Min Max

Grocery Deliveries 0.6818 1.6439 0 11

Prepared Food Deliveries 1.0851 2.4448 0 35

Home Goods Deliveries 0.5426 1.6104 0 25

Medical Supply Deliveries 0.3009 1.0167 0 10

Other Goods Deliveries 1.5447 2.4361 0 15

Grocery Trips 6.5765 6.2928 0 35

Convenience Store Trips 4.3146 6.1086 0 35

Retail Trips 3.0101 4.2978 0 35

Restaurant Trips 3.6804 4.9153 0 35  

In all these cases, the three time periods (before/ during/ after pandemic) are combined to form a 

single dependent variable. Interaction variables in each model identify the factors which are 

significant determinants of temporal variation. As such, “Grocery Deliveries,” etc. have three data 

points for every respondent, one corresponding to each time period.  
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6.3. Latent Variable Estimation 

Three latent variables were generated as part of this analysis, titled “Technology”, 

“Health”, and “Bargain”. The technology latent variable measures a respondent’s tech-savviness, 

with early technology adoption, autonomous vehicle opinion, and whether a respondent likes new 

technology as measurement variables. The health latent variable measures a respondent’s concern 

about the COVID-19 pandemic, with opinions on social distancing, using low-contact pickup and 

delivery methods, and avoiding leaving one’s home as measurement variables. The bargain latent 

variable measures the influence of bargains and sales on a person’s shopping activity, with whether 

a person is a “bargain seeker” and if they only buy items while on sale as measurement variables. 

The latent variables were estimated in Stata 17.0 using structural equation models. Figure 

9 shows the general structure of the models used to estimate the three latent variables. 

 
Figure 9: Latent Variable Model Structure 
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In each of these three models, a linear regression model is first used to estimate a latent variable 

with a set of demographic variables as inputs. This latent variable is then used as the input to 

ordered probit models which estimate a set of ordinal measurement variables. Each of these 

measurement variables utilizes a five-level Likert scale, with 1 representing “extremely unlikely” 

or “strongly disagree”, 3 representing “neutral”, and 5 representing “extremely likely” or “strongly 

agree”. 

Table 9 shows the results of the model estimating the technology latent variable.  
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Table 9: Technology Latent Variable 

Variable Std. Err. z P>z

Age 55+ -1.9636 ** 0.6265 3.13 0.002 -3.1915 -0.7358

Female -0.9374 * 0.4672 2.01 0.045 -1.8532 -0.0216

Bachelor's Degree 1.0204 ** 0.3449 2.96 0.003 0.3444 1.6963

Household Size 0.1827 * 0.0709 2.58 0.010 0.0438 0.3215

Household Vehicles -0.5197 ** 0.1690 3.07 0.002 -0.8510 -0.1884

Household Inc. $50-100K 1.2898 * 0.6522 1.98 0.048 0.0115 2.5681

Household Inc. Over $100K 1.8318 * 0.8064 2.27 0.023 0.2513 3.4123

Population Density -2.24E-05 + 1.30E-05 1.72 0.085 -4.79E-05 3.08E-06

Error Variance 5.1285 3.4492 1.3725 19.1631

Log Pseudolikelihood -5348.22

Variable Std. Err. z P>z

Early Tech Adopter 1

Autonomous Vehicle Opinion 0.1537 * 0.0608 2.53 0.011 0.0346 0.2729

Likes New Technology 0.5880 * 0.2641 2.23 0.026 0.0705 1.1056

Variable Std. Err. z P>z

1-2 Cut -3.8123 1.0762 -5.9217 -1.7030

2-3 Cut -0.7772 0.3968 -1.5549 0.0004

3-4 Cut 2.0176 0.6148 0.8126 3.2225

4-5 Cut 4.8349 1.3511 2.1868 7.4831

1-2 Cut -1.2396 0.1101 -1.4554 -1.0237

2-3 Cut -0.4860 0.0990 -0.6801 -0.2919

3-4 Cut -0.1999 0.0762 -0.3493 -0.0505

4-5 Cut 0.7681 0.0795 0.6123 0.9239

1-2 Cut -1.8933 0.2478 -2.3790 -1.4076

2-3 Cut -0.5477 0.1901 -0.9203 -0.1750

3-4 Cut 0.6628 0.1859 0.2985 1.0270

4-5 Cut 2.3828 0.2832 1.8277 2.9380

Likes New Technology

(constrained)

Ordered Probit Cuts

Coefficient 95% CI

Early Tech Adopter

Autonomous Vehicle Opinion

Measurement Variables

Coefficient 95% CI

Independent Variables

Coefficient 95% CI

 
Note: *** = significance at 0.1% level, ** = significance at 1% level, * = significance at 5% level, + = significance at 10% level 

Standard errors are robust 
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The “technology” latent variable is a measurement of a respondent’s tech-savviness. A 

higher value for this variable will thus indicate higher tech-savviness. Younger and male 

respondents tend to have higher tech-savviness. Possession of a bachelor’s degree is correlated 

with higher tech-savviness, as is a higher income. All of these are as expected and in agreement 

with previous studies. Additionally, a larger household size and fewer household vehicles are 

correlated with higher tech-savviness, as is lower population density. Considering the relationship 

between the latent variable and the three measurement variables, the latent variable is constrained 

to be equal to the “early tech adopter” measurement variable. The latent variable has a little more 

than half of the effect on the “likes new technology” variable and a much smaller, but still 

significant, effect on “autonomous vehicle opinion”. 

Table 10 shows the results of the model estimating the health latent variable. Generally, older and 

Hispanic respondents were less likely to be concerned about the COVID-19 pandemic than 

younger and non-Hispanic respondents. A bachelor’s degree increased the likelihood that one 

would be concerned about the pandemic, as did a household income over $100,000 per year and a 

larger household size. More vehicles in a household and a higher population density decreased the 

likelihood that one would be concerned about the pandemic. Combined, these results would imply 

that white collar households and the suburbs were most concerned about COVID-19, which agrees 

with previous analyses and polling on pandemic opinions. Considering the measurement variables, 

the latent variable is constrained to be equal to one’s likelihood to participate in social distancing. 

The coefficients for low-contact shopping methods and avoiding leaving one’s home are both 

much larger than 1, indicating that these behaviors are much more impacted by one’s concern 

about the pandemic. 
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Table 10: Health Latent Variable 

Variable Std. Err. z P>z

Age 55+ -0.1218 * 0.0504 2.42 0.016 -0.2205 -0.0230

Hispanic -0.0796 ** 0.0267 2.98 0.003 -0.1319 -0.0272

Bachelor's Degree 0.1492 * 0.0716 2.08 0.037 8.82E-03 0.2895

Household Size 0.0337 * 0.0136 2.47 0.014 0.0069 0.0604

Household Vehicles -0.0783 ** 0.0277 2.83 0.005 -0.1325 -0.0241

Household Inc. Over $100K 0.1461 * 0.0636 2.30 0.022 0.0215 0.2706

Population Density -6.24E-06 * 3.05E-06 2.04 0.041 -1.22E-05 -2.58E-07

Error Variance 0.0485 0.0427 8.61E-03 0.2727

Log Pseudolikelihood -5047.53

Variable Std. Err. z P>z

Social Distancing 1

Used Low-Contact Methods 6.3844 3.1948 2.00 0.046 0.1228 12.6460

Avoid Leaving Home 4.2281 1.8213 2.32 0.020 0.6585 7.7977

Variable Std. Err. z P>z

1-2 Cut -2.8631 0.1863 -3.2283 -2.4980

2-3 Cut -2.1623 0.1024 -2.3630 -1.9615

3-4 Cut -1.5227 0.0833 -1.6859 -1.3595

4-5 Cut -0.0957 0.0684 -0.2298 0.0385

1-2 Cut -2.0316 0.3236 -2.6659 -1.3973

2-3 Cut -1.1791 0.2428 -1.6549 -0.7032

3-4 Cut -0.1466 0.2026 -0.5436 0.2504

4-5 Cut 1.2045 0.2548 0.7050 1.7039

1-2 Cut -1.7165 0.1864 -2.0818 -1.3512

2-3 Cut -1.2778 0.1657 -1.6024 -0.9531

3-4 Cut -0.2355 0.1469 -0.5235 0.0524

4-5 Cut 1.6636 0.1482 1.3732 1.9540

Used Low-Contact Methods

Avoid Leaving Home

Independent Variables

Coefficient 95% CI

Measurement Variables

Coefficient 95% CI

(constrained)

Ordered Probit Cuts

Coefficient 95% CI

Social Distancing

 
Note: *** = significance at 0.1% level, ** = significance at 1% level, * = significance at 5% level, + = significance at 10% level 

Standard errors are robust 

 

Table 11 shows the results of the model estimating the bargain latent variable. 



45 
 

Table 11: Bargain Latent Variable 

Variable Std. Err. z P>z

Female 0.4755 *** 0.1116 4.26 0.000 0.2568 0.6943

Hispanic -1.0347 *** 0.2037 5.08 0.000 -1.4340 -0.6355

Bachelor's Degree -0.2405 * 0.0998 2.41 0.016 -0.4361 -0.0449

Household Size 0.0952 ** 0.0363 2.63 0.009 0.0242 0.1663

Household Inc. $50-100K -0.2748 * 0.1375 2.00 0.046 -0.5443 -5.39E-03

Household Inc. Over $100K -0.3806 * 0.1478 2.57 0.010 -0.6703 -0.0909

Error Variance 2.19E-32 1.37E-30 1.51E-85 3.17E+21

Log Pseudolikelihood -3045.41

Variable Std. Err. z P>z

Bargain Seeker 1

Sale Shopper 0.1172 0.1049 1.12 0.264 -0.0885 0.3229

Variable Std. Err. z P>z

2-3 Cut -2.8463 0.2636 -3.3629 -2.3296

3-4 Cut -1.5546 0.1737 -1.8951 -1.2141

4-5 Cut 0.0423 0.1376 -0.2274 0.3119

1-2 Cut -1.2915 0.0919 -1.4717 -1.1113

2-3 Cut 0.1508 0.0704 0.0128 0.2887

3-4 Cut 0.7217 0.0661 0.5921 0.8513

4-5 Cut 1.7548 0.0739 1.6100 1.8996

Sale Shopper

Ordered Probit Cuts

Coefficient 95% CI

Bargain Seeker

Independent Variables

Coefficient 95% CI

(constrained)

Measurement Variables

Coefficient 95% CI

 
Note: *** = significance at 0.1% level, ** = significance at 1% level, * = significance at 5% level, + = significance at 10% level 

Standard errors are robust 

 

Female respondents were more likely to be influenced by bargains, as were respondents from 

larger households. Hispanic ethnicity and possessing a bachelor’s degree were linked to a lower 

latent variable value, as was higher household income. Considering the measurement variables, 

the latent variable was constrained to be equal to one’s likelihood to be a bargain-seeker. The effect 

of sales on one’s shopping patterns was much smaller and generally insignificant. 
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6.4. Accessibility Models 

For each of the 9 types of shopping, negative binomial regressions were estimated to 

determine the factors which impact accessibility to online and in person shopping for various types 

of goods. Each of these negative binomial models was estimated separately using a similar process. 

For each latent variable, there is a “base case” corresponding to the pre-pandemic condition, as 

well as “during” and “after” interaction variables that are added to the base case in the “during 

pandemic” and “after pandemic” time periods. Every latent variable and the corresponding 

interactions are included regardless of significance. When significant, time interaction variables 

are also included for the constants and independent variables used to calculate accessibility. 

6.4.1. Online Shopping 

Table 12 shows the results of the online grocery model. Considering one’s concern about 

the COVID-19 pandemic, people concerned about the pandemic were predisposed to shop for 

groceries online far more frequently before the pandemic at a low level of significance. The 

interaction coefficients for the during and after conditions are negative and positive, respectively, 

but insignificant. Tech-savvy respondents were less likely to shop for groceries online pre-

pandemic, but this was insignificant. The interaction variables for tech-savviness are positive 

during the pandemic and negative after the pandemic, but insignificant. Bargain-seeking 

respondents were less likely to shop for groceries online pre-pandemic with negative interaction 

variables, but all were insignificant. Online shopping frequency during and after the pandemic is 

higher than before the pandemic, with the during-pandemic constant much larger than the after-

pandemic constant. 
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Table 12: Online Shopping - Groceries 

Variable Std. Err. z P>z

Health Latent 3.5273 + 2.0978 1.68 0.093 -0.5843 7.6388

Health Latent x During -0.7805 2.5543 0.31 0.760 -5.7869 4.2259

Health Latent x After 1.0370 2.7322 0.38 0.704 -4.3181 6.3920

Tech Latent -0.2248 0.1992 1.13 0.259 -0.6153 0.1657

Tech Latent x During 0.1108 0.2366 0.47 0.639 -0.3529 0.5746

Tech Latent x After -0.0770 0.2654 0.29 0.772 -0.5973 0.4432

Bargain Latent -0.1737 0.4429 0.39 0.695 -1.0418 0.6944

Bargain Latent x During -0.4189 0.5830 0.72 0.472 -1.5616 0.7239

Bargain Latent x After -0.2498 0.6028 0.41 0.679 -1.4312 0.9316

1 x During 1.4643 ** 0.5511 2.66 0.008 0.3842 2.5443

1 x After 0.5647 * 0.2452 2.3 0.021 0.0842 1.0452

Accessibility 1

Constant -1.9392 ** 0.6239 3.11 0.002 -3.1620 -0.7163

ln(α) 1.1792 0.2236 0.7409 1.6176

Variable Std. Err. z P>z

% Age 65+ 0.0552 ** 0.0200 2.76 0.006 0.0160 0.0943

% Age 65+ x During -0.0339 0.0267 1.27 0.203 -0.0862 0.0184

% Black 0.0352 *** 6.92E-03 5.09 0.000 0.0216 0.0487

% Asian x During 0.0259 0.0206 1.26 0.208 -0.0145 0.0663

% Other 0.0243 * 0.0113 2.15 0.032 2.12E-03 0.0465

Household Income -7.03E-06 4.39E-06 1.6 0.109 -1.56E-05 1.57E-06

Grocery Store Density ^2 8.15E-05 + 4.23E-05 1.93 0.054 -1.37E-06 1.64E-04

Error Variance 5.55E-35 5.78E-34 7.48E-44 4.12E-26

Log Pseudolikelihood -1490.1422

Coefficient 95% CI

(constrained)

Coefficient 95% CI

Components of Accessibility

 
Note: *** = significance at 0.1% level, ** = significance at 1% level, * = significance at 5% level, + = significance at 10% level 

Standard errors are robust 

 

 Considering the factors affecting accessibility to online grocery shopping, ZIP Codes with 

a higher percentage of Black, Asian, and other race residents had higher accessibility, with the 

coefficient for Black residents being significant at a very high level and the coefficient for Asian 

residents only having any significance during the pandemic. ZIP Codes with a high percentage of 

residents aged 65 or older had higher accessibility to online grocery shopping at a high level of 

significance, but this effect was reduced during the pandemic. Increased household income in a 

ZIP code was correlated with a negative effect on one’s accessibility to online grocery shopping. 
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Accessibility is positively correlated with the square of grocery store density, indicating a 

nonlinear relationship between establishment density and accessibility to online grocery shopping. 

 Table 13 shows the results of the online prepared food model.  

Table 13: Online Shopping - Prepared Foods 

Variable Std. Err. z P>z

Health Latent 3.9145 * 1.8279 2.14 0.032 0.3318 7.4971

Health Latent x During -0.9926 2.4643 0.40 0.687 -5.8225 3.8372

Health Latent x After 0.3228 2.5351 0.13 0.899 -4.6460 5.2916

Tech Latent -0.0603 0.1690 0.36 0.721 -0.3915 0.2710

Tech Latent x During 0.2139 0.2264 0.95 0.345 -0.2297 0.6576

Tech Latent x After -0.0616 0.2342 0.26 0.793 -0.5206 0.3974

Bargain Latent -0.4496 0.3493 1.29 0.198 -1.1342 0.2350

Bargain Latent x During -0.0109 0.4709 0.02 0.982 -0.9339 0.9121

Bargain Latent x After -0.0287 0.4784 0.06 0.952 -0.9663 0.9088

During x 1 0.3487 * 0.1472 2.37 0.018 0.0602 0.6372

Accessibility 1

Constant 0.1128 0.1261 0.89 0.371 -0.1344 0.3600

ln(α) 1.0335 0.1334 0.7721 1.2950

Variable Std. Err. z P>z

% Asian 0.0168 0.0116 1.44 0.150 -6.06E-03 0.0396

% Other 0.0303 + 0.0157 1.93 0.054 -5.41E-04 0.0612

% Hispanic -0.0164 * 7.64E-03 2.14 0.032 -0.0314 -1.41E-03

Population Density ^2 2.24E-10 * 1.02E-10 2.21 0.027 2.49E-11 4.23E-10

Restaurant Density -0.0162 *** 4.29E-03 3.77 0.000 -0.0246 -7.77E-03

Restaurant Density ^2 2.14E-05 *** 5.03E-06 4.25 0.000 1.15E-05 3.13E-05

Error variance 2.95E-32 5.12E-32 9.92E-34 8.80E-31

Log Pseudolikelihood -1823.8663

95% CI

Coefficient 95% CI

(constrained)

Components of Accessibility

Coefficient

 
Note: *** = significance at 0.1% level, ** = significance at 1% level, * = significance at 5% level, + = significance at 10% level 

Standard errors are robust 

 

Like with online grocery shopping, people who were concerned about the COVID-19 pandemic 

were predisposed to shop online for prepared food deliveries. The base case coefficient was 

positive with a moderate level of significance, while the interaction variables for during and after 

the pandemic were negative and positive, respectively, and both insignificant. For the technology 

latent variable, the base case and after pandemic interaction were negative and the during pandemic 
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interaction was positive; all three cases were insignificant. For the bargain latent variable, the base 

case coefficient was negative with a very low degree of significance. The during and after 

pandemic interaction variables were both negative and insignificant. Online prepared food 

shopping frequency during the pandemic was higher than before and after the pandemic. 

 Considering the factors affecting accessibility to online prepared food delivery, ZIP Codes 

with a higher percentage of Asian and “other race” residents showed higher accessibility to 

prepared food delivery at significance ranging from very low to moderate. ZIP Codes with a higher 

amount of Hispanic residents had lower accessibility at moderate significance. The square of 

population density was positively correlated with accessibility at moderate significance. 

Unsurprisingly, the most impactful factor in determining accessibility to prepared food delivery 

was restaurant density in a ZIP Code. Accessibility was negatively correlated with the number of 

restaurants per square mile, but positively correlated with the square of restaurant density, both at 

very high significance. Above 756.5 restaurants per square mile, higher density is positively 

correlated with accessibility, indicating a nonlinear relationship between restaurant density and 

accessibility. 

 Table 14 shows the results of the online home goods model. Individuals who were 

concerned about the COVID-19 pandemic were generally predisposed to shopping for home goods 

online prior to the pandemic, but this was insignificant. Health interaction variables were negative 

during the pandemic and positive after; both were insignificant. Tech-savvy respondents were less 

inclined to shop online before the pandemic at a very low level of significance. The technology 

interaction variables were positive during the pandemic and negative after the pandemic; both were 

insignificant. Bargain-seeking respondents were more likely to shop online in the base case, with 

negative coefficients for the interaction variables. This was insignificant in all cases. 
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Table 14: Online Shopping - Home Goods 

Variable Std. Err. z P>z

Health Latent 2.1875 2.1168 1.03 0.301 -1.9614 6.3363

Health Latent x During -0.3677 3.8161 0.10 0.923 -7.8473 7.1118

Health Latent x After 1.6055 3.0053 0.53 0.593 -4.2848 7.4958

Tech Latent -0.3407 0.2592 1.31 0.189 -0.8487 0.1673

Tech Latent x During 0.0828 0.3615 0.23 0.819 -0.6258 0.7914

Tech Latent x After -0.0853 0.3036 0.28 0.779 -0.6804 0.5097

Bargain Latent 0.1812 0.4445 0.41 0.684 -0.6901 1.0525

Bargain Latent x During -0.0975 0.8229 0.12 0.906 -1.7105 1.5154

Bargain Latent x After -0.4724 0.7047 0.67 0.503 -1.8535 0.9087

Accessibility 1

Constant -2.6172 ** 0.9839 2.66 0.008 -4.5456 -0.6888

ln(α) 0.4657 1.6592 -2.7862 3.7176

Variable Std. Err. z P>z

% Age 65+ 0.0404 * 0.0184 2.2 0.028 4.42E-03 0.0764

% Black 0.0302 *** 6.96E-03 4.34 0.000 0.0166 0.0439

% Asian 0.0536 *** 0.0117 4.58 0.000 0.0307 0.0766

% Other -0.0681 ** 0.0228 2.98 0.003 -0.1128 -0.0233

% Hispanic 0.0376 *** 9.05E-03 4.15 0.000 0.0198 0.0553

Household Income -6.72E-06 5.27E-06 1.28 0.202 -1.70E-05 3.60E-06

Household Income x During 1.12E-05 ** 3.84E-06 2.92 0.004 3.68E-06 1.87E-05

Household Income x After 7.86E-06 * 3.95E-06 1.99 0.047 1.08E-07 1.56E-05

Retail Est. Density -4.62E-03 * 2.34E-03 1.97 0.049 -9.21E-03 -2.51E-05

Retail Est. Dens. ^2 3.00E-06 * 1.17E-06 2.57 0.010 7.11E-07 5.28E-06

Error Variance 0.7011 1.3170 0.0177 27.8450

Log Pseudolikelihood -1143.0032

Coefficient 95% CI

Components of Accessibility

Coefficient 95% CI

(constrained)

 
Note: *** = significance at 0.1% level, ** = significance at 1% level, * = significance at 5% level, + = significance at 10% level 

Standard errors are robust 

 

Considering the factors that affect accessibility, ZIP Codes with a higher percentage of 

residents aged 65 or above tend to have better accessibility to online home good shopping at a 

moderate level of significance, as do ZIP Codes with a higher amount of Black, Asian, and 

Hispanic respondents at varying levels of significance. ZIP Codes with more residents of a 

nonwhite race other than Black or Asian tend to have lower accessibility at a high level of 

significance. Increased household income had a negative effect on accessibility prior to the 
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pandemic, but a positive effect on accessibility during and after the pandemic. The coefficient on 

retail establishment density is negative while the coefficient on retail density squared is positive, 

indicating a nonlinear relationship between retail density and accessibility to online home goods 

shopping. The effect of establishment density is most negative at 770 stores per square mile, while 

at more than 1538 retail establishments per square mile, establishment density has a positive 

impact on accessibility. 

 Table 15 shows the results of the online medical supplies model. Individuals concerned 

about the COVID-19 pandemic were predisposed to shop online for medical supplies before the 

pandemic at a moderate level of significance. The interaction coefficients for during and after the 

pandemic were negative and positive, respectively, but both insignificant. Tech-savvy individuals 

were less likely to purchase medical supplies online before the pandemic at a high level of 

significance. The interaction coefficients for during and after the pandemic were positive and 

negative, respectively, but insignificant. Bargain-seeking respondents were less likely to purchase 

medical supplies online before the pandemic at a low level of significance. Like with the 

technology interactions, the interaction coefficients for during and after the pandemic were 

positive and negative, respectively, but insignificant. 
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Table 15: Online Shopping - Medical Supplies 

Variable Std. Err. z P>z

Health Latent 5.3656 * 2.6327 2.04 0.042 0.2055 10.5256

Health Latent x During -0.4370 3.5272 0.12 0.901 -7.3502 6.4761

Health Latent x After 1.0800 3.6982 0.29 0.770 -6.1684 8.3284

Tech Latent -0.6345 ** 0.2374 2.67 0.008 -1.0999 -0.1691

Tech Latent x During 0.0543 0.3220 0.17 0.866 -0.5767 0.6854

Tech Latent x After -0.1108 0.3374 0.33 0.743 -0.7721 0.5505

Bargain Latent -0.9877 + 0.5382 1.84 0.066 -2.0427 0.0672

Bargain Latent x During 0.1902 0.7214 0.26 0.792 -1.2238 1.6042

Bargain Latent x After -0.0646 0.7568 0.09 0.932 -1.5479 1.4188

Accessibility 1

Constant -3.5120 *** 0.4455 7.88 0.000 -4.3851 -2.6389

ln(α) -12.3026 5.8395 -23.7478 -0.8574

Variable Std. Err. z P>z

% Black 0.0280 *** 4.95E-03 5.65 0.000 0.0183 0.0377

% Asian x During 0.0329 * 0.0147 2.23 0.025 4.04E-03 0.0617

% Other -0.0461 * 0.0195 2.36 0.018 -0.0843 -7.88E-03

% Hispanic 0.0274 *** 5.59E-03 4.90 0.000 0.0164 0.0383

Household Income 1.31E-05 ** 4.05E-06 3.24 0.001 5.19E-06 2.11E-05

Population Density 1.15E-04 * 4.59E-05 2.50 0.013 2.46E-05 2.05E-04

Pop. Density ^2 -2.72E-09 * 1.30E-09 2.09 0.037 -5.27E-09 -1.68E-10

Retail Est. Density -0.0112 *** 2.92E-03 3.84 0.000 -0.0169 -5.49E-03

Retail Est. Dens. ^2 8.14E-06 *** 2.31E-06 3.53 0.000 3.62E-06 1.27E-05

Error Variance 1.2586 0.5188 0.5610 2.8234

Log Pseudolikelihood -859.5977

Coefficient 95% CI

Coefficient 95% CI

(constrained)

Components of Accessibility

 
Note: *** = significance at 0.1% level, ** = significance at 1% level, * = significance at 5% level, + = significance at 10% level 

Standard errors are robust 

 

 Considering the factors affecting accessibility to online medical supply shopping, ZIP 

Codes with a high percentage of Black and Hispanic residents tend to have higher accessibility, 

both at moderate to very high levels of significance. ZIP Codes with a high percentage of Asian 

residents tended to have higher accessibility, but this was only significant during the COVID-19 

pandemic. ZIP Codes with a high percentage of residents of another nonwhite race tended to have 

lower accessibility at a moderate level of significance. Population density has a positive coefficient 

and the square of population density has a negative coefficient, indicating a nonlinear relationship 
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between population density and accessibility and suggesting that medium-density ZIP Codes have 

the highest accessibility to online medical supply shopping. Population density has the largest 

positive effect at a density of about 21,000 people per square mile, while the impact of density 

becomes negative above about 42,000 per square mile. The coefficient for retail density is negative 

and the coefficient for the square of retail density is positive, indicating a nonlinear relationship. 

Both retail density and the square of retail density are significant at a very high level, with the 

impact of retail density being positive at a density of 1377 stores per square mile or greater. 

 Table 16 shows the model for online shopping for other types of goods. Considering 

concern about the COVID-19 pandemic, latent variable coefficients were positive in both the base 

case and during the pandemic but negative after the pandemic; all were insignificant. Tech-savvy 

individuals were more likely to shop online for other goods before the pandemic. The interaction 

coefficients for during and after the pandemic were negative; both were insignificant. The bargain-

seeker latent variable coefficients were negative for the base case and positive both during and 

after the pandemic; all were insignificant. Online shopping frequency for other goods was expected 

to higher during the pandemic regardless of demographics. 

 Considering the factors that affect accessibility to other types of goods ordered online, ZIP 

Codes with a higher percentage of individuals aged 65 or older tended to have higher accessibility 

at a moderate level of significance. ZIP Codes with a high percentage of Asian residents tended to 

have higher accessibility at moderate significance and those with a high percentage of residents of 

another nonwhite/Black/Asian race or Hispanic ethnicity tended to have higher accessibility at 

very high significance. Higher household income in a ZIP code is linked to higher accessibility at 

a high level of significance. The coefficient for population density is insignificant (and thus not in 

the final model) while that for the square of population density is positive, indicating a nonlinear 
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relationship between population density and accessibility. Similarly, the coefficient for retail 

establishment density is negative while that for the square of retail establishment density is 

positive, indicating a nonlinear relationship between establishment density and accessibility. 

Above an establishment density of 1121 stores per square mile, the effect of density on 

accessibility is positive. 

Table 16: Online Shopping - Other Goods 

Variable Std. Err. z P>z

Health Latent 1.0518 1.6099 0.65 0.514 -2.1036 4.2071

Health Latent x During 0.2733 2.2092 0.12 0.902 -4.0567 4.6033

Health Latent x After -0.1254 2.1903 0.06 0.954 -4.4184 4.1676

Tech Latent 0.1506 0.1265 1.19 0.234 -0.0973 0.3985

Tech Latent x During -0.0076 0.1782 0.04 0.966 -0.3568 0.3417

Tech Latent x After -0.0203 0.1796 0.11 0.910 -0.3722 0.3316

Bargain Latent -0.0863 0.3453 0.25 0.803 -0.7630 0.5905

Bargain Latent x During 0.0941 0.5477 0.17 0.864 -0.9793 1.1675

Bargain Latent x After 0.0471 0.5042 0.09 0.926 -0.9411 1.0354

During x 1 0.2842 0.1798 1.58 0.114 -0.0683 0.6366

Accessibility 1

Constant -0.6136 * 0.2739 2.24 0.025 -1.1504 -0.0767

ln(α) 0.7745 0.1038 0.5711 0.9780

Variable Std. Err. z P>z

% Age 65+ 0.0225 * 9.35E-03 2.41 0.016 4.22E-03 0.0409

% Asian 0.0174 * 7.59E-03 2.30 0.022 2.57E-03 0.0323

% Other 0.0297 *** 6.65E-03 4.47 0.000 0.0167 0.0427

Household Income 8.44E-06 ** 2.86E-06 2.95 0.003 2.84E-06 1.40E-05

Population Density ^2 3.71E-10 2.61E-10 1.42 0.156 -1.41E-10 8.83E-10

Retail Est. Density -0.0101 * 4.50E-03 2.24 0.025 -0.0189 -1.24E-03

Retail Est. Dens. ^2 8.97E-06 * 3.92E-06 2.29 0.022 1.29E-06 1.66E-05

Error Variance 2.34E-35 3.97E-35 8.42E-37 6.51E-34

Log Pseudolikelihood -2371.1542

Components of Accessibility

Coefficient 95% CI

Coefficient 95% CI

(constrained)

 
Note: *** = significance at 0.1% level, ** = significance at 1% level, * = significance at 5% level, + = significance at 10% level 

Standard errors are robust 
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6.4.2. In Person Shopping 

The next four models show the results of the models assessing accessibility to in-person shopping. 

Table 17 shows the results of the in-person grocery model.  

Table 17: In Person Shopping - Grocery Stores 

Variable Std. Err. z P>z

Health Latent -1.5323 ** 0.5850 -2.62 0.009 -2.6788 -0.3857

Health Latent x During -1.9055 + 1.0062 -1.89 0.058 -3.8776 0.0665

Health Latent x After -0.0773 0.8218 -0.09 0.925 -1.6881 1.5335

Tech Latent -0.0517 0.0607 -0.85 0.395 -0.1708 0.0674

Tech Latent x During 0.0337 0.1114 0.3 0.763 -0.1847 0.2520

Tech Latent x After -0.0292 0.0890 -0.33 0.743 -0.2037 0.1453

Bargain Latent 0.0642 0.1105 0.58 0.561 -0.1524 0.2807

Bargain Latent x During -8.17E-03 0.1969 -0.04 0.967 -0.3941 0.3778

Bargain Latent x After -0.0313 0.1521 -0.21 0.837 -0.3294 0.2668

1 x After -0.2921 + 0.1494 -1.96 0.050 -0.5849 6.35E-04

Accessibility 1

Constant 1.7965 *** 0.0670 26.8 0.000 1.6651 1.9278

ln(α) -13.1351 0.9519 -15.0008 -11.2695

Variable Std. Err. z P>z

% Age 65+ x During -0.0279 *** 5.65E-03 -4.94 0.000 -0.0390 -0.0169

% Black 6.99E-03 * 2.79E-03 2.5 0.012 1.52E-03 0.0125

% Asian -0.0111 ** 3.57E-03 -3.11 0.002 -0.0181 -4.11E-03

% Other -0.0204 ** 6.83E-03 -2.98 0.003 -0.0338 -6.97E-03

% Hispanic 4.69E-03 + 2.59E-03 1.81 0.071 -3.98E-04 9.77E-03

% Hispanic x During -0.0122 ** 4.07E-03 -3 0.003 -0.0202 -4.22E-03

Household Income x After 2.21E-06 1.85E-06 1.19 0.233 -1.42E-06 5.83E-06

Population Density 3.68E-05 *** 7.50E-06 4.9 0.000 2.21E-05 5.15E-05

Population Density ^2 -4.90E-10 *** 1.08E-10 -4.53 0.000 -7.01E-10 -2.78E-10

Error variance 0.3814 0.0347 0.3190 0.4559

Log Pseudolikelihood -3994.8826

Coefficient 95% CI

Components of Accessibility

Coefficient 95% CI

(constrained)

 
Note: *** = significance at 0.1% level, ** = significance at 1% level, * = significance at 5% level, + = significance at 10% level 

Standard errors are robust 

 

Considering the latent variables, individuals concerned about the COVID-19 pandemic were 

predisposed to fewer in-person grocery trips prior to the pandemic at high significance. The during-

pandemic interaction was negative at a low level of significance, while the after-pandemic 
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interaction was negative and insignificant. The technology latent variable was negative for the base 

case and after pandemic and positive during the pandemic; all cases were insignificant. The bargain 

latent variable was positive in the base case and negative for both interactions; all were 

insignificant. All shoppers were expected to have fewer trips after the pandemic when compared 

to before and during the pandemic. 

Considering the factors that affect accessibility, ZIP Codes that have a higher percentage 

of residents aged 65 or older tend to be less accessible to in-person grocery shopping during the 

pandemic. ZIP Codes with more Black residents tend to have higher accessibility to grocery 

shopping, while those with more Asian another nonwhite/Black/Asian race residents exhibit lower 

accessibility. ZIPs with a higher Hispanic population had higher accessibility to grocery stores 

before and after the pandemic, but less accessibility during the pandemic. ZIP Codes with higher 

household income tended to have higher accessibility to grocery shopping, but this was only 

significant after the pandemic, indicating that the accessibility increase was short-lived for low- 

and middle-income regions. Considering population density, the coefficient for density is positive 

and that for the square of density is negative, indicating a nonlinear relationship between 

population density and accessibility. Specifically, medium to high-density ZIP codes have the 

highest accessibility to in-person grocery shopping if all other conditions are equal and this is 

significant at a very high level. Accessibility peaks at around 37,000 persons per square mile and, 

above a population density of approximately 75,000 people per square mile, the correlation 

between density and store accessibility is negative, but this only impacts the densest ZIP Codes in 

New York City. 

Table 18 shows the results of the in-person convenience store model.  
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Table 18: In Person Shopping - Convenience Stores 

Variable Std. Err. z P>z

Health Latent -1.5252 1.1385 -1.34 0.180 -3.7566 0.7061

Health Latent x During 0.8725 2.0865 0.42 0.676 -3.2170 4.9620

Health Latent x After 1.2910 1.4558 0.89 0.375 -1.5624 4.1443

Tech Latent 0.0393 0.1067 0.37 0.713 -0.1699 0.2485

Tech Latent x During -0.0997 0.1868 -0.53 0.594 -0.4658 0.2664

Tech Latent x After 5.15E-04 0.1666 0.00 0.998 -0.3261 0.3271

Bargain Latent 0.1475 0.2179 0.68 0.498 -0.2795 0.5745

Bargain Latent x During -0.6180 + 0.3686 -1.68 0.094 -1.3404 0.1044

Bargain Latent x After -0.4771 + 0.2863 -1.67 0.096 -1.0382 0.0841

Accessibility 1

Constant 2.0965 *** 0.1441 14.55 0.000 1.8141 2.3789

ln(α) 0.3210 0.1059 0.1133 0.5286

Variable Std. Err. z P>z

% Age 65+ x During -0.0264 ** 7.78E-03 -3.40 0.001 -0.0417 -0.0112

% Hispanic x During -8.82E-03 + 5.00E-03 -1.77 0.078 -0.0186 9.74E-04

Household Income -6.52E-06 ** 2.01E-06 -3.24 0.001 -1.05E-05 -2.57E-06

Population Density -4.52E-05 ** 1.55E-05 -2.91 0.004 -7.57E-05 -1.48E-05

Population Density ^2 2.99E-10 * 1.50E-10 2.00 0.045 6.27E-12 5.92E-10

Conv. Store Dens ^2 0.0604 *** 0.0126 4.78 0.000 0.0357 0.0852

Error Variance 2.12E-31 2.14E-31 2.95E-32 1.53E-30

Log Pseudolikelihood -3525.3218

Coefficient 95% CI

Components of Accessibility

Coefficient 95% CI

(constrained)

 
Note: *** = significance at 0.1% level, ** = significance at 1% level, * = significance at 5% level, + = significance at 10% level 

Standard errors are robust 

 

Individuals concerned about the COVID-19 pandemic were predisposed to making fewer 

convenience store trips at a very low level of significance. The interaction variables for during 

and after the pandemic were positive, but insignificant. For the technology latent variable, the 

base case and after-pandemic interaction were positive and the during-pandemic interaction was 

positive; all were insignificant. For the bargain latent variable, the base case was positive and 

insignificant. Both interactions were negative and significant at a low lever, with the during-

pandemic interaction being more negative than the after-pandemic interaction. 
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Considering the factors that affect accessibility to convenience stores, ZIP Codes with a 

high percentage of residents aged 65 or older tend to have lower accessibility, but this was only 

significant during the COVID-19 pandemic. ZIP Codes with a high percentage of Hispanic 

residents had lower accessibility to convenience stores during the pandemic at low significance. 

ZIPs with higher household incomes tended to have lower accessibility to convenience stores. 

Population density has a negative coefficient and density squared has a positive coefficient, 

implying a strongly nonlinear relationship between accessibility to convenience stores and 

population density. Only one ZIP Code in the United States has a population density high enough 

for the correlation between density and accessibility to be positive. The square of convenience 

store density has a positive coefficient with very high significance, an expected outcome.  

 Table 19 shows the results of the in-person retail model. For the health latent variable, the 

base case and during pandemic coefficients were negative and the after-pandemic coefficient was 

positive; only the during coefficient was significant at a very low level. For the technology latent 

variable, the base case was negative and insignificant. The during and after interaction were 

positive, with the after interaction being significant at a very low level. For the bargain latent 

variable, the base case and after interaction were positive while the during interaction was negative. 

Only the base case was significant at a low level. 
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Table 19: In Person Shopping - Other Retail Stores 

Variable Std. Err. z P>z

Health Latent -0.7853 1.1048 0.71 0.477 -2.9507 1.3801

Health Latent x During -2.4482 1.7580 1.39 0.164 -5.8939 0.9975

Health Latent x After 0.2520 1.7260 0.15 0.884 -3.1309 3.6350

Tech Latent -0.0505 0.0933 0.54 0.589 -0.2335 0.1325

Tech Latent x During 0.0467 0.1713 0.27 0.785 -0.2891 0.3825

Tech Latent x After 0.1726 0.1470 1.17 0.240 -0.1154 0.4607

Bargain Latent 0.3721 + 0.2199 1.69 0.091 -0.0588 0.8031

Bargain Latent x During -0.0154 0.3616 0.04 0.966 -0.7241 0.6934

Bargain Latent x After 0.1951 0.3449 0.57 0.572 -0.4809 0.8710

Accessibility 1

Constant 0.4223 * 0.1748 2.42 0.016 0.0796 0.7649

ln(α) -14.1084 0.6976 -15.4757 -12.7410

Variable Std. Err. z P>z

% Age 65+ x During -0.0726 *** 9.82E-03 7.39 0.000 -0.0918 -0.0533

% Black 0.0134 ** 4.64E-03 2.89 0.004 4.29E-03 0.0225

% Black x After -0.0229 * 9.56E-03 2.39 0.017 -0.0416 -4.13E-03

% Asian -0.0201 * 8.39E-03 2.39 0.017 -0.0365 -3.63E-03

% Asian x During -0.0663 ** 0.0201 3.30 0.001 -0.1056 -0.0269

Household Income 5.42E-06 * 2.26E-06 2.40 0.016 9.96E-07 9.84E-06

Pop. Density ^2 -2.20E-10 * 1.06E-10 2.08 0.038 -4.27E-10 -1.24E-11

Retail Est. Density 3.20E-03 ** 9.51E-04 3.36 0.001 1.33E-03 5.06E-03

Retail Est. Density x During 1.09E-03 * 5.16E-04 2.11 0.035 7.85E-05 2.10E-03

Retail Est. Density. ^2 -1.49E-06 * 6.65E-07 2.24 0.025 -2.79E-06 -1.84E-07

Error variance 0.8761 0.1158 0.6762 1.1351

Log Pseudolikelihood -2904.1112

Coefficient 95% CI

(constrained)

Components of Accessibility

Coefficient 95% CI

 
Note: *** = significance at 0.1% level, ** = significance at 1% level, * = significance at 5% level, + = significance at 10% level 

Standard errors are robust 

 

Considering the factors that impact accessibility to retail, ZIP Codes with a high percentage 

of residents aged 65 or older tend to have lower accessibility, but this was only significant during 

the COVID-19 pandemic. ZIP Codes with a high percentage of Black respondents had higher 

accessibility to retail trips in the base case, but are expected to have lower accessibility after the 

pandemic. ZIP Codes with a high percentage of Asian respondents tended to have lower 

accessibility to retail than other ZIPs in the base case and even lower accessibility during the 
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COVID-19 pandemic. Household income was positively correlated with retail accessibility in the 

base case. The coefficient on population density is insignificant while the coefficient on the square 

of population density is negative, indicating that the relationship between population density and 

retail accessibility is nonlinear. Retail establishment density is positively correlated with retail 

establishment density in the base case and the during-pandemic interaction is positive as well. The 

coefficient on the square of retail establishment density in the base case is negative, indicating a 

nonlinear relationship between retail establishment density and accessibility. There is no realistic 

store density at which retail establishment density is negatively correlated with accessibility and 

accessibility peaks at approximately 1072 stores per square mile. 

 Table 20 shows the results of the in-person restaurant model. For the health latent variable, 

the coefficient for the base case is negative and insignificant. The during- and after-pandemic 

coefficients are negative and positive, respectively, with both being insignificant. The technology 

latent variable is positive in all cases, but only significant at a moderate level during the pandemic. 

The bargain latent variable has a negative coefficient in the base case and positive coefficients for 

both interactions. The during-pandemic interaction is significant at a moderate level, while the 

base case and after-pandemic coefficient are insignificant. Regardless of other factors, respondents 

are expected to have fewer restaurant trips after the pandemic when compared to the pre-pandemic 

case, with even fewer restaurant trips taken during the pandemic. 
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Table 20: In Person Shopping - Restaurants 

Variable Std. Err. z P>z

Health Latent -1.2079 1.0630 1.14 0.256 -3.2914 0.8755

Health Latent x During -0.6547 2.0042 0.33 0.744 -4.5827 3.2734

Health Latent x After 0.5935 1.5621 0.38 0.704 -2.4683 3.6552

Tech Latent 0.0417 0.1049 0.4 0.691 -0.1638 0.2473

Tech Latent x During 0.4147 * 0.2064 2.01 0.044 0.0102 0.8192

Tech Latent x After 0.1481 0.1605 0.92 0.356 -0.1665 0.4627

Bargain Latent -0.1106 0.2006 0.55 0.582 -0.5038 0.2827

Bargain Latent x During 0.8379 * 0.4237 1.98 0.048 7.37E-03 1.6684

Bargain Latent x After 0.1766 0.2748 0.64 0.520 -0.3619 0.7152

1 x During -1.0725 * 0.5124 2.09 0.036 -2.0768 -0.0682

1 x After -0.2651 + 0.1575 1.68 0.092 -0.5738 0.0436

Accessibility 1

Constant 0.9753 *** 0.2165 4.5 0.000 0.5510 1.3996

ln(α) -0.4714 0.2844 -1.0288 0.0860

Variable Std. Err. z P>z

% Age 65+ 0.0255 *** 7.25E-03 3.52 0.000 0.0113 0.0397

% Age 65+ x During -0.0520 + 0.0278 1.87 0.062 -0.1064 2.52E-03

% Black 0.0100 * 5.09E-03 1.97 0.049 5.22E-05 0.0200

% Black x After -0.0120 9.76E-03 1.23 0.218 -0.0311 7.11E-03

% Asian x During -0.0220 0.0182 1.21 0.228 -0.0578 0.0138

% Other x After 0.0180 + 9.20E-03 1.96 0.050 7.75E-07 0.0361

Household Income 2.78E-06 1.97E-06 1.41 0.159 -1.09E-06 6.65E-06

Population Density -3.11E-05 ** 1.06E-05 2.94 0.003 -5.19E-05 -1.04E-05

Restaurant Density 8.24E-03 *** 2.31E-03 3.57 0.000 3.71E-03 0.0128

Restaurant Density ^2 -5.85E-06 ** 2.12E-06 2.76 0.006 -1.00E-05 -1.70E-06

Error variance 0.2711 0.1421 0.0970 0.7574

Log pseudolikelihood -3081.2387

Components of Accessibility

Coefficient 95% CI

Coefficient 95% CI

(constrained)

 
Note: *** = significance at 0.1% level, ** = significance at 1% level, * = significance at 5% level, + = significance at 10% level 

Standard errors are robust 

 

Considering the factors that impact accessibility to restaurants, the coefficient for the 

percentage of individuals aged 65 or above in a ZIP Code is positive in the base case and negative 

in during the pandemic. The result of this is that ZIP Codes with a higher percentage of residents 

aged 65 or above had increased accessibility in the base case and reduced accessibility during the 

pandemic. Significance for both the base case was very high, while the during-pandemic 
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interaction had low significance. ZIP Codes with a higher percentage of Black residents had higher 

accessibility in the base case, but are expected to see lower accessibility after the pandemic. ZIP 

Codes with a higher percentage of Asian residents had decreased accessibility to restaurants, but 

only during the pandemic. ZIP Codes with a higher percentage of residents of another race are 

expected to have increased accessibility after the COVID-19 pandemic. Higher-income ZIPs had 

increased accessibility to restaurants. Increased population density in a ZIP code reduced 

accessibility at high significance. The coefficient for restaurant density was positive, while the 

coefficient for restaurant density squared was negative, indicating a nonlinear relationship between 

restaurant density and accessibility. Restaurant density had the largest positive correlation at 

approximately 705 restaurants per square mile, while there was no reasonable density at which 

restaurant density was negatively correlated with accessibility. 
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7. MODEL APPLICATION 

7.1. Introduction 

To demonstrate the methodology, a case study was performed on a region of New York. 

The case study region was the 12xxx block of ZIP codes, roughly corresponding to the eastern 

third of Upstate New York. This region was chosen because it includes the Albany metropolitan 

area, which the author has performed much analysis on, as well as a wide variety of environments 

and demographic groups ranging from dense urban environments to the most-rural communities 

of the eastern United States. Figure 10 shows the case study region. 

 
Figure 10: Case Study Region 

To demonstrate the method, two different cases that represent some of the possible combinations 

of online and in person shopping were analyzed. Case 1 considered only online shopping methods, 

while Case 2 considered only in-person shopping methods. For simplicity, each case gave an equal 
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weight to each type of shopping. Table 21 lists the test cases. These test cases are not intended to 

represent the universe of combinations, but rather an example of what the methodology is capable 

of. 

Table 21: Test Cases 

 Case 1 – 

Online 

Case 2 – 

In Person 

Online – Grocery 20% 0% 

Online – Prepared Foods 20% 0% 

Online – Home Goods 20% 0% 

Online – Medical Supplies 20% 0% 

Online – Other Goods 20% 0% 

In Person – Grocery 0% 25% 

In Person – Convenience Stores 0% 25% 

In Person – Other Retail 0% 25% 

In Person - Restaurants 0% 25% 

 

7.2. Procedure 

The process of applying the combined CSPCM/TOPSIS multicriteria ranking framework 

is relatively straightforward. Data from the United States Census Bureau was downloaded for each 

ZIP Code in the study area (61-65). Coefficients from the accessibility portion of each model were 

applied to this data to calculate each ZIP Code’s accessibility to a certain type of goods, either 

online or in person. The TOPSIS procedure normalizes the accessibility scores. The normalized 

accessibilities to each type of good are listed for each ZIP Code in Appendix B. Weights are then 

applied to the individual accessibilities and all nine are combined to produce a composite 

accessibility score for the ZIP Code. These accessibility scores are relative for each individual case 

and time period; accessibility scores cannot be compared between Cases 1 and 2 or between before, 

during, and after the COVID-19 pandemic. Composite accessibility scores for both cases are listed 

for each ZIP Code in Appendix C. 
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7.3. Results 

The methodology was applied to both test cases described above. For each test case, a set 

of maps showing the geographic distribution of accessibility scores is presented, followed by a set 

of tables showing the ten ZIP Codes with the highest and lowest accessibility scores for each case 

and time period (before, during, or after pandemic). Full results are in Appendix C. Outlier ZIP 

Codes were not omitted from the analysis. Figure 11 shows the results from Case 1, the online-

only test case. Before the pandemic is on the left, during the pandemic is in the middle, and after 

the pandemic is on the right. 

 
Figure 11: Case 1, Before/During/After COVID-19 Pandemic 

In these maps, white indicates the lowest 20% of accessibility scores, black is the highest 20%, 

and intermediate values are shades in between. Generally, accessibility increases with income or 

as one moves closer to a large population center, but this is a very general trend and many locations 
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go against this trend. To better understand the locations where accessibility to online shopping is 

high and low, the next three tables show the 10 ZIP Codes with the highest and lowest accessibility 

scores for Case 1. Table 22 is before the pandemic, Table 23 is during the pandemic, and Table 24 

is after the pandemic. 

Table 22: Case 1, Before Pandemic 

ZIP City County Accessibility

12204 Albany (North/Menands) Albany 0.6325

12482 South Cairo Greene 0.6235

12724 Callicoon Center Sullivan 0.6119

12416 Chichester Ulster 0.6112

12412 Boiceville Ulster 0.6068

12084 Guilderland Albany 0.5997

12998 Witherbee Essex 0.5897

12937 Fort Covington Franklin 0.5848

12417 Connelly Ulster 0.5807

12307 Schenectady (East Downtown) Schenectady 0.5789

ZIP City County Accessibility

12210 Albany (Lark Street/Arbor Hill) Albany 0.3385

12305 Schenectady (Downtown) Schenectady 0.3492

12575 Rock Tavern Orange 0.3517

12768 Parksville Sullivan 0.3543

12738 Glen Wild Sullivan 0.3575

12823 Cossayuna Washington 0.3592

12720 Bethel Sullivan 0.3644

12460 Oak Hill Greene 0.3665

12156 Schodack Landing Rensselaer 0.3692

12471 Rifton Ulster 0.3697

Highest 10

Lowest 10

 

Eight of the lowest 10 ZIP Codes for accessibility are all rural, while the seven of the highest ten 

are rural. Many of the rural high-accessibility communities are vacation colonies and most 

communities in this category are high-income, indicating a strong link between income and online 

shopping access. 
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Table 23: Case 1, During Pandemic 

ZIP City County Accessibility

12416 Chichester Ulster 0.7041

12204 Albany (North/Menands) Albany 0.6910

12937 Fort Covington Franklin 0.6641

12417 Connelly Ulster 0.6640

12307 Schenectady (East Downtown) Schenectady 0.6535

12482 South Cairo Greene 0.6372

12998 Witherbee Essex 0.6190

12084 Guilderland Albany 0.6050

12202 Albany (Southeast) Albany 0.6002

12304 Schenectady (East) Schenectady 0.5864

ZIP City County Accessibility

12720 Bethel Sullivan 0.2767

12768 Parksville Sullivan 0.2859

12515 Clintondale Ulster 0.3241

12575 Rock Tavern Orange 0.3253

12456 Mount Marion Ulster 0.3295

12738 Glen Wild Sullivan 0.3328

12460 Oak Hill Greene 0.3331

12767 Obernburg Sullivan 0.3353

12124 New Baltimore Greene 0.3376

12760 Long Eddy Delaware 0.3386

Highest 10

Lowest 10

 

During the pandemic, there was a noticeable shift compared to the pre-pandemic situation. Five of 

the highest ten ZIP Codes for accessibility score were in the inner Albany metropolitan area and 

the remainder were generally higher-income. All ten lowest ZIP Codes for accessibility score were 

rural, with most being lower-income. 
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Table 24: Case 1, After Pandemic 

ZIP City County Accessibility

12416 Chichester Ulster 0.6689

12417 Connelly Ulster 0.6574

12937 Fort Covington Franklin 0.6487

12204 Albany (North/Menands) Albany 0.6430

12482 South Cairo Greene 0.6382

12998 Witherbee Essex 0.6202

12724 Callicoon Center Sullivan 0.6077

12411 Bloomington Ulster 0.6005

12307 Schenectady (East Downtown) Schenectady 0.5936

12412 Boiceville Ulster 0.5915

ZIP City County Accessibility

12210 Albany (Lark Street/Arbor Hill) Albany 0.2945

12720 Bethel Sullivan 0.3021

12768 Parksville Sullivan 0.3094

12207 Albany (Downtown) Albany 0.3121

12305 Schenectady (Downtown) Schenectady 0.3199

12460 Oak Hill Greene 0.3459

12456 Mount Marion Ulster 0.3481

12515 Clintondale Ulster 0.3490

12575 Rock Tavern Orange 0.3502

12592 Wassaic Dutchess 0.3525

Highest 10

Lowest 10

 

The post-pandemic results for Case 1 are similar to the pre-pandemic results, suggesting a 

regression to the pre-pandemic condition when it comes to online shopping accessibility Three 

urban ZIPs are in the lowest ten, with each of these being near the centers of Albany and 

Schenectady. This may appear surprising, given how accessible these locations are to other 

services, but it reinforces that accessibility to online shopping is not necessarily linked to 

accessibility to other important necessities of modern life.  

Considering the results for all three time periods, it is evident that online shopping 

accessibility is complex and the result of many factors. The relative lack of public data on online 
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shopping compounds this, making accessibility very difficult to analyze. Improved data may 

improve the reliability of this methodology as it pertains to online shopping. 

Figure 12 shows the results from Case 2, the in person-only test case. 

   
Figure 12: Case 2, Before/During/After COVID-19 Pandemic 

As with Case 1, white indicates the lowest 20% of accessibility scores, black is the highest 20%, 

and intermediate values are shades in between. Again, accessibility increases with income or as 

one moves closer to a large population center. This trend is more apparent with in person shopping 

compared to online shopping, with relatively little black and dark gray in rural areas, while it is 

also more apparent during and after the pandemic. To better understand the locations where 

accessibility to in person shopping is high and low, the next three tables show the 10 ZIP Codes 
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with the highest and lowest accessibility scores for Case 2. Table 25 is before the pandemic, Table 

26 is during the pandemic, and Table 27 is after the pandemic. 

Table 25: Case 2, Before Pandemic 

ZIP City County Accessibility

12210 Albany (Lark Street/Arbor Hill) Albany 0.9236

12206 Albany (Central Ave Corridor) Albany 0.6254

12307 Schenectady (East Downtown) Schenectady 0.5574

12207 Albany (Downtown) Albany 0.4967

12202 Albany (Southeast) Albany 0.4838

12305 Schenectady (Downtown) Schenectady 0.4689

12821 Comstock Washington 0.4359

12929 Dannemora Clinton 0.4225

12051 Coxsackie Greene 0.4218

12952 Lyon Mountain (South) Clinton 0.4189

ZIP City County Accessibility

12416 Chichester Ulster 0.0706

12937 Fort Covington Franklin 0.1513

12417 Connelly Ulster 0.1942

12463 Palenville Greene 0.2322

12411 Bloomington Ulster 0.2340

12998 Witherbee Essex 0.2451

12482 South Cairo Greene 0.2504

12758 Livingston Manor Sullivan 0.2615

12914 Bombay Franklin 0.2734

12461 Olivebridge Ulster 0.2768

Highest 10

Lowest 10

 

The top six ZIP Codes in terms of pre-pandemic accessibility to stores were urban neighborhoods 

in Albany and Schenectady, with the areas around Lark Street and Central Avenue in Albany and 

State Street in Schenectady having much higher accessibility scores than anywhere else. This is 

not surprising, given the large number of stores in each of these ZIPs relative to the ZIP Code area. 

The next three ZIPs on the list, Comstock, Dannemora, and Coxsackie, are home to large state 

prisons that have demographic profiles similar to high-accessibility neighborhoods. Lyon 
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Mountain is adjacent to Dannemora, possibly influencing that accessibility score. Of the bottom 

ten ZIPs for accessibility to stores, all are rural. 

Table 26: Case 2, During Pandemic 

ZIP City County Accessibility

12210 Albany (Lark Street/Arbor Hill) Albany 0.9875

12750 Kenoza Lake Sullivan 0.8507

12823 Cossayuna Washington 0.8504

12156 Schodack Landing Rensselaer 0.8358

12952 Lyon Mountain (South) Clinton 0.8320

12206 Albany (Central Ave Corridor) Albany 0.8310

12202 Albany (Southeast) Albany 0.8306

12172 Stottville Columbia 0.8293

12929 Dannemora Clinton 0.8286

12821 Comstock Washington 0.8265

ZIP City County Accessibility

12441 Highmount Ulster 0.0051

12450 Lanesville Greene 0.0130

12416 Chichester Ulster 0.0749

12841 Huletts Landing Washington 0.0962

12786 White Lake Sullivan 0.1239

12482 South Cairo Greene 0.1616

12724 Callicoon Center Sullivan 0.2152

12412 Boiceville Ulster 0.2634

12858 Paradox Essex 0.2691

12874 Silver Bay Warren 0.2694

Highest 10

Lowest 10

 

Results during the pandemic include three urban ZIP Codes and seven rural ZIPs in the highest 10 

accessibility scores, while the lowest 10 are exclusively rural. Cossayuna, Kenoza Lake, Schodack 

Landing, and Stottville are all rural communities with few businesses, possibly indicating that 

these ZIPs have demographic profiles that are otherwise correlated with high accessibility and 

potentially reflecting that urban areas were more likely to have pandemic restrictions. 
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Table 27: Case 2, After Pandemic 

ZIP City County Accessibility

12210 Albany (Lark Street/Arbor Hill) Albany 0.8954

12206 Albany (Central Ave Corridor) Albany 0.6875

12307 Schenectady (East Downtown) Schenectady 0.6853

12202 Albany (Southeast) Albany 0.5901

12207 Albany (Downtown) Albany 0.5785

12929 Dannemora Clinton 0.5644

12821 Comstock Washington 0.5469

12305 Schenectady (Downtown) Schenectady 0.5383

12952 Lyon Mountain (South) Clinton 0.5329

12577 Salisbury Mills Orange 0.5195

ZIP City County Accessibility

12416 Chichester Ulster 0.1005

12441 Highmount Ulster 0.1038

12450 Lanesville Greene 0.1126

12841 Huletts Landing Washington 0.1245

12786 White Lake Sullivan 0.1340

12407 Ashland Greene 0.1531

12720 Bethel Sullivan 0.1624

12482 South Cairo Greene 0.1647

12412 Boiceville Ulster 0.1649

12032 Caroga Lake Fulton 0.1758

Highest 10

Lowest 10

 

Results after the pandemic are very similar to those before the pandemic. Nine of the 10 highest 

ZIPs are the same as in the before case, with the added ZIP being an exurb of New York City, 

while the 10 lowest ZIPs are rural communities. The post-pandemic rebound in accessibility 

indicates that the drop in accessibility to stores because of the pandemic was not necessarily 

permanent, with accessibility increasing once businesses reopen and people are comfortable 

shopping in person. 

While imperfect, this case study provides an example of how the methodology could be 

used to assess relative accessibility to shopping across a region. This methodology is scalable to a 



73 
 

wide range of scopes and region sizes dependent on the requirements of the analysis and the 

available data. With precise data, the CSPCM/TOPSIS methods could be used to determine 

accessibility on the level of census blocks or even smaller. Additionally, one could use this 

methodology to combine online and in-person shopping given the market share of each mode, 

estimating the total accessibility to shopping in a region.  
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8. DISCUSSION OF POLICY IMPLICATIONS 

8.1. Introduction 

The case study conducted for this dissertation shows a large discrepancy in accessibility to 

both in person and online shopping. While not all issues with the equity of shopping access can be 

fixed through policy, there are many levers that can be manipulated to promote equitable 

outcomes. Several of these levers will be discussed in this section, along with potential 

implications on accessibility. 

8.2. Income and Store Accessibility 

This dissertation and many previous studies have highlighted the link between household 

income and shopping accessibility. The discrepancy is most evident when it comes to food, but it 

is also present with other types of goods. As nonwhite neighborhoods are disproportionately low-

income compared to white neighborhoods, this also means that white neighborhoods have higher 

accessibility to stores and, because of this, addressing the inequity linked to income will also 

address the different options available to people of different races and ethnicities. Thus, targeting 

improvements to low-income neighborhoods will have the added benefit of improving racial 

equity in resource accessibility. 

Subsidies and tax incentives to encourage private investment in a community is an option, 

but there may be more effective methods to both improve accessibility and economic conditions 

in the community. Providing additional support to retail establishments with local ownership 

would keep money in the local communities, as would subsidies and cooperative buying groups to 

reduce the cost of goods. Such programs would be most impactful with access to full-service 

grocery stores, as many low-income and nonwhite communities lack the fresh food options present 

in wealthier and white communities, though benefits would be significant for other types of retail.  
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8.3. Impact of Store Closings in Rural Areas 

As accessibility in person shopping is highly dependent on the number of businesses 

located within a community, the sudden loss of a business due to economic decisions or disaster 

may result in a community with a high accessibility score declining to low accessibility. This is 

especially apparent when the lone store in a rural community closes due to lack of business, forcing 

the surrounding residents to travel a long distance to obtain basic goods when they formerly had a 

store in their community. Across Upstate New York, store closures by Kmart have left many 

communities without a general merchandise retailer, necessitating people to substitute other goods 

or travel longer distances to other stores. Several of the communities Kmart has left within the past 

five years are not large enough to support a Walmart or similar store. After Hurricane Irene hit the 

Schoharie Valley in August 2011, the village of Middleburgh, New York was left without a 

supermarket until January 2018, forcing area residents to drive 15 miles to Cobleskill to obtain 

basic groceries (68). This is not a problem restricted to New York; as rural areas depopulate across 

the United States and the retail business consolidates to larger and fewer stores, smaller locations 

are closed and rural residents may need to travel much further to obtain essential goods. As noted 

by Morton and Blanchard (2007), there are many rural counties across the country, particularly in 

the Great Plains, where the entire county meets the requirements to be designated a “food desert” 

(56). 

Solving the issue of rural retail is difficult given how widely rural communities can vary. 

Some are farming communities, while others are remote mountain towns. The most obvious 

solution to this problem is using subsidies or tax incentives that encourage retailers to locate or 

remain open in rural communities far from other options. But, to strengthen these communities in 

the best way possible, different policies may be better for a given region. Subsidies and tax 
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incentives could be targeted toward local entrepreneurs who want to run a locally-owned store to 

serve a community. This would increase the positive impact of the store on the local community. 

In some locations, a government-supported and locally-operated cooperative may be the best 

solution, particularly in regions where locally-grown and produced food is plentiful. This would 

provide many benefits, including providing an essential service for area residents, ensuring local 

farms can survive, and reducing the distance food must travel to reach stores. 

8.4. Online Shopping and Population Density 

The relationship between online shopping accessibility and population density is 

interesting because it is nonlinear. If all other factors are constant, accessibility to online shopping 

is highest in areas of medium population density, such as suburbs. There are several reasons for 

this. Many rural communities are outside the delivery range of delivery services or additional fees 

may be charged to serve these locations. Conversely, some urban communities are underserved 

due to various concerns by companies, including crime and perceived lack of business due to local 

demographics. 

Subsidies or tax incentives to encourage private investment in underserved areas is the 

easiest answer, but such programs alone may not be enough to encourage investment, particularly 

in rural areas. While it is impractical to provide door-to-door service in the most rural parts of the 

United States, targeted improvements such as subsidized parcel lockers at rural post offices and 

stores that can receive packages from any carrier would provide rural individuals a way to obtain 

nonperishable goods without risk of failed delivery. In recent months, DoorDash has been 

expanding its service area to include some rural areas, so improvement in this area may be 

imminent, but government and community-run delivery services may provide a solution to 

locations not served by commercial services. 
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8.5. The Case for Rural Parcel Lockers 

Many strategies have been discussed to reduce the negative effects of home delivery in 

urban areas, but what if some of these strategies could be used to increase rural accessibility? A 

prime example of such a strategy is the parcel locker. Parcel lockers are secure automated facilities 

that accept package deliveries and allow consumers to pick up packages at a time of their choosing. 

An example of a parcel locker service in widespread use today is Amazon Hub Locker, which 

allows Amazon shoppers to have purchases delivered to a locker. Most of these lockers are located 

in urban areas (66). 

A survey conducted by RPI in 2019 showed that, despite what one may believe, parcel 

lockers may have higher adoption rates among rural residents than urban residents (67). While this 

may appear strange, there is a logical explanation. Thanks to the proliferation of free and low-cost 

same-day and next-day home delivery, urban residents have been conditioned to expect convenient 

and immediate delivery. However, rural residents have no such expectation: as mentioned 

previously, 2-day delivery is unheard of in many rural communities, especially free 2-day delivery. 

Many rural residents lack reliable home mail delivery, instead relying on post office boxes at a 

nearby post office. Combined with other rural delivery issues, such as difficulty of finding some 

rural addresses, long travel distances, and variable road conditions, rural delivery adds large costs 

that carriers and shippers may either pass on to consumers or be unwilling to tolerate. Because of 

this, introduction of parcel lockers would result in a much lower cost to rural consumers, compared 

to the higher costs urban consumers may need to bear to use parcel lockers. 

The idea of rural parcel lockers would be to place these facilities in a central location easily 

accessible by a well-maintained paved road. Rural side roads may become impassable during poor 

weather conditions or high winds, making location along a paved road important. Governments 
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could facilitate this by allowing and encouraging parcel lockers to operate at government facilities, 

such as county courthouses and highway maintenance facilities. Subsidies and tax incentives could 

be provided to local businesses to encourage businesses to host parcel lockers on their properties. 

In addition to the important benefit of making online shopping cheaper and more accessible to 

rural residents, parcel lockers could provide the important benefit of reducing freight vehicle miles 

traveled and emissions, increasing the potential benefits policies encouraging lockers may provide. 

8.6. Online Shopping and Income 

Like many previous studies, the analysis in this dissertation found a strong positive 

correlation between income and online shopping. Though troubling, this is not surprising. While 

internet-based services are a necessity of modern life, the internet and computers are often viewed 

as a luxury instead of something that is required. There are several possible explanations for the 

correlation between income and accessibility, including lack of internet access and the fact that 

low-income individuals often live in places of very high or low density, which itself is correlated 

with lower accessibility. In places where high-speed internet is available, internet access could be 

improved through subsidies to low-income individuals, but in locations where high-speed internet 

does not exist due to lack of infrastructure, this is a harder problem to address. Internet 

infrastructure is installed and maintained by private companies, which will not install the necessary 

equipment unless they can receive a return on their investment. As such, many rural areas lack 

high-speed internet, including many parts of the case study area. 

Government funding may be the only way to increase online accessibility when internet 

access is the constraint. This could be in the form of subsidies to private companies or government-

run cooperatives, similar to the electric utility cooperatives created by the Rural Electrification 

Administration during the 1930s. The Rural Utilities Service already provides the federal 
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framework for such a program if funding were to be allocated and the success of previous utility 

programs could be used to ensure widespread access to high-speed internet. Expansion of subsidy 

programs to provide computer equipment to low-income individuals would increase accessibility 

to online shopping while also providing countless other opportunities to these communities, such 

as the possibility of remote or freelance work. 

8.7. Online Shopping and the Unbanked 

A less considered accessibility issue with online shopping is people who do not pay for 

goods with a credit or debit card. According to the Federal Reserve, 17% of U.S. adults did not 

have a credit card, with nearly half of adults with a family income under $25,000 not having one. 

5% of adults lacked a bank account, often a necessity of paying by card, while 16% of adults with 

a family income under $25,000 were unbanked (68). While prepaid credit and debit cards exist, 

they often carry additional fees and are inconvenient to use, creating a “poor tax”, and banks often 

require a minimum account balance that those in poverty may not be able to sustain. Even if online 

shopping can be obtained in a location, residents may lack the ability to use it by virtue of not 

being able to use an accepted payment method. 

Increasing accessibility to online shopping in low-income and rural areas requires policy 

changes targeting how people can manage their money and pay for goods. Due to the nature of 

online shopping, it is impossible for transactions to take place with cash as the sole means of 

payment, but it is possible to convert cash to other forms of payment. Subsidies and tax incentives 

to encourage banks to locate in low-income neighborhoods and rural communities would greatly 

increase access to banking for demographics that are more likely to be unbanked. To further 

increase access, these subsidies could be targeted toward banks that provide free checking to all 

customers and lack a minimum balance requirement. Understanding that not all people may be 
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comfortable using a bank, the government or social services organizations could subsidize the 

purchase of prepaid debit cards, allowing low-income individuals to convert their cash to a card 

usable online without added fees. For online grocery delivery, policies could be implemented that 

allow low-income individuals to pay for goods using SNAP or WIC benefits, potentially with 

subsidized fees.  

8.8. COVID-19 Pandemic and Policy Implications 

The COVID-19 pandemic resulted in major disturbances to how people obtain goods. 

While this dissertation will not fully discuss disaster policy, many policy measures that would 

increase accessibility in normal times would have significantly reduced the effects of the pandemic 

on disadvantaged groups had they been implemented earlier. Furthermore, policy decisions in 

certain regions may have caused disproportionate effects on different demographics. 

When considering the effects of the COVID-19 pandemic on retail, the most prominent 

and publicized effect was the closing of in-person retail locations. This meant that the only way to 

easily purchase certain types of goods in some regions was through online shopping. While online 

shopping is very convenient, accessibility to it is not equal. Access tends to be higher in urban 

areas than rural areas, as many online retailers and courier services only ship to profitable locations 

and long rural travel distances result in high shipping costs. There is also the issue mentioned 

above of how online shopping is inaccessible for the unbanked and those without credit cards. 

Increasing access to banking and non-cash payment methods would have greatly reduced the 

impact of store closures on low-income individuals, as would subsidizing various online shopping 

fees and allowing the use of SNAP and WIC benefits on delivery services. 

Another pandemic-related concern that must be considered is permanent closure due to 

decreased business. These retailers that closed tended to be disproportionately located in urban 
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areas, sometimes locations where there are few comparable businesses. While much of the world 

is getting back to normal, many of these closures will be felt permanently in their communities. 

With many employers switching to a remote or hybrid model permanently, the target audience of 

these stores may never return, reducing shopping options for local residents and making the 

community a less desirable place to live. Indeed, the case study presented in this dissertation shows 

that in person retail accessibility in urban areas tends to be lower during and after the pandemic 

compared to before the pandemic. There are policy changes that could address this. Many have 

proposed policies that encourage workers to return to offices, but given long-term trends and 

worker preferences, it is likely that remote work is here to stay and cities may need to adapt for 

this (69). If businesses are unable to rely on commuters to keep their doors open, government and 

nonprofit agencies may need to step in to ensure the community does not lose essential services. 

This could be in the form of tax incentives, subsidies, or nonprofit-operated retailers. In some 

cases, it may make sense for government assistance to help businesses that serve a significantly 

different demographic than the resident population move to be closer to their customers, clearing 

the way for businesses that serve the needs of the local community.  

The effect of the COVID-19 pandemic on resource accessibility in rural areas was entirely 

different from that in urban areas, but still a major concern. The most prominent issue facing rural 

areas was the relative lack of connectivity. Many rural communities lack affordable high-speed 

internet, making remote schooling difficult or impossible for large numbers of students. Lack of 

internet service also makes remote work impossible for individuals with computer-based 

employment. The presence or lack of internet service may have been a predictor of how well a 

community’s economy could withstand the pandemic, as many urban families moved to rural 

communities with internet access in 2020. Furthermore, as many of these communities also lack 
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reliable cell phone service, wireless-based internet is not a realistic alternative without major 

investment. The pandemic underscored the need to increase communications access in rural 

communities, as without the communications technologies present in urbanized areas, rural 

residents were unable to work, shop, or learn remotely to the same extent as urban residents.  

8.9. Summary 

While many examples of inequity are present in the ways people in the United States obtain 

goods, these issues are not irreparable. As with many concerns facing the world, increased or 

better-targeted funding would greatly improve accessibility to shopping in low-access 

communities. Several proven solutions are available which could provide tangible improvement 

not only for shopping accessibility, but to other issues facing these communities. 

Due to funding constraints, it may not be feasible to address all instances of low 

accessibility for all types of shopping. Because of this, investment should be targeted at where it 

could do the most impact for the local community. Locations with low accessibility scores for both 

in person and online shopping could be given priority for improvements, as could locations with 

low household income or vehicle ownership. It is infeasible for all rural locations to have 

accessibility scores comparable to urban areas for all types of shopping, but the discrepancies can 

be reduced by protecting small-town retail, improving internet access to these communities, and 

promoting local delivery services to bring goods from stores to nearby homes. Furthermore, it may 

be logical to ensure some types of goods have a higher “minimum accessibility”. To reduce strain 

on resources, governments could target “essential goods” such as fresh food and medical supplies 

with initial rounds of funding, then move onto “less essential” items as more funding becomes 

available.  
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9. CONCLUSIONS AND NEXT STEPS 

Inequalities in our society have been given increased attention in recent years, and that 

includes inequalities present in how people obtain goods. It has been known that accessibility to 

goods and services can vary significantly from place to place. Historically, most of the research in 

this area has concerned accessibility to in-person services, but the increased importance of the 

internet in modern life means that physical accessibility is no longer the only thing that needs to 

be considered. This dissertation presents a methodology that can be used to analyze accessibility 

to goods and services in a region not only for in-person shopping, but also online shopping and 

any combination of in-person and online shopping. When this methodology is applied to a region 

in New York State, it is apparent that in-person and online shopping accessibility are not always 

correlated, with different factors correlated with each. Some communities, such as those that are 

rural or low-income, are consistently underserved by both types of shopping, indicating a need for 

policy changes to improve equity in resource accessibility. 

Due to various constraints, there are several items in this dissertation that could be 

improved or refined with increased or improved data. When considering accessibility, a ZIP Code 

is a large geographic subdivision to use for analysis. ZIP Codes can cover areas several square 

miles in size, while accessibility can vary on a block-by-block basis. As many people are 

uncomfortable providing their address in an online survey, it was impossible to collect more 

specific location data from respondents. With other survey methods, such as those conducted by 

governments, it may be possible to obtain this better location data. Related to this are the issues 

presented by using a national survey population for a regional case study. As the survey used was 

part of a nationwide study, responses were collected from across the United States and then applied 

to New York. It is possible that effects present in other locations are not present in Upstate New 
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York. A survey targeted to the study region would produce results better tailored to the region and 

thus improve accuracy. Similarly, a smaller study region may produce results that are better 

tailored to a local area, but this requires data more precise than the ZIP Code level. An online 

survey by nature excludes individuals with poor internet access, so the analysis conducted here 

does not consider whether a location has good internet access. Additionally, the accessibility scores 

do not adjust for vehicle ownership in a region, which it is known has an impact on accessibility 

to stores.. 

The case study presented in this dissertation is a basic application of the methodology, but 

there are many directions in which further research could proceed. The method allows for analysis 

at any level of geography, so future research could utilize smaller geographical units, provided 

data that allows for this is available. Relative weights of each type of goods were set equal when 

computing the composite accessibility scores in the model application. Future studies could fine-

tune these weights to better reflect the importance of each type of good. While the application in 

this dissertation focuses on accessibility to shopping, the methodology could be used to assess 

relative accessibility to other important resources, including internet access and social services. 

Such an application may prove useful in determining where to target funding to areas with the 

greatest need. Furthermore, this dissertation does not consider potential effects of policy changes 

on accessibility. Future research could perform simulations to assess how new facilities or other 

infrastructure changes may affect resource accessibility in a given region. 
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Table 28: Accessibility by Good Type, Before Pandemic 

ZIP City County Grocery
Prep. 

Foods

Home 

Goods

Medical 

Supplies

Other 

Goods
Grocery

Conv. 

Stores

Other 

Retail

Rest-

aurant

12008 Alplaus Schenectady 0.5919 -0.0151 1.0260 1.6114 1.4852 -0.0196 -0.6705 0.3697 0.8285

12009 Altamont Albany 0.4863 0.0876 0.2772 1.2253 1.2868 -0.0515 -0.5965 0.4620 0.7236

12010 Amsterdam Montgomery 1.1601 0.0854 0.3991 0.6809 1.2631 -0.1648 -0.3280 0.3015 0.6488

12015 Athens Greene 1.0038 0.0091 0.9663 1.1043 1.1127 0.0141 -0.4214 0.3497 0.7908

12017 Austerlitz Columbia 0.9725 0.0817 0.5441 0.8332 1.2746 -0.0757 -0.4468 0.3308 0.8228

12018 Averill Park Rensselaer 0.5946 0.0042 0.2620 1.2947 1.3629 -0.0126 -0.6376 0.5261 0.8342

12019 Ballston Lake Saratoga 0.5751 0.1265 0.3376 1.4092 1.5467 -0.0684 -0.7182 0.5089 0.8592

12020 Ballston Spa Saratoga 0.3912 -0.0005 0.3271 1.2118 1.1487 -0.0163 -0.5570 0.4182 0.6477

12022 Berlin Rensselaer 1.3060 0.0099 0.8502 0.6411 1.1050 -0.0060 -0.3269 0.2713 0.9016

12023 Berne Albany 0.5178 -0.0113 0.3624 1.0448 1.0789 -0.0064 -0.4880 0.3932 0.6761

12025 Broadalbin Fulton 0.5284 0.0480 0.2412 0.8209 0.9818 -0.0366 -0.4199 0.3318 0.5950

12027 Burnt Hills Saratoga 0.3951 0.0063 0.1894 1.3970 1.3251 -0.0013 -0.6872 0.5377 0.7730

12028 Buskirk Rensselaer 0.4611 0.0999 0.0460 0.8500 1.0988 -0.0655 -0.4848 0.3803 0.6287

12029 Canaan Columbia 1.1795 0.0504 0.5173 1.2801 1.6509 -0.0597 -0.6346 0.5573 1.0528

12031 Carlisle Schoharie 1.5157 -0.1176 1.3275 0.6476 1.0029 0.0359 -0.2237 0.1837 0.9038

12032 Caroga Lake Fulton 1.6484 0.2523 1.5572 0.5459 1.4665 -0.1679 -0.3197 0.0384 1.0347

12033 Castleton Rensselaer 0.6724 0.0096 0.4209 1.0683 1.1937 -0.0212 -0.5154 0.4023 0.7457

12035 Central Bridge Schoharie 0.8136 0.0294 0.4217 0.7317 1.0107 -0.0155 -0.3850 0.3157 0.7133

12036 Charlotteville Schoharie 0.3470 0.0118 0.2939 0.7797 0.8168 -0.0126 -0.3737 0.2752 0.5034

12037 Chatham Columbia 1.1711 0.0387 0.7151 0.8824 1.1070 -0.0005 -0.3851 0.3787 0.8318

12041 Clarksville Albany 0.3190 0.1702 -0.4133 1.0235 1.3304 -0.1134 -0.6318 0.5118 0.6314

12042 Climax Greene 1.0675 0.0000 0.6595 1.0322 1.3225 0.0019 -0.5131 0.4246 0.9648

12043 Cobleskill Schoharie 0.8462 0.0267 0.4637 0.7997 0.9818 -0.0191 -0.3656 0.3388 0.6667
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12045 Coeymans Albany 1.1973 -0.0776 0.9789 0.9169 1.0608 0.0555 -0.3699 0.2936 0.8375

12046 Coeymans Hollow Albany 0.5683 0.0202 0.2096 1.1239 1.2480 -0.0201 -0.5721 0.4728 0.7707

12047 Cohoes Albany 0.9793 0.1452 0.3373 0.9177 1.1401 -0.0411 -0.4593 0.3403 0.6367

12051 Coxsackie Greene 1.1424 -0.2028 1.3537 1.7511 0.8366 0.2091 -0.3951 0.5928 0.7378

12052 Cropseyville Rensselaer 0.6547 0.0583 0.1927 0.9349 1.1844 -0.0372 -0.5089 0.4210 0.7482

12053 Delanson Schenectady 0.1104 -0.0371 0.0367 1.3319 1.1166 0.0053 -0.6134 0.5117 0.5970

12054 Delmar Albany 0.4253 0.0318 0.2930 1.5037 1.3707 -0.0013 -0.7071 0.5306 0.7718

12056 Duanesburg Schenectady 0.2083 -0.0608 0.0991 1.2409 1.1005 -0.0097 -0.5632 0.4646 0.5774

12057 Eagle Bridge Washington 0.5907 0.0358 0.3573 0.8163 1.0007 -0.0293 -0.4143 0.3154 0.6404

12058 Earlton Greene 0.3602 -0.0483 0.4159 1.1306 0.9457 0.0154 -0.4599 0.3820 0.5614

12059 East Berne Albany 0.3972 0.0150 0.2136 1.0657 1.0803 -0.0054 -0.5263 0.4217 0.6642

12060 East Chatham Columbia 1.0877 0.0152 0.6375 1.0735 1.3953 -0.0087 -0.5440 0.4481 0.9988

12061 East Greenbush Rensselaer 0.3610 0.0897 0.3255 1.3466 1.3419 -0.0508 -0.6597 0.4531 0.7269

12062 East Nassau Rensselaer 0.0348 0.0241 -0.0967 0.9554 0.8747 -0.0166 -0.4844 0.3877 0.4532

12064 East Worcester Otsego 1.9682 0.0894 1.1333 1.0225 1.3454 0.0191 -0.3763 0.5001 1.1158

12065 Clifton Park Saratoga 0.5020 0.1131 0.2958 1.3308 1.3619 -0.0717 -0.6506 0.4585 0.7085

12066 Esperance Schoharie 0.4857 -0.0115 0.3245 0.9565 0.9747 0.0039 -0.4483 0.3702 0.6286

12067 Feura Bush Albany 0.9162 -0.0025 0.5400 1.0738 1.3005 -0.0036 -0.5309 0.4391 0.9033

12068 Fonda Montgomery 0.6170 -0.0101 0.2830 0.9026 1.0876 -0.0529 -0.4304 0.3559 0.6195

12069 Fort Hunter Montgomery 1.1555 0.0000 0.7832 0.5692 0.9307 0.0124 -0.2794 0.2196 0.7685

12070 Fort Johnson Montgomery 1.0383 -0.0250 0.8652 0.8148 1.0391 0.0089 -0.3531 0.2711 0.7922

12071 Fultonham Schoharie 1.0403 0.0000 0.6779 0.7101 1.0347 0.0014 -0.3530 0.2920 0.8051

12072 Fultonville Montgomery 0.3710 0.0433 0.0511 0.7766 0.8689 -0.0435 -0.3860 0.3367 0.4714

12074 Galway Saratoga 0.7270 0.0641 0.3857 1.0442 1.3032 -0.0630 -0.5320 0.4070 0.7832

12075 Ghent Columbia 1.6365 0.0856 0.7884 0.9510 1.5665 -0.0756 -0.4756 0.4460 1.0901

12076 Gilboa Schoharie 1.2178 0.0307 0.7330 0.7487 1.2344 -0.0616 -0.3709 0.2985 0.8526
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12077 Glenmont Albany 0.3702 0.0967 0.2943 1.5187 1.4710 -0.0650 -0.7357 0.5257 0.7704

12078 Gloversville Fulton 0.9058 0.0581 0.4675 0.5743 0.9291 -0.0479 -0.2974 0.2462 0.6290

12083 Greenville Greene 0.6355 0.0313 0.2519 1.0191 1.2061 -0.0391 -0.5190 0.4273 0.7344

12084 Guilderland Albany 0.3784 0.3899 1.4535 1.2396 1.4619 -0.2561 -0.5789 -0.0210 0.5754

12085 Guilderland Center Albany 1.6573 0.2439 0.4356 0.4337 0.8984 -0.0242 -0.2942 0.3705 0.7032

12086 Hagaman Montgomery 1.2745 -0.0333 0.9010 0.9046 1.2416 0.0102 -0.4182 0.3387 0.9515

12087 Hannacroix Greene 0.2444 0.0000 0.0840 0.7909 0.7773 0.0021 -0.3941 0.3262 0.4736

12090 Hoosick Falls Rensselaer 0.6702 0.0146 0.3294 0.7074 0.9446 -0.0369 -0.3576 0.2916 0.5995

12092 Howes Cave Schoharie 2.0792 0.1683 0.9837 0.2217 1.3741 -0.1163 -0.2362 0.1945 1.1096

12093 Jefferson Schoharie 0.7440 -0.0113 0.4842 0.7139 0.9079 -0.0037 -0.3413 0.2833 0.6495

12094 Johnsonville Rensselaer 0.3987 -0.1168 0.4361 1.3238 1.0809 0.0453 -0.5432 0.4651 0.6731

12095 Johnstown Fulton 0.9000 0.0471 0.4363 0.8022 0.9802 -0.0170 -0.3656 0.3623 0.6737

12106 Kinderhook Columbia 0.9487 -0.0512 0.6914 1.2018 1.3440 0.0151 -0.5533 0.4488 0.9390

12108 Lake Pleasant Hamilton 2.2833 0.0065 1.5326 0.9734 1.7754 -0.0071 -0.4810 0.4065 1.4894

12110 Latham Albany 0.5769 0.0701 0.5616 1.2178 1.2066 -0.0648 -0.4884 0.3829 0.6866

12116 Maryland Otsego 1.4202 0.0085 0.9307 0.6396 1.1537 -0.0104 -0.3231 0.2669 0.9435

12117 Mayfield Fulton 0.5993 0.0027 0.3292 0.7412 0.8892 -0.0041 -0.3707 0.3082 0.6104

12118 Mechanicville Saratoga 0.6186 0.1164 0.3596 0.9895 1.2132 -0.0658 -0.5175 0.3546 0.6982

12120 Medusa Albany 0.7688 -0.0422 0.5585 0.9718 1.0246 0.0200 -0.4203 0.3734 0.7232

12121 Melrose Rensselaer 0.6593 -0.1380 0.6504 1.6589 1.4442 0.0406 -0.6805 0.5794 0.9052

12122 Middleburgh Schoharie 1.0639 0.0352 0.6891 0.6680 1.0693 -0.0418 -0.3322 0.2587 0.7652

12123 Nassau Rensselaer 0.4945 0.1373 -0.1745 1.0920 1.3153 -0.0755 -0.6135 0.5372 0.7133

12124 New Baltimore Greene 1.2232 -0.2489 1.3654 1.3171 1.2404 0.0832 -0.4414 0.3604 0.9526

12125 New Lebanon Columbia 0.5713 0.0163 0.3230 0.8654 1.0170 -0.0229 -0.4362 0.3438 0.6510

12131 North Blenheim Schoharie 1.5111 -0.0360 1.1214 0.6348 1.1126 0.0108 -0.2858 0.2371 0.9626

12134 Northville Fulton 0.8515 0.0212 0.4787 0.7446 1.0332 -0.0229 -0.3788 0.3135 0.7246
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12136 Old Chatham Columbia 1.5242 0.0891 0.7017 1.2826 1.8158 -0.0506 -0.6672 0.5879 1.2603

12137 Pattersonville Schenectady 0.4690 0.0020 0.4878 1.0858 1.0622 -0.0078 -0.4871 0.3611 0.6552

12138 Petersburg Rensselaer 0.5356 -0.0248 0.3570 0.8895 0.9429 -0.0013 -0.4093 0.3410 0.6090

12139 Piseco Hamilton 0.8395 0.0415 0.3824 0.8989 1.2010 -0.0279 -0.4788 0.3980 0.8160

12140 Poestenkill Rensselaer 0.6218 0.0680 0.1137 1.2065 1.3719 -0.0319 -0.6375 0.5369 0.8304

12143 Ravena Albany 0.5845 0.0080 0.2878 0.9224 0.9176 0.0181 -0.4237 0.3936 0.6206

12144 Rensselaer Rensselaer 0.7958 0.1223 0.3435 0.9856 1.2223 -0.0746 -0.4889 0.3820 0.6990

12147 Rensselaerville Albany 0.9487 0.0124 0.5450 1.0115 1.2438 -0.0003 -0.4983 0.4270 0.8871

12148 Rexford Saratoga 0.4651 0.0662 0.4052 1.5721 1.5418 -0.0497 -0.7393 0.5414 0.8408

12149 Richmondville Schoharie 0.7161 0.0643 0.3736 0.7556 0.9648 -0.0288 -0.3772 0.3198 0.6417

12150 Rotterdam Junction Schenectady 0.7669 -0.0613 0.5473 1.1582 1.1484 0.0193 -0.4923 0.3941 0.7067

12151 Round Lake Saratoga 0.2039 0.0602 -0.1154 1.2225 1.1967 -0.0278 -0.6417 0.5193 0.6369

12153 Sand Lake Rensselaer -0.2211 0.1880 -0.5238 0.9218 1.0230 -0.1238 -0.5621 0.4046 0.3628

12154 Schaghticoke Rensselaer 0.5353 0.0671 0.0825 0.9119 1.1175 -0.0456 -0.4956 0.4166 0.6683

12155 Schenevus Otsego 0.6355 0.0574 0.2018 0.6925 0.9795 -0.0505 -0.3818 0.3160 0.6092

12156 Schodack Landing Rensselaer -0.6287 -0.0101 -0.6650 1.8006 1.2912 -0.0055 -0.8847 0.7327 0.5117

12157 Schoharie Schoharie 0.6500 0.0102 0.3593 1.0035 1.0790 -0.0083 -0.4674 0.4060 0.6926

12158 Selkirk Albany 0.3709 0.0550 0.3480 1.2185 1.1683 -0.0294 -0.5647 0.4158 0.6514

12159 Slingerlands Albany 1.0258 0.1421 0.8385 1.2025 1.5701 -0.0891 -0.6027 0.3678 0.9614

12160 Sloansville Schoharie 0.6895 -0.0006 0.4656 0.9292 1.0556 -0.0164 -0.4293 0.3519 0.6853

12164 Speculator Hamilton 2.1008 -0.0028 1.4420 1.0450 1.6209 0.0256 -0.4704 0.4395 1.3853

12165 Spencertown Columbia 1.5760 0.0000 1.0021 1.2830 1.7472 0.0019 -0.6380 0.5284 1.3158

12166 Sprakers Montgomery 0.8330 0.0302 0.4927 0.5553 0.8760 -0.0237 -0.2926 0.2335 0.6414

12167 Stamford Delaware 1.2411 0.0085 0.9224 0.6626 1.0544 -0.0146 -0.3023 0.2379 0.8311

12168 Stephentown (East) Rensselaer 0.8348 0.0000 0.4929 0.9996 1.1987 0.0021 -0.4968 0.4108 0.8416

12169 Stephentown (West) Rensselaer -0.0961 0.0722 -0.4361 1.2407 1.1715 -0.0475 -0.6718 0.5575 0.5485
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12170 Stillwater Saratoga 0.2467 0.0028 0.0091 1.1747 1.1219 -0.0150 -0.5775 0.4783 0.6150

12172 Stottville Columbia -0.1500 0.0001 -0.1849 0.7100 0.4802 0.0270 -0.3452 0.2592 0.1962

12173 Stuyvesant Columbia 0.4524 0.0155 0.1315 0.9483 1.0291 -0.0354 -0.4591 0.3927 0.5768

12175 Summit Schoharie 0.7432 0.0484 0.7731 0.8858 1.0896 -0.0402 -0.4095 0.2495 0.7186

12177 Tribes Hill Montgomery -0.1674 0.0955 0.0051 1.5356 1.3114 -0.0461 -0.7590 0.4990 0.5907

12180 Troy (Main) Rensselaer 1.0310 0.1424 0.6233 1.0484 1.0585 -0.0412 -0.3851 0.3932 0.6289

12182 Troy (Lansingburgh) Rensselaer 1.0270 0.1081 0.3585 0.9264 0.9672 -0.0025 -0.3842 0.4327 0.6247

12183 Green Island Albany 0.8586 0.0161 0.5891 1.1454 0.9008 0.1028 -0.5026 0.3624 0.5641

12184 Valatie Columbia 0.8875 0.1032 0.2151 0.9337 1.3247 -0.0929 -0.5013 0.4361 0.7709

12185 Valley Falls Rensselaer 0.2956 0.0158 0.0674 1.0473 1.0477 -0.0100 -0.5286 0.4313 0.6131

12186 Voorheesville Albany 0.3821 0.0450 0.0946 1.3871 1.4012 -0.0299 -0.7016 0.5584 0.7918

12187 Warnerville Schoharie 0.7952 -0.0160 0.5281 0.7919 0.9836 0.0054 -0.3806 0.3155 0.7184

12188 Waterford Saratoga 0.3735 0.0560 0.1110 0.9713 1.0171 -0.0297 -0.4805 0.3595 0.5370

12189 Watervliet Albany 1.0404 0.2531 0.6769 0.9164 1.2032 -0.1008 -0.3684 0.2165 0.5939

12190 Wells Hamilton 0.6029 0.0000 0.3638 0.6767 0.8163 0.0027 -0.3316 0.2804 0.5832

12192 West Coxsackie Greene 0.9757 -0.0649 0.6849 1.0621 1.2588 -0.0094 -0.4770 0.3974 0.8587

12193 Westerlo Albany 0.9734 0.0090 0.6416 0.8391 1.1272 -0.0042 -0.4178 0.3351 0.8334

12194 West Fulton Schoharie 0.8106 0.0583 0.3627 0.4660 0.8473 -0.0388 -0.2759 0.2290 0.6080

12195 West Lebanon Columbia 1.2567 0.0000 0.8746 0.3937 0.8481 0.0021 -0.1953 0.1602 0.7580

12196 West Sand Lake Rensselaer 0.3112 -0.0309 0.1290 1.3545 1.1703 0.0297 -0.6359 0.5370 0.6969

12197 Worcester Otsego 1.3774 0.0999 0.6082 0.5346 1.2187 -0.0915 -0.3188 0.2798 0.8536

12198 Wynantskill Rensselaer 0.5344 0.0505 0.2246 1.0302 1.1654 -0.0368 -0.5306 0.3946 0.6733

12202 Albany (Southeast) Albany 2.7426 0.0927 2.0178 2.1702 0.6863 0.3868 0.3761 0.9051 0.8761

12203 Albany (West) Albany 0.9230 0.0305 0.6892 1.0730 0.9840 0.0058 -0.4394 0.3750 0.6766

12204 Albany (N/Menands) Albany 1.8354 0.4606 0.8981 1.3064 1.3850 -0.1147 -0.4108 0.5480 0.7910

12205 Albany (NW/Colonie) Albany 0.8195 0.0920 0.6629 1.0375 1.1664 -0.0677 -0.4986 0.3670 0.7619
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12206 Albany (Central Ave) Albany 2.2894 -0.0867 1.3776 1.7242 0.6197 0.2871 4.3739 0.8073 0.7912

12207 Albany (Downtown) Albany 2.8915 -0.6818 1.9392 1.5679 0.4414 0.3303 1.0383 0.9259 1.3833

12208 Albany (Southwest) Albany 0.9401 0.1126 0.6570 1.3699 1.2279 0.0099 -0.4765 0.3109 0.6086

12209 Albany (Delaware Ave) Albany 1.5173 0.0710 1.5241 1.8801 1.0800 0.1446 -0.3231 0.4630 0.6499

12210 Albany (Lark St) Albany 1.9942 -0.6536 1.2281 2.1310 0.4583 0.5077 10.0302 0.8757 0.9041

12211 Loudonville Albany 0.9224 0.1903 0.7710 1.4542 1.7346 -0.1054 -0.7400 0.4196 0.9695

12302 Scotia/Glenville Schenectady 0.7164 0.0059 0.3832 1.1091 1.1982 -0.0079 -0.5319 0.4303 0.7506

12303 Schenectady (South) Schenectady 1.1106 0.2715 0.3733 1.0403 1.3454 -0.1164 -0.4848 0.4076 0.6849

12304 Schenectady (East) Schenectady 1.6144 0.3190 0.4536 0.8765 1.2690 -0.1144 -0.1421 0.4303 0.7148

12305 Schenectady (Dwtn.) Schenectady 1.1860 -0.2587 0.5352 1.0598 0.5998 0.1240 1.7666 0.4995 0.6681

12306 Rotterdam Schenectady 0.8567 0.1084 0.3815 0.9829 1.1377 -0.0462 -0.4566 0.4055 0.6822

12307 Schenectady (E. Dwtn.) Schenectady 2.2459 0.3748 0.3319 1.2194 0.9119 0.1108 3.8396 0.6672 0.4657

12308 Schenectady (North) Schenectady 1.2510 0.2192 0.4981 1.2896 1.0623 0.0549 -0.4074 0.3908 0.4854

12309 Niskayuna Schenectady 0.4894 0.1683 0.4708 1.5981 1.5712 -0.0634 -0.7795 0.4616 0.7814

12401 Kingston Ulster 1.2304 0.0887 0.6273 0.9929 1.1729 -0.0644 -0.3817 0.4257 0.7287

12404 Accord Ulster 0.8110 0.1443 0.2444 0.5963 1.0745 -0.1268 -0.3433 0.2715 0.5853

12405 Acra Greene 1.1713 0.1106 0.7628 0.6280 1.2122 -0.0955 -0.3483 0.2196 0.8134

12407 Ashland Greene 2.1821 -0.0175 2.1464 0.7887 1.4085 -0.0145 -0.2591 0.1243 1.2306

12409 Bearsville Ulster 1.3574 0.0437 1.1721 1.2701 1.6627 -0.0364 -0.5985 0.4100 1.1755

12410 Big Indian Ulster 1.5318 0.0086 1.0042 0.5605 1.1516 -0.0243 -0.2817 0.2339 0.9474

12411 Bloomington Ulster 0.6862 0.6441 -1.4472 0.1165 1.6089 -0.4182 -0.5411 0.4351 0.5508

12412 Boiceville Ulster 2.5361 0.2801 1.6440 0.5938 1.9871 -0.1842 -0.4254 0.2175 1.4995

12413 Cairo Greene 0.7818 0.1576 0.0362 0.3821 0.9809 -0.1568 -0.2781 0.2295 0.4899

12414 Catskill Greene 1.5590 0.0197 1.1069 0.7898 1.0102 0.0191 -0.2580 0.3206 0.8520

12416 Chichester Ulster 2.5074 0.9167 -1.3066 -0.8672 2.5588 -0.9729 -0.1920 0.1571 0.6473

12417 Connelly Ulster 1.0636 0.9436 -1.9893 -0.0343 1.8696 -0.5364 -0.5899 0.5267 0.5448
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12418 Cornwallville Greene 0.4491 0.0588 0.0718 0.9728 0.9586 -0.0059 -0.4644 0.4459 0.5840

12419 Cottekill Ulster 0.2046 -0.0106 0.0532 0.9951 0.8705 0.0084 -0.4630 0.3923 0.4835

12420 Cragsmoor Ulster 0.2531 0.0000 0.0182 1.4041 1.3102 0.0022 -0.6981 0.5781 0.7588

12421 Denver Delaware 1.2720 0.0000 0.8196 0.9416 1.3319 0.0004 -0.4685 0.3890 1.0211

12423 East Durham Greene 0.8967 0.0044 0.6678 0.8603 0.9411 0.0084 -0.3474 0.3265 0.6854

12424 East Jewett Greene 1.8685 -0.0137 1.2975 0.8869 1.5085 0.0044 -0.4298 0.3568 1.2612

12428 Ellenville Ulster 1.2816 0.2658 0.2698 0.5703 1.4381 -0.2921 -0.3171 0.2774 0.6034

12430 Fleischmanns Delaware 1.2550 0.2393 0.3847 0.4509 1.4065 -0.2219 -0.3544 0.2313 0.7770

12431 Freehold Greene 0.5085 0.0566 0.0531 0.8498 1.0885 -0.0645 -0.4642 0.3844 0.6129

12432 Glasco Ulster 0.9440 0.0495 0.4872 0.2511 0.6938 -0.0420 -0.1538 0.1138 0.5118

12434 Grand Gorge Delaware 1.2624 0.0361 0.7516 0.4306 0.9595 -0.0244 -0.2468 0.2047 0.7951

12435 Greenfield Park Ulster 0.4094 -0.0328 0.2795 0.8573 0.8579 0.0103 -0.3991 0.3308 0.5569

12439 Hensonville Greene 1.7245 -0.0124 1.2064 0.4841 1.1185 0.0016 -0.2404 0.1982 1.0234

12440 High Falls Ulster 1.1145 0.0278 0.7627 1.2982 1.3331 0.0171 -0.5384 0.5178 0.9400

12441 Highmount Ulster 4.1470 0.0000 2.9856 0.4481 2.0807 0.0005 -0.2229 0.1848 2.1239

12442 Hunter Greene 2.2473 -0.0146 1.6336 0.4051 1.2452 0.0049 -0.1906 0.1584 1.2146

12443 Hurley Ulster 0.8666 -0.0257 0.5553 1.4400 1.4569 0.0047 -0.6376 0.5570 0.9299

12444 Jewett Greene 1.2342 0.0818 0.5876 0.6678 1.2447 -0.0603 -0.3904 0.3196 0.8938

12446 Kerhonkson Ulster 1.3120 0.2740 0.0380 0.4614 1.4265 -0.2118 -0.3895 0.3581 0.7970

12448 Lake Hill Ulster 1.7639 0.0000 1.0992 1.6205 2.1170 0.0013 -0.8061 0.6688 1.5594

12449 Lake Katrine Ulster 1.7348 0.3136 0.3084 0.5472 1.4919 -0.2013 -0.3125 0.3838 0.8642

12450 Lanesville Greene 4.0548 0.0000 2.8902 0.6814 2.2440 0.0007 -0.3389 0.2810 2.1883

12451 Leeds Greene 1.0680 0.0571 0.4426 0.7315 1.2401 -0.0940 -0.3891 0.3229 0.7611

12452 Lexington Greene 0.8621 0.0000 0.5332 0.8270 1.0634 0.0012 -0.4112 0.3406 0.7770

12454 Maplecrest Greene 0.0243 0.0000 -0.0675 0.7168 0.6257 0.0012 -0.3564 0.2950 0.3386

12455 Margaretville Delaware 1.8638 0.0614 1.1686 0.6958 1.4903 -0.0750 -0.3623 0.2868 1.1391
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12456 Mount Marion Ulster 0.4485 -0.1988 0.7099 1.4973 0.8180 0.1666 -0.4994 0.3869 0.4810

12457 Mount Tremper Ulster 1.4792 0.2010 0.5411 0.5060 1.3848 -0.1285 -0.3786 0.2987 0.9573

12458 Napanoch Ulster 1.7254 0.2800 0.4281 0.6800 1.4066 -0.1985 -0.3070 0.4237 0.7763

12460 Oak Hill Greene 0.2335 -0.0867 0.3274 0.5230 0.4025 0.0321 -0.1859 0.1471 0.2656

12461 Olivebridge Ulster 1.5004 0.3297 0.5235 0.7467 1.9089 -0.2947 -0.5300 0.3222 1.0184

12463 Palenville Greene 0.3022 0.5968 -1.4686 0.1551 1.3989 -0.4209 -0.4900 0.3822 0.3317

12464 Phoenicia Ulster 1.4387 -0.0097 0.9930 0.6826 1.1638 0.0030 -0.3331 0.2766 0.9733

12465 Pine Hill Ulster 1.4191 -0.0724 1.0960 0.7003 1.0975 0.0185 -0.3014 0.2479 0.9388

12466 Port Ewen Ulster 1.2262 0.0691 0.4340 0.8211 1.3365 -0.0575 -0.5562 0.3710 0.9075

12468 Prattsville Greene 1.6693 0.1056 0.8888 0.5645 1.3673 -0.0700 -0.3553 0.2850 1.0633

12469 Preston Hollow Albany 1.2317 -0.0090 0.8233 0.6580 1.0803 -0.0141 -0.3164 0.2623 0.8446

12470 Purling Greene 1.0710 0.0000 0.6849 0.8411 1.1590 0.0019 -0.4180 0.3455 0.8785

12471 Rifton Ulster 0.0370 -0.0873 0.1046 1.2797 0.9037 0.0591 -0.5540 0.4254 0.4616

12472 Rosendale Ulster 1.0352 -0.0268 0.7191 0.9050 1.1144 -0.0113 -0.4144 0.3454 0.8116

12473 Round Top Greene 1.2849 -0.0068 0.8827 0.6386 1.0621 0.0037 -0.3116 0.2572 0.8792

12474 Roxbury Delaware 1.3478 -0.0201 0.9697 0.7855 1.0580 0.0320 -0.3241 0.3179 0.8994

12477 Saugerties Ulster 0.9100 0.0594 0.3796 0.7189 1.1020 -0.0618 -0.3863 0.3186 0.7050

12481 Shokan Ulster 0.6964 0.1319 0.1621 0.5439 0.9908 -0.0870 -0.3608 0.2717 0.6062

12482 South Cairo Greene 2.9503 0.5062 0.5793 -0.2733 2.0387 -0.3980 -0.2419 0.2021 1.3357

12484 Stone Ridge Ulster 1.3569 0.3102 0.8354 0.6057 1.5812 -0.2243 -0.4319 0.1834 0.9443

12485 Tannersville Greene 1.1090 -0.0004 0.7914 0.7242 1.0870 -0.0095 -0.3673 0.2775 0.8538

12486 Tillson Ulster 0.5885 -0.0342 0.5046 1.5000 1.2153 0.0448 -0.6039 0.5381 0.7418

12487 Ulster Park Ulster 0.6365 0.0903 0.0532 0.8127 1.1215 -0.0952 -0.4351 0.3753 0.5866

12489 Wawarsing Ulster 1.9670 0.0961 1.0255 1.2515 1.0681 -0.0426 -0.1856 0.5784 0.6224

12491 West Hurley Ulster 0.6937 0.1661 -0.1141 0.7999 1.2978 -0.1241 -0.5146 0.4285 0.7005

12494 West Shokan Ulster 0.7883 -0.0410 0.5356 1.5112 1.3871 0.0451 -0.6533 0.6039 0.9382
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12495 Willow Ulster 0.1728 -0.0009 1.0309 1.4842 1.2799 -0.0729 -0.5824 0.2537 0.6205

12496 Windham Greene 1.4048 0.0502 0.7933 0.7840 1.3669 -0.0479 -0.4265 0.3462 1.0157

12498 Woodstock Ulster 1.5645 0.0896 1.0428 0.8570 1.3720 -0.0486 -0.4134 0.3393 1.0330

12501 Amenia Dutchess 1.0549 0.1008 0.2508 0.8493 1.4238 -0.1806 -0.4300 0.3833 0.6998

12502 Ancram Columbia 1.1121 0.0638 0.6919 1.0838 1.3244 -0.0177 -0.5022 0.4426 0.9279

12503 Ancramdale Columbia 1.4599 0.1323 0.6851 0.9051 1.5400 -0.1267 -0.4566 0.3996 0.9658

12504 Annandale-on-Hudson Dutchess -0.7229 0.2941 -0.4515 2.3459 1.9144 -0.1860 -1.1429 0.7331 0.5279

12507 Barrytown Dutchess 0.5105 0.0482 0.7190 1.2841 1.1132 -0.0059 -0.5154 0.3762 0.6650

12508 Beacon Dutchess 1.1789 -0.0249 0.7672 1.6700 1.2694 0.0398 -0.5422 0.6303 0.7597

12512 Chelsea Dutchess 1.4318 0.0000 0.9285 1.0426 1.4560 0.0111 -0.5154 0.4171 1.1173

12514 Clinton Corners Dutchess 0.9192 0.1052 0.5756 1.5125 1.7636 -0.0780 -0.7424 0.5642 1.0486

12515 Clintondale Ulster 0.4986 -0.2700 0.8114 1.8882 1.2883 0.0892 -0.6458 0.5840 0.7521

12516 Copake Columbia 0.9314 0.1006 0.4477 1.1125 1.5149 -0.0760 -0.6034 0.4549 0.9471

12518 Cornwall Orange 0.6915 0.0137 0.4152 1.2342 1.3146 -0.0504 -0.5622 0.4407 0.7268

12520 Cornwall-on-Hudson Orange 0.2188 -0.0511 0.2367 1.5387 1.2804 0.0073 -0.6948 0.5248 0.6750

12521 Craryville Columbia 1.4190 0.0408 0.8263 1.1748 1.6707 -0.0342 -0.6057 0.4915 1.1935

12522 Dover Plains Dutchess 1.0637 -0.0653 0.8470 0.9152 1.1946 -0.0542 -0.3666 0.2832 0.7522

12523 Elizaville Columbia 0.9038 0.0415 0.7004 0.8066 1.0817 -0.0402 -0.3749 0.2718 0.7294

12524 Fishkill Dutchess 1.0224 0.0255 0.9844 1.4916 1.4080 -0.0387 -0.5135 0.4521 0.8347

12525 Gardiner Ulster 0.2486 0.1102 -0.2868 0.8737 1.0862 -0.0860 -0.5206 0.4304 0.5334

12526 Germantown Columbia 0.8651 0.0403 0.4536 1.0197 1.2814 -0.0423 -0.5064 0.4159 0.8193

12528 Highland Ulster 0.8225 0.0199 0.4904 1.1661 1.2404 -0.0334 -0.5050 0.4460 0.7436

12529 Hillsdale Columbia 0.8666 -0.0473 0.5921 1.1829 1.3214 0.0030 -0.5487 0.4551 0.8956

12531 Holmes Dutchess 0.2697 0.1649 -0.3407 1.3598 1.5558 -0.1066 -0.7741 0.6225 0.7625

12533 Hopewell Junction Dutchess 0.4100 0.0956 0.2154 1.5360 1.4610 -0.0709 -0.7066 0.5548 0.7172

12534 Hudson Columbia 1.3249 0.1656 0.8187 0.8739 1.1872 -0.0729 -0.3592 0.3533 0.7937
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12538 Hyde Park Dutchess 0.9391 0.0662 0.7491 1.2517 1.3389 -0.0654 -0.5142 0.4063 0.7620

12540 Lagrangeville Dutchess 0.1028 0.0407 0.0731 1.7146 1.5093 -0.0599 -0.7955 0.6105 0.7086

12542 Marlboro Ulster 0.7877 -0.0325 0.6155 1.3384 1.2916 0.0083 -0.5705 0.4801 0.8199

12543 Maybrook Orange 0.8480 -0.1528 0.9972 1.8102 1.0539 0.1183 -0.5065 0.6102 0.6891

12545 Millbrook Dutchess 1.0881 0.1047 0.5243 1.1827 1.5034 -0.0848 -0.5600 0.4911 0.9063

12546 Millerton Dutchess 0.9160 -0.0021 0.7083 1.0684 1.2004 -0.0444 -0.4345 0.3695 0.7394

12547 Milton Ulster 0.1942 0.0101 -0.0116 1.2208 1.1094 -0.0226 -0.5812 0.4823 0.5664

12548 Modena Ulster 0.9966 -0.0618 0.7342 1.3492 1.1295 0.0489 -0.4697 0.5238 0.7676

12549 Montgomery Orange 0.7577 0.0541 0.2738 1.3893 1.4283 -0.0578 -0.6176 0.5719 0.7787

12550 Newburgh Orange 1.5739 0.0350 0.7107 1.4849 1.4304 -0.0876 -0.4316 0.6040 0.7166

12553 New Windsor Orange 1.0296 0.0194 0.7994 1.6284 1.4392 -0.0497 -0.5558 0.5337 0.7400

12561 New Paltz Ulster 0.7356 0.0326 0.5420 1.1480 1.2026 -0.0505 -0.4871 0.3999 0.6893

12563 Patterson Putnam 0.4394 -0.0481 0.3253 1.7732 1.3880 -0.0118 -0.6878 0.6431 0.6804

12564 Pawling Dutchess 0.7178 -0.0193 0.4879 1.4536 1.4320 -0.0538 -0.6053 0.5229 0.7709

12565 Philmont Columbia 0.6720 0.0296 0.3371 0.7158 0.8830 -0.0277 -0.3651 0.2772 0.5625

12566 Pine Bush Ulster 0.4921 -0.0436 0.2758 1.2342 1.1047 -0.0003 -0.5201 0.4777 0.6283

12567 Pine Plains Dutchess 0.7989 0.0067 0.5164 0.8172 1.0428 -0.0235 -0.3916 0.3150 0.7046

12569 Pleasant Valley Dutchess 0.5490 0.1356 -0.0090 1.1036 1.3398 -0.1074 -0.5842 0.4830 0.6713

12570 Poughquag Dutchess 0.4019 -0.0240 0.3282 1.5976 1.3601 -0.0042 -0.6833 0.5729 0.7355

12571 Red Hook Dutchess 0.5899 0.0476 0.3428 1.2030 1.2652 -0.0443 -0.5622 0.4569 0.7266

12572 Rhinebeck Dutchess 1.3764 0.0542 0.9331 1.0799 1.5170 -0.0534 -0.5163 0.4045 1.0533

12575 Rock Tavern Orange -0.0797 -0.3203 0.3803 2.7241 1.5676 0.0871 -0.9378 0.9039 0.6742

12577 Salisbury Mills Orange 0.0804 0.0192 -0.2338 2.2004 1.5431 0.0456 -0.9455 0.9340 0.7821

12578 Salt Point Dutchess 0.5220 0.1524 -0.0256 1.2321 1.5138 -0.0984 -0.6944 0.5464 0.8243

12580 Staatsburg Dutchess 0.9687 0.0641 0.4919 0.9642 1.2702 -0.0564 -0.4707 0.3951 0.7999

12581 Stanfordville Dutchess 0.5186 0.0092 0.2713 1.1311 1.2810 -0.0812 -0.5350 0.4129 0.6618
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12582 Stormville Dutchess 0.9716 0.1605 0.2732 1.8739 1.5709 -0.0171 -0.7342 0.8232 0.8537

12583 Tivoli Dutchess 0.2312 0.0228 0.1009 1.2568 1.2271 -0.0476 -0.6114 0.4643 0.6306

12585 Verbank Dutchess 1.0464 0.0260 0.7417 1.5756 1.2079 0.0975 -0.5719 0.6529 0.9009

12586 Walden Orange 0.5349 -0.0909 0.4772 1.6163 1.1429 0.0359 -0.5661 0.5724 0.6080

12589 Wallkill Ulster 0.6613 -0.0017 0.4521 1.5442 1.2579 -0.0277 -0.5550 0.5637 0.6255

12590 Wappingers Falls Dutchess 0.7082 0.0740 0.4864 1.4563 1.4805 -0.0929 -0.6312 0.4793 0.7259

12592 Wassaic Dutchess 0.4638 -0.1731 0.8199 1.2387 0.7629 0.0838 -0.3686 0.3518 0.5129

12594 Wingdale Dutchess 0.4778 -0.0859 0.3368 1.2683 1.1034 -0.0336 -0.4783 0.4482 0.5344

12601 Poughkeepsie (Main) Dutchess 1.7386 0.0876 0.7980 1.3159 1.0121 0.0513 -0.3050 0.6431 0.7535

12603 Arlington Dutchess 0.9168 0.0401 0.6776 1.6776 1.4160 0.0051 -0.6386 0.5878 0.8110

12701 Monticello Sullivan 1.9265 0.1472 1.0024 1.0144 1.4229 -0.1653 -0.2745 0.4299 0.7772

12719 Barryville Sullivan 0.9542 -0.0207 0.6834 1.1000 1.2092 0.0086 -0.4786 0.4205 0.8499

12720 Bethel Sullivan 1.0082 -0.6883 2.2068 1.9994 1.1495 0.1962 -0.4255 0.3533 0.8612

12721 Bloomingburg Sullivan 0.3649 0.1496 -0.3264 1.0369 1.3375 -0.1668 -0.5704 0.4797 0.5284

12723 Callicoon Sullivan 1.3900 0.1400 0.5817 0.8476 1.2959 -0.1134 -0.3609 0.4040 0.7842

12724 Callicoon Center Sullivan 2.8121 0.3194 1.3218 0.5209 2.1813 -0.2129 -0.4658 0.3309 1.6282

12725 Claryville Ulster 1.3117 0.1084 0.7087 0.9766 1.6252 -0.1254 -0.5258 0.3864 1.0177

12726 Cohecton Sullivan 1.2568 0.1825 0.2905 0.5956 1.2075 -0.1284 -0.3360 0.3603 0.7350

12729 Cuddebackville Orange 1.1945 -0.0388 1.0501 1.2814 0.8404 0.1135 -0.3269 0.4920 0.7124

12732 Eldred Sullivan 0.9621 -0.0195 0.6974 0.7250 1.0098 -0.0155 -0.3334 0.2651 0.7347

12734 Ferndale Sullivan 1.3714 -0.1882 1.2266 1.0694 1.3270 -0.0331 -0.3576 0.2948 0.8748

12737 Glen Spey Sullivan 0.3796 0.0147 0.2041 1.1368 1.1445 -0.0490 -0.5237 0.4237 0.5996

12738 Glen Wild Sullivan -0.1572 -0.0647 -0.0586 0.8797 0.5976 0.0202 -0.3835 0.3171 0.2787

12740 Grahamsville Sullivan 0.7469 -0.0004 0.3708 1.0401 1.1498 -0.0343 -0.4583 0.4254 0.6896

12741 Hankins Sullivan 0.9029 -0.0459 0.6992 0.7379 0.8835 0.0239 -0.3092 0.2749 0.6932

12743 Highland Lake Sullivan 1.2564 0.0090 0.8456 0.9040 1.2888 -0.0141 -0.4343 0.3543 0.9615
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12745 Hortonville Sullivan 2.4065 0.1516 1.2780 0.2472 1.4889 -0.0995 -0.2371 0.1947 1.2720

12746 Huguenot Orange 0.5126 0.1625 0.3063 0.8357 1.1921 -0.1278 -0.4669 0.2798 0.6157

12747 Hurleyville Sullivan 0.8677 0.2505 1.2255 0.8156 1.2163 -0.1975 -0.3277 0.0463 0.5894

12748 Jeffersonville Sullivan 0.7317 -0.0354 0.5477 1.0620 1.1581 -0.0221 -0.4654 0.3787 0.7212

12750 Kenoza Lake Sullivan -0.4781 0.0093 -0.5394 1.6737 1.0716 0.0309 -0.7708 0.7036 0.4523

12751 Kiamesha Lake Sullivan 0.7499 0.1549 0.1081 0.6753 0.9839 -0.1551 -0.2963 0.3042 0.3865

12752 Lake Huntington Sullivan 0.4412 0.0000 0.2716 0.6188 0.5991 0.0240 -0.2700 0.2532 0.4261

12754 Liberty Sullivan 1.4241 0.0751 0.7522 0.8613 1.1627 -0.1012 -0.2807 0.3612 0.6781

12758 Livingston Manor Sullivan 1.4802 0.5045 -0.3821 -0.0085 1.5293 -0.3472 -0.3362 0.2931 0.7756

12759 Loch Sheldrake Sullivan 1.0720 0.1890 0.0032 0.4073 1.0494 -0.2359 -0.1963 0.2613 0.3645

12760 Long Eddy Delaware 1.2655 -0.2511 1.3837 1.2913 1.2842 0.0609 -0.4315 0.3582 0.9729

12762 Mongaup Valley Sullivan 1.0720 -0.0634 0.8028 0.8492 1.1121 -0.0087 -0.3630 0.2985 0.7967

12763 Mountain Dale Sullivan 0.9726 -0.1117 0.8383 0.6807 0.8514 -0.0171 -0.2176 0.1972 0.5829

12764 Narrowsburg Sullivan 1.2592 0.0902 0.8715 0.6981 1.1463 -0.0555 -0.3300 0.2587 0.8326

12765 Neversink Sullivan -0.1259 0.0124 -0.2788 1.1643 0.9640 -0.0118 -0.5801 0.4871 0.4554

12766 North Branch Sullivan 1.7996 0.0000 1.2233 0.8031 1.4247 0.0017 -0.3992 0.3301 1.1987

12767 Obernburg Sullivan 0.3223 -0.1170 0.4008 1.0689 0.8813 0.0352 -0.4341 0.3591 0.5473

12768 Parksville Sullivan 0.6193 -0.3841 1.2152 1.5152 1.0194 0.1000 -0.4331 0.3595 0.6750

12770 Pond Eddy Sullivan 0.9918 -0.0654 0.9425 0.8138 1.0756 -0.0565 -0.3040 0.2017 0.6768

12771 Port Jervis Orange 0.8710 0.1425 0.3834 0.7794 1.1834 -0.1389 -0.3869 0.2923 0.6030

12775 Rock Hill Sullivan 1.1524 -0.0167 1.0632 1.8027 1.6134 0.0226 -0.6847 0.6256 1.0599

12776 Roscoe Sullivan 1.2337 -0.1289 1.0895 1.0081 1.1902 0.0101 -0.3708 0.3173 0.8743

12777 Forestburgh Sullivan 1.2339 -0.0376 0.8880 1.3763 1.5501 0.0164 -0.6101 0.5297 1.1095

12779 South Fallsburg Sullivan 2.4917 0.0313 1.4563 1.0020 1.4745 -0.0942 -0.2166 0.4344 0.9993

12780 Sparrow Bush Orange 0.7271 0.0528 0.2851 0.7368 0.9394 -0.0298 -0.3610 0.3360 0.6080

12781 Summitville Sullivan 1.9523 -0.0463 1.1556 1.4347 1.7316 -0.1294 -0.4213 0.5452 0.9576

Online In Person

 



 

 

1
2
3
 

ZIP City County Grocery
Prep. 

Foods

Home 

Goods

Medical 

Supplies

Other 

Goods
Grocery

Conv. 

Stores

Other 

Retail

Rest-

aurant

12783 Swan Lake Sullivan 0.8339 -0.0770 0.7572 1.2890 1.1324 0.0216 -0.4613 0.4452 0.7277

12785 Westbrookville Sullivan 1.2518 -0.0479 0.9707 1.4548 1.4819 0.0067 -0.5583 0.5308 0.9993

12786 White Lake Sullivan 3.4497 -0.0463 2.5367 0.8787 2.0996 0.0141 -0.4004 0.3330 1.9648

12787 White Sulphur Springs Sullivan 0.7515 0.0330 0.5663 1.1322 1.3246 -0.0276 -0.5624 0.4080 0.8684

12788 Woodbourne Sullivan 1.1392 0.1697 0.2157 1.2425 1.3139 -0.0940 -0.4710 0.6164 0.6770

12789 Woodridge Sullivan 0.8981 0.1737 -0.0732 0.6106 1.1400 -0.1819 -0.3349 0.3578 0.5012

12790 Wurtsboro Sullivan 0.6308 0.0133 0.3880 1.0999 1.1738 -0.0446 -0.4891 0.4112 0.6691

12791 Youngsville Sullivan 0.7873 0.2676 0.1407 0.9240 1.3664 -0.1387 -0.5336 0.4278 0.7457

12792 Yulan Sullivan 0.6450 0.0123 0.4388 0.6213 0.8051 -0.0052 -0.3083 0.2385 0.5778

12801 Glens Falls Warren 0.6926 -0.0914 0.2628 0.8677 0.8064 0.0565 -0.2441 0.3082 0.5370

12803 South Glens Falls Saratoga 0.5995 -0.0030 0.2193 0.8390 0.9084 0.0204 -0.4248 0.3389 0.5906

12804 Queensbury Warren 0.7061 0.0076 0.4279 1.0224 1.1286 -0.0058 -0.4972 0.4006 0.7458

12808 Adirondack Warren 2.1257 0.1352 1.0712 0.6606 1.7040 -0.0904 -0.4310 0.3578 1.3312

12809 Argyle Washington 0.8360 0.0380 0.4341 0.6892 0.9981 -0.0260 -0.3645 0.2997 0.6998

12810 Athol Warren 0.9892 0.0093 0.5946 0.7978 1.0902 -0.0100 -0.3895 0.3354 0.7984

12811 Bakers Mills Warren 0.7370 0.1999 -0.1137 0.4346 1.0642 -0.1323 -0.3670 0.3031 0.6025

12812 Blue Mountain Lake Hamilton 0.2198 0.0000 0.0466 0.9566 0.9157 0.0001 -0.4761 0.3957 0.5420

12814 Bolton Landing Warren 1.7301 0.0703 0.9599 0.6967 1.3036 -0.0402 -0.3349 0.3421 1.0305

12815 Brant Lake Warren 1.3215 0.1085 0.5671 0.5624 1.2436 -0.0772 -0.3607 0.2988 0.8977

12816 Cambridge Washington 1.1484 0.0411 0.7790 0.8169 1.1747 -0.0271 -0.3902 0.3147 0.8574

12817 Chestertown Warren 1.0938 -0.0045 0.7493 0.9044 1.2115 -0.0002 -0.4399 0.3569 0.9106

12819 Clemons Washington 0.6702 0.1014 0.0928 0.7747 1.1415 -0.0678 -0.4623 0.3839 0.6995

12821 Comstock Washington 1.7286 -0.0728 1.3974 2.7534 1.1410 0.2623 -0.5632 1.1188 0.8399

12822 Corinth Saratoga 0.6646 0.0268 0.3053 0.7574 0.9572 -0.0196 -0.3865 0.3278 0.6357

12823 Cossayuna Washington -0.5074 0.0000 -0.4850 0.9515 0.6091 0.0019 -0.4729 0.3912 0.1990

12824 Diamond Point Warren 0.5041 -0.0301 0.2918 1.3513 1.2820 0.0185 -0.6320 0.5370 0.8064
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12827 Fort Ann Washington 0.6417 0.0528 0.3731 0.9163 1.0562 -0.0269 -0.4439 0.3656 0.6746

12828 Fort Edward Washington 0.5773 0.0298 0.2261 0.7946 0.9656 -0.0164 -0.4178 0.3433 0.6256

12831 Gansevoort Saratoga 0.1464 0.0157 -0.0197 1.1901 1.0835 -0.0167 -0.5815 0.4680 0.5659

12832 Granville Washington 0.9416 0.0693 0.5320 0.5108 0.9461 -0.0503 -0.2921 0.2167 0.6766

12833 Greenfield Center Saratoga 0.4765 0.1246 -0.0172 0.9613 1.2301 -0.0842 -0.5470 0.4325 0.6679

12834 Greenwich Washington 0.6990 0.0262 0.4094 0.9357 1.1249 -0.0214 -0.4708 0.3738 0.7414

12835 Hadley Saratoga 1.3566 0.0618 0.7237 0.6884 1.2475 -0.0411 -0.3779 0.3230 0.9424

12836 Hague Warren 1.5462 0.0110 1.0443 0.8813 1.4247 -0.0231 -0.4349 0.3472 1.1013

12837 Hampton Washington 0.4648 0.0131 0.2025 0.8214 0.9189 -0.0070 -0.4176 0.3442 0.5899

12838 Hartford Washington 1.3249 0.0164 0.8202 0.8587 1.3045 -0.0070 -0.4385 0.3604 1.0047

12839 Hudson Falls Washington 0.5224 0.0641 0.0737 0.6842 0.8652 -0.0456 -0.3637 0.3153 0.4946

12841 Huletts Landing Washington 3.6518 0.0000 2.5958 0.6725 2.0724 0.0004 -0.3346 0.2778 1.9984

12842 Indian Lake Hamilton 2.1760 0.1162 1.2124 0.6080 1.6230 -0.0755 -0.3809 0.3141 1.3159

12843 Johnsburg Warren 0.7202 0.0959 0.1911 0.3347 0.7788 -0.0698 -0.2379 0.1974 0.5116

12844 Kattskill Bay Washington 1.8917 0.0092 1.2292 1.2340 1.6834 0.0156 -0.5502 0.5182 1.3296

12845 Lake George Warren 1.2306 0.0013 0.7973 0.8292 1.2091 -0.0192 -0.4073 0.3445 0.9219

12846 Lake Luzerne Warren 0.8660 -0.0080 0.5533 0.7973 1.0185 0.0036 -0.3869 0.3246 0.7510

12847 Long Lake Hamilton 1.6281 -0.0122 1.1058 1.0476 1.4300 0.0140 -0.4564 0.4294 1.1373

12850 Middle Grove Saratoga 0.5600 0.0031 0.2921 1.1598 1.1840 0.0013 -0.5547 0.4718 0.7521

12851 Minerva Essex 1.1540 0.0615 0.5929 0.5618 1.0775 -0.0412 -0.3262 0.2710 0.8126

12852 Newcomb Essex 2.2857 0.0804 1.4097 0.6150 1.6034 -0.0568 -0.3514 0.2884 1.3461

12853 North Creek Warren 1.4444 0.1123 0.8051 0.4131 1.1385 -0.0814 -0.2642 0.1980 0.8655

12855 North Hudson Essex 1.0582 -0.0023 0.6974 0.5760 0.9416 -0.0104 -0.2826 0.2349 0.7403

12856 North River Warren 0.5056 0.0000 0.2914 0.6615 0.7776 0.0001 -0.3292 0.2735 0.5383

12857 Olmstedville Essex 0.9426 -0.0072 0.6085 0.8386 1.0976 0.0026 -0.4112 0.3412 0.8154

12858 Paradox Essex 2.6544 0.0000 1.7841 1.3471 2.2471 0.0004 -0.6703 0.5568 1.8474
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12859 Porter Corners Saratoga -0.1908 -0.0094 -0.2751 1.3393 1.0534 0.0071 -0.6574 0.5420 0.5113

12860 Pottersville Warren 1.3435 0.1019 0.6542 0.8324 1.4300 -0.0639 -0.4731 0.3870 1.0196

12861 Putnam Station Washington 1.2760 0.0569 0.7653 0.8082 1.3161 -0.0384 -0.4328 0.3399 0.9733

12863 Rock City Falls Saratoga 0.0351 0.0000 -0.1374 1.3891 1.1912 0.0085 -0.6887 0.5638 0.6365

12865 Salem Washington 0.8484 0.0357 0.4423 0.7251 1.0196 -0.0258 -0.3743 0.3149 0.7113

12866 Saratoga Springs Saratoga 0.7067 0.0395 0.4717 1.1857 1.2870 -0.0313 -0.5788 0.4389 0.8019

12870 Schroon Lake Essex 1.0576 0.0088 0.6648 0.6697 1.0251 -0.0059 -0.3394 0.2832 0.7976

12871 Schuylerville Saratoga 0.3767 -0.0156 0.2229 0.9731 0.9272 0.0063 -0.4532 0.3801 0.5707

12873 Shushan Washington 0.8558 -0.0066 0.5236 0.8709 1.0977 -0.0085 -0.4216 0.3520 0.7686

12874 Silver Bay Warren 2.6603 0.0583 1.6418 1.1043 2.1549 -0.0389 -0.5936 0.4932 1.7580

12878 Stony Creek Warren 1.0120 -0.0208 0.7715 0.8621 1.0243 0.0201 -0.3671 0.3263 0.7913

12883 Ticonderoga Essex 1.0812 0.0413 0.6364 0.5902 1.0141 -0.0263 -0.3172 0.2576 0.7737

12884 Victory Mills Saratoga 0.3743 -0.0369 0.2795 0.9516 0.7353 0.0634 -0.4009 0.3168 0.4425

12885 Warrensburg Warren 0.8998 0.0095 0.5479 0.7054 0.9433 -0.0012 -0.3381 0.2988 0.7071

12886 Wevertown Warren 1.0076 0.0000 0.6454 0.7786 1.0826 0.0006 -0.3873 0.3213 0.8233

12887 Whitehall Washington 0.4715 0.0402 0.1252 0.7349 0.9048 -0.0303 -0.3942 0.3285 0.5577

12901 Plattsburgh Clinton 0.6947 0.0761 0.3580 0.6837 0.8812 -0.0406 -0.3418 0.2842 0.5690

12903 Plattsburgh (Oval) Clinton 1.2300 0.1890 0.6635 0.9675 1.3916 -0.0451 -0.5275 0.3014 0.8392

12910 Altona Clinton 0.9062 0.1689 0.1907 0.7705 0.9874 -0.0786 -0.3386 0.4068 0.5641

12912 Au Sable Forks Clinton 0.6845 0.0315 0.3199 0.6820 0.9334 -0.0240 -0.3627 0.3008 0.6352

12913 Bloomingdale Essex 0.4876 0.0255 0.1989 0.6532 0.8135 -0.0185 -0.3434 0.2839 0.5281

12914 Bombay Franklin 0.9838 0.4580 -0.6232 0.0739 1.3568 -0.3065 -0.3777 0.3042 0.6354

12916 Brushton Franklin 0.9464 0.1271 0.2538 0.6237 1.1431 -0.0803 -0.3944 0.3329 0.7466

12917 Burke Franklin 0.7142 0.0610 0.2434 0.8017 1.0011 -0.0416 -0.3903 0.3684 0.6202

12918 Cadyville Clinton 0.9588 0.0729 0.3629 0.7697 1.1925 -0.0669 -0.4186 0.3592 0.7677

12919 Champlain Clinton 0.3345 0.0154 0.1431 0.6896 0.7592 -0.0138 -0.3524 0.2836 0.4675

Online In Person

 



 

 

1
2
6
 

ZIP City County Grocery
Prep. 

Foods

Home 

Goods

Medical 

Supplies

Other 

Goods
Grocery

Conv. 

Stores

Other 

Retail

Rest-

aurant

12920 Chateauguay Franklin 0.5283 0.0230 0.2389 0.7563 0.8941 -0.0217 -0.3771 0.3195 0.5666

12921 Chazy Clinton 0.2475 0.1330 -0.2833 0.8632 1.0890 -0.0931 -0.5163 0.4230 0.5275

12923 Churubusco Clinton 0.7931 0.0521 0.4020 0.7089 0.9952 -0.0283 -0.3730 0.3108 0.6897

12926 Constable Franklin 0.7320 0.0686 0.2515 0.5647 0.9057 -0.0518 -0.3197 0.2739 0.5889

12927 Cranberry Lake St Lawrence 1.6308 0.0000 1.1180 0.6444 1.2228 0.0001 -0.3207 0.2665 1.0510

12928 Crown Point Essex 0.8346 -0.0019 0.4994 0.8103 1.0562 -0.0159 -0.3968 0.3294 0.7341

12929 Dannemora Clinton 1.7231 0.0982 0.7928 2.0188 0.9006 0.2094 -0.4820 0.8759 0.5935

12930 Dickinson Center Franklin 0.6318 0.2507 -0.2468 0.5217 1.1982 -0.1801 -0.4315 0.3338 0.5924

12932 Elizabethtown Essex 1.5515 0.0517 0.8616 0.7889 1.3881 -0.0484 -0.4056 0.3590 1.0383

12934 Ellenburg Center Clinton 0.7617 0.0208 0.5225 0.5469 0.8068 -0.0137 -0.2747 0.2111 0.6014

12935 Ellenburg Depot Clinton 0.6590 0.0632 0.2078 0.6582 0.9545 -0.0457 -0.3688 0.3113 0.6129

12936 Essex Essex 1.3291 0.0000 0.8829 0.7776 1.2046 0.0021 -0.3837 0.3215 0.9675

12937 Fort Covington Franklin 1.3499 1.0002 -1.9066 -0.8062 1.6888 -0.6558 -0.3014 0.2959 0.4943

12939 Gabriels Franklin 0.0084 0.0000 -0.0858 0.7743 0.6667 0.0020 -0.3847 0.3178 0.3559

12941 Jay Essex 0.6450 0.0104 0.3069 1.0971 1.1598 -0.0053 -0.5185 0.4614 0.7423

12942 Keene Essex 1.2695 0.1345 0.4198 0.8940 1.5622 -0.0973 -0.5440 0.4495 1.0332

12943 Keene Valley Essex 1.6622 0.0508 1.0233 0.3467 1.0783 -0.0340 -0.2112 0.1756 0.9454

12944 Keeseville Essex 0.7729 0.0432 0.3398 0.6800 0.9766 -0.0382 -0.3579 0.3061 0.6503

12945 Lake Clear Franklin 1.5010 0.0000 1.0142 0.7139 1.2285 0.0005 -0.3556 0.2954 1.0224

12946 Lake Placid Essex 0.6562 0.0280 0.3134 0.7967 0.9840 -0.0312 -0.3958 0.3391 0.6333

12950 Lewis Essex 0.8634 0.0634 0.3725 0.8291 1.0136 -0.0137 -0.3928 0.3907 0.7030

12952 Lyon Mountain (South) Clinton 1.6636 0.1557 1.1264 1.6256 0.7797 0.1793 -0.3261 0.7681 0.7697

12953 Malone Franklin 1.0754 0.0862 0.5215 0.9476 0.9109 0.0030 -0.3208 0.4494 0.6287

12955 Lyon Mountain (North) Clinton 0.7037 0.1180 0.1000 0.5025 0.9525 -0.0788 -0.3393 0.2816 0.5950

12956 Mineville Essex 1.0335 0.0529 0.5184 0.8884 1.0666 -0.0038 -0.3927 0.4010 0.7555

12957 Moira Franklin 0.6492 0.0387 0.2949 0.5361 0.7990 -0.0240 -0.2962 0.2446 0.5561
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12958 Mooers Clinton 0.7253 0.0567 0.2580 0.6470 0.9877 -0.0554 -0.3607 0.2979 0.6261

12959 Mooers Forks Clinton 0.8288 -0.0056 0.5538 0.5600 0.8104 0.0030 -0.2746 0.2274 0.6348

12960 Moriah Essex 0.8200 0.0672 0.3104 0.7611 1.1083 -0.0417 -0.4245 0.3565 0.7430

12962 Morrisonville Clinton 0.8232 0.0602 0.5495 0.8992 1.1588 -0.0328 -0.4530 0.3378 0.7754

12964 New Russia Essex 0.0128 0.2427 0.2571 1.2252 1.3723 -0.1611 -0.6563 0.3283 0.5900

12965 Nicholville St Lawrence 0.4009 0.0305 0.3423 0.7113 0.8019 -0.0207 -0.3497 0.2454 0.5052

12966 North Bangor Franklin 0.3637 0.0226 0.1279 0.6146 0.7393 -0.0305 -0.3168 0.2574 0.4361

12967 North Lawrence St Lawrence 0.6163 0.0342 0.2959 0.4901 0.7498 -0.0385 -0.2586 0.2121 0.4918

12969 Owls Head Franklin 1.9155 0.3184 0.4203 0.0807 1.4923 -0.2242 -0.2791 0.2319 1.0160

12970 Paul Smiths Franklin 0.2627 0.1259 0.1350 1.1158 0.9853 -0.0424 -0.4953 0.4304 0.4998

12972 Peru Clinton 0.6750 0.0461 0.3309 0.9513 1.1639 -0.0392 -0.4851 0.3882 0.7278

12973 Piercefield St Lawrence 2.6477 0.0000 1.8447 0.7994 1.7723 0.0001 -0.3979 0.3306 1.5929

12974 Port Henry Essex 1.1787 0.1745 0.2438 0.4588 1.2157 -0.1255 -0.3606 0.3027 0.7845

12975 Port Kent Essex 0.6596 0.0127 0.4381 0.7282 0.9027 -0.0051 -0.3614 0.2818 0.6329

12976 Rainbow Lake Franklin 1.3768 0.1260 0.5032 0.5470 1.3432 -0.1293 -0.3589 0.2981 0.8787

12979 Rouses Point Clinton 0.8742 0.0467 0.4347 0.7487 1.0580 -0.0261 -0.4138 0.3070 0.7250

12980 St Regis Falls Franklin 0.4060 0.0445 0.0839 0.6496 0.8158 -0.0311 -0.3566 0.2963 0.4996

12981 Saranac Clinton 0.3232 0.0026 0.2602 0.8071 0.8217 -0.0083 -0.3853 0.2930 0.5044

12983 Saranac Lake Franklin 0.8903 0.0375 0.4472 0.7656 0.9690 -0.0157 -0.3520 0.3460 0.6780

12986 Tupper Lake Franklin 0.8884 0.0604 0.3877 0.7140 1.0669 -0.0558 -0.3705 0.3232 0.6956

12987 Upper Jay Essex 0.4679 0.0306 0.1562 0.7922 0.9325 -0.0194 -0.4171 0.3455 0.5887

12989 Vermontville Franklin 0.9623 0.0809 0.4969 0.7500 1.1808 -0.0539 -0.4192 0.3241 0.8101

12992 West Chazy Clinton 0.5784 -0.0031 0.3541 0.8682 0.9877 -0.0145 -0.4175 0.3371 0.6335

12993 Westport Essex 1.6294 0.0338 1.0333 0.6455 1.2638 -0.0182 -0.3371 0.2848 1.0492

12996 Willsboro Essex 1.1491 0.1286 0.3903 0.5824 1.2449 -0.1111 -0.3743 0.3045 0.8025

12997 Wilmington Essex 0.7641 0.1185 0.1350 0.6447 1.1085 -0.0910 -0.4033 0.3317 0.6704

12998 Witherbee Essex 1.5054 0.5877 -0.0857 -0.1795 1.5290 -0.3927 -0.2869 0.1291 0.7751
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Table 29: Accessibility by Good Type, During Pandemic 

ZIP City County Grocery
Prep. 
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Home 
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12008 Alplaus Schenectady 0.0168 -0.0151 2.1134 1.8673 1.4852 -0.7781 -1.3616 -1.8084 -0.5329

12009 Altamont Albany -0.0231 0.0876 1.2911 1.3335 1.2868 -0.5701 -1.0807 -1.0281 -0.2597

12010 Amsterdam Montgomery 0.5384 0.0854 0.9483 0.7024 1.2631 -0.9499 -1.0130 -1.1076 -0.3439

12015 Athens Greene 0.3521 0.0091 1.6727 1.2260 1.1127 -0.6605 -1.0465 -1.4945 -0.4359

12017 Austerlitz Columbia 0.1823 0.0817 1.3101 0.8985 1.2746 -0.8114 -1.1332 -1.6016 -0.5101

12018 Averill Park Rensselaer -0.1527 0.0042 1.3447 1.3007 1.3629 -0.6650 -1.2474 -1.0946 -0.3216

12019 Ballston Lake Saratoga -0.0525 0.1265 1.5345 1.5595 1.5467 -0.7021 -1.3133 -1.3897 -0.3844

12020 Ballston Spa Saratoga -0.0901 -0.0005 1.2559 1.2949 1.1487 -0.5276 -1.0271 -0.9182 -0.2457

12022 Berlin Rensselaer 0.2919 0.0099 1.4102 0.6411 1.1050 -0.8414 -1.1170 -1.8988 -0.6520

12023 Berne Albany -0.0757 -0.0113 1.1977 1.0749 1.0789 -0.5522 -0.9959 -0.9882 -0.2895

12025 Broadalbin Fulton 0.0087 0.0480 0.9511 0.8587 0.9818 -0.5140 -0.8659 -0.9201 -0.2722

12027 Burnt Hills Saratoga -0.2226 0.0063 1.3281 1.4435 1.3251 -0.5621 -1.2127 -0.9543 -0.2606

12028 Buskirk Rensselaer -0.0747 0.0999 0.8758 0.8848 1.0988 -0.5296 -0.9236 -0.8953 -0.2575

12029 Canaan Columbia 0.1673 0.0504 1.6029 1.2801 1.6509 -0.9789 -1.4851 -1.6085 -0.4978

12031 Carlisle Schoharie 0.4374 -0.1176 1.7071 0.6476 1.0029 -0.9400 -1.1273 -2.1239 -0.7481

12032 Caroga Lake Fulton 0.7475 0.2523 2.1056 0.9175 1.4665 -1.1513 -1.2499 -3.2652 -1.0430

12033 Castleton-on-Hudson Rensselaer -0.0011 0.0096 1.2859 1.1107 1.1937 -0.6524 -1.1016 -1.1951 -0.3657

12035 Central Bridge Schoharie 0.0761 0.0294 1.0741 0.7317 1.0107 -0.6230 -0.9597 -1.2625 -0.4165

12036 Charlotteville Schoharie -0.0690 0.0118 0.9328 0.8354 0.8168 -0.4038 -0.7410 -0.8212 -0.2384

12037 Chatham Columbia 0.3762 0.0387 1.3677 0.9078 1.1070 -0.6988 -1.0396 -1.4158 -0.4339

12041 Clarksville Albany -0.1859 0.1702 0.6444 1.0235 1.3304 -0.5528 -1.0422 -0.5686 -0.1421

12042 Climax Greene 0.0727 0.0000 1.5368 1.0322 1.3225 -0.8176 -1.2883 -1.7044 -0.5592

12043 Cobleskill Schoharie 0.2200 0.0267 1.0819 0.8146 0.9818 -0.5962 -0.9000 -1.0556 -0.3205
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12045 Coeymans Albany 0.2589 -0.0776 1.5585 0.9169 1.0608 -0.7754 -1.1429 -1.7145 -0.6001

12046 Coeymans Hollow Albany -0.1364 0.0202 1.1867 1.1239 1.2480 -0.6184 -1.1340 -1.0353 -0.3090

12047 Cohoes Albany 0.4433 0.1452 0.9891 1.0221 1.1401 -0.6132 -0.9864 -1.1881 -0.3803

12051 Coxsackie Greene 0.6753 -0.2028 2.0112 1.7753 0.8366 -0.3553 -0.8925 -0.4958 -0.0232

12052 Cropseyville Rensselaer -0.0548 0.0583 1.0627 0.9349 1.1844 -0.6217 -1.0617 -1.0972 -0.3387

12053 Delanson Schenectady -0.3208 -0.0371 1.0847 1.3428 1.1166 -0.4111 -0.9952 -0.4512 -0.0840

12054 Delmar Albany -0.1240 0.0318 1.4509 1.6164 1.3707 -0.5561 -1.2253 -1.0588 -0.2812

12056 Duanesburg Schenectady -0.2444 -0.0608 1.0542 1.2409 1.1005 -0.4849 -0.9900 -0.5039 -0.1160

12057 Eagle Bridge Washington 0.0054 0.0358 1.0647 0.8603 1.0007 -0.5545 -0.9078 -1.1000 -0.3388

12058 Earlton Greene -0.0520 -0.0483 1.2002 1.1848 0.9457 -0.4337 -0.8682 -0.7009 -0.1719

12059 East Berne Albany -0.1644 0.0150 1.1127 1.0950 1.0803 -0.4871 -0.9820 -0.8886 -0.2512

12060 East Chatham Columbia 0.0696 0.0152 1.5688 1.0781 1.3953 -0.8504 -1.3402 -1.7477 -0.5696

12061 East Greenbush Rensselaer -0.0965 0.0897 1.4256 1.5172 1.3419 -0.5567 -1.1342 -1.1558 -0.2940

12062 East Nassau Rensselaer -0.2797 0.0241 0.7313 0.9766 0.8747 -0.2942 -0.7460 -0.3640 -0.0686

12064 East Worcester Otsego 0.8841 0.0894 1.7773 1.0225 1.3454 -0.9133 -1.2494 -1.8198 -0.5450

12065 Clifton Park Saratoga 0.1062 0.1131 1.3468 1.5281 1.3619 -0.5853 -1.1232 -1.1133 -0.2680

12066 Esperance Schoharie -0.0746 -0.0115 1.0909 0.9747 0.9747 -0.4906 -0.9113 -0.8961 -0.2640

12067 Feura Bush Albany 0.0120 -0.0025 1.4465 1.0738 1.3005 -0.7638 -1.2465 -1.4958 -0.4820

12068 Fonda Montgomery 0.0336 -0.0101 1.0142 0.9026 1.0876 -0.6540 -0.9722 -0.8923 -0.2742

12069 Fort Hunter Montgomery 0.2700 0.0000 1.2370 0.5692 0.9307 -0.7171 -0.9694 -1.6753 -0.5880

12070 Fort Johnson Montgomery 0.2226 -0.0250 1.4610 0.8601 1.0391 -0.7283 -1.0424 -1.6422 -0.5425

12071 Fultonham Schoharie 0.1679 0.0000 1.2813 0.7101 1.0347 -0.7173 -1.0327 -1.5749 -0.5313

12072 Fultonville Montgomery -0.0091 0.0433 0.7091 0.7862 0.8689 -0.4180 -0.7279 -0.5120 -0.1289

12074 Galway Saratoga 0.0429 0.0641 1.2930 1.1100 1.3032 -0.7189 -1.1414 -1.3004 -0.3884

12075 Ghent Columbia 0.5063 0.0856 1.5995 0.9510 1.5665 -1.0977 -1.4220 -1.9722 -0.6412

12076 Gilboa Schoharie 0.3197 0.0307 1.3688 0.7739 1.2344 -0.9045 -1.1488 -1.7164 -0.5704
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12077 Glenmont Albany -0.0566 0.0967 1.5157 1.7146 1.4710 -0.5914 -1.2230 -1.1094 -0.2512

12078 Gloversville Fulton 0.2679 0.0581 0.9620 0.6003 0.9291 -0.6386 -0.8453 -1.2143 -0.3970

12083 Greenville Greene -0.0349 0.0313 1.1364 1.0317 1.2061 -0.6428 -1.0804 -1.0531 -0.3160

12084 Guilderland Albany 0.6233 0.3899 2.3410 2.0974 1.4619 -0.6810 -0.9653 -2.6661 -0.6593

12085 Guilderland Center Albany 0.9054 0.2439 0.7786 0.4337 0.8984 -0.6810 -0.9071 -1.2222 -0.4487

12086 Hagaman Montgomery 0.2311 -0.0333 1.6010 0.9046 1.2416 -0.8896 -1.2604 -1.8940 -0.6469

12087 Hannacroix Greene -0.1654 0.0000 0.7566 0.7909 0.7773 -0.3355 -0.7134 -0.5506 -0.1542

12090 Hoosick Falls Rensselaer 0.0731 0.0146 0.9350 0.7116 0.9446 -0.5894 -0.8673 -1.0011 -0.3229

12092 Howes Cave Schoharie 0.7352 0.1683 1.3855 0.2217 1.3741 -1.2332 -1.2904 -2.6816 -0.9493

12093 Jefferson Schoharie 0.0761 -0.0113 1.0687 0.7160 0.9079 -0.5806 -0.8813 -1.1537 -0.3776

12094 Johnsonville Rensselaer -0.1769 -0.1168 1.3626 1.3238 1.0809 -0.5159 -1.0547 -0.7667 -0.2088

12095 Johnstown Fulton 0.2797 0.0471 1.0512 0.8129 0.9802 -0.5788 -0.8872 -1.0031 -0.2966

12106 Kinderhook Columbia 0.0133 -0.0512 1.6294 1.2102 1.3440 -0.8038 -1.3183 -1.5841 -0.5097

12108 Lake Pleasant Hamilton 0.5832 0.0065 2.3586 0.9734 1.7754 -1.4201 -1.8146 -3.2316 -1.1150

12110 Latham Albany 0.2657 0.0701 1.4795 1.4933 1.2066 -0.5741 -0.9537 -1.2905 -0.3073

12116 Maryland Otsego 0.3465 0.0085 1.4822 0.6396 1.1537 -0.9070 -1.1684 -2.0308 -0.7013

12117 Mayfield Fulton -0.0026 0.0027 0.9611 0.7412 0.8892 -0.5073 -0.8450 -0.9796 -0.3117

12118 Mechanicville Saratoga 0.0707 0.1164 1.2157 1.1154 1.2132 -0.6165 -1.0344 -1.2829 -0.3775

12120 Medusa Albany 0.0686 -0.0422 1.2774 0.9718 1.0246 -0.6014 -0.9981 -1.1249 -0.3494

12121 Melrose Rensselaer -0.1356 -0.1380 1.8119 1.6672 1.4442 -0.7494 -1.3989 -1.1525 -0.3281

12122 Middleburgh Schoharie 0.2719 0.0352 1.2567 0.7074 1.0693 -0.7649 -1.0061 -1.5819 -0.5221

12123 Nassau Rensselaer -0.0835 0.1373 0.8665 1.0920 1.3153 -0.5621 -1.0714 -0.6994 -0.1722

12124 New Baltimore Greene 0.1928 -0.2489 2.1024 1.3171 1.2404 -0.9508 -1.3782 -1.8445 -0.6258

12125 New Lebanon Columbia -0.0258 0.0163 1.0659 0.8942 1.0170 -0.5556 -0.9351 -1.0398 -0.3178

12131 North Blenheim Schoharie 0.3930 -0.0360 1.6114 0.6348 1.1126 -0.9371 -1.1764 -2.1555 -0.7502

12134 Northville Fulton 0.1119 0.0212 1.1278 0.7519 1.0332 -0.6576 -0.9745 -1.2961 -0.4221
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12136 Old Chatham Columbia 0.2593 0.0891 1.8447 1.2826 1.8158 -1.1126 -1.6672 -2.1189 -0.6774

12137 Pattersonville Schenectady -0.0421 0.0020 1.3188 1.1790 1.0622 -0.5232 -0.9670 -1.0773 -0.3026

12138 Petersburg Rensselaer -0.0321 -0.0248 1.0570 0.8967 0.9429 -0.5179 -0.8881 -0.9003 -0.2742

12139 Piseco Hamilton 0.0264 0.0415 1.2049 0.8989 1.2010 -0.6977 -1.1123 -1.3418 -0.4295

12140 Poestenkill Rensselaer -0.1208 0.0680 1.1929 1.2065 1.3719 -0.6451 -1.2171 -1.0517 -0.3071

12143 Ravena Albany 0.0357 0.0080 1.0011 0.9224 0.9176 -0.4410 -0.8563 -0.7797 -0.2201

12144 Rensselaer Rensselaer 0.2751 0.1223 1.1500 1.1130 1.2223 -0.6454 -1.0156 -1.1990 -0.3378

12147 Rensselaerville Albany 0.0642 0.0124 1.3990 1.0115 1.2438 -0.7289 -1.1874 -1.4656 -0.4678

12148 Rexford Saratoga -0.1061 0.0662 1.6538 1.7223 1.5418 -0.6766 -1.3191 -1.2366 -0.3161

12149 Richmondville Schoharie 0.1344 0.0643 1.0176 0.7936 0.9648 -0.5403 -0.8593 -1.0656 -0.3208

12150 Rotterdam Junction Schenectady 0.0671 -0.0613 1.3286 1.1582 1.1484 -0.6744 -1.1223 -1.1034 -0.3653

12151 Round Lake Saratoga -0.2780 0.0602 0.9598 1.2441 1.1967 -0.4468 -1.0362 -0.5902 -0.1418

12153 Sand Lake Rensselaer -0.3102 0.1880 0.4376 1.0211 1.0230 -0.2616 -0.6925 -0.1538 0.0400

12154 Schaghticoke Rensselaer -0.0620 0.0671 0.9290 0.9164 1.1175 -0.5516 -0.9717 -0.8781 -0.2553

12155 Schenevus Otsego 0.0442 0.0574 0.8547 0.6956 0.9795 -0.5673 -0.8644 -0.9610 -0.3026

12156 Schodack Landing Rensselaer -0.8123 -0.0101 0.8491 1.8006 1.2912 -0.1857 -1.0487 0.3398 0.2304

12157 Schoharie Schoharie 0.0319 0.0102 1.1544 1.0192 1.0790 -0.5649 -0.9856 -0.9744 -0.2836

12158 Selkirk Albany -0.0595 0.0550 1.3005 1.3434 1.1683 -0.4960 -0.9992 -0.9677 -0.2425

12159 Slingerlands Albany 0.2586 0.1421 1.8354 1.4260 1.5701 -0.8970 -1.3601 -2.1004 -0.6334

12160 Sloansville Schoharie 0.0580 -0.0006 1.1988 0.9600 1.0556 -0.6086 -0.9779 -1.1132 -0.3399

12164 Speculator Hamilton 0.5759 -0.0028 2.2494 1.0450 1.6209 -1.2306 -1.6585 -2.8235 -0.9507

12165 Spencertown Columbia 0.1857 0.0000 2.0941 1.2830 1.7472 -1.1435 -1.7213 -2.4468 -0.8141

12166 Sprakers Montgomery 0.1559 0.0302 0.9932 0.5696 0.8760 -0.5992 -0.8350 -1.2684 -0.4227

12167 Stamford Delaware 0.3552 0.0085 1.4373 0.7068 1.0544 -0.8072 -1.0444 -1.8212 -0.6089

12168 Stephentown (East) Rensselaer -0.0060 0.0000 1.3418 0.9996 1.1987 -0.6905 -1.1519 -1.3884 -0.4464

12169 Stephentown (West) Rensselaer -0.4460 0.0722 0.7159 1.2407 1.1715 -0.3358 -0.9445 -0.1913 0.0124
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12170 Stillwater Saratoga -0.2470 0.0028 0.9894 1.1767 1.1219 -0.4624 -0.9919 -0.5853 -0.1451

12172 Stottville Columbia -0.2645 0.0001 0.3509 0.7100 0.4802 -0.0674 -0.4345 0.0140 0.0207

12173 Stuyvesant Columbia -0.0464 0.0155 0.9112 0.9483 1.0291 -0.5183 -0.8998 -0.6747 -0.1873

12175 Summit Schoharie 0.1464 0.0484 1.4746 1.0414 1.0896 -0.6559 -0.9867 -1.6037 -0.4877

12177 Tribes Hill Montgomery -0.4061 0.0955 1.2726 1.7228 1.3114 -0.3643 -1.0599 -0.7047 -0.1263

12180 Troy (Main) Rensselaer 0.6891 0.1424 1.2428 1.2069 1.0585 -0.5249 -0.8206 -0.9217 -0.1922

12182 Troy (Lansingburgh) Rensselaer 0.5389 0.1081 0.9461 0.9505 0.9672 -0.4806 -0.8230 -0.6984 -0.1684

12183 Green Island Albany 0.2876 0.0161 1.2063 1.1961 0.9008 -0.4749 -1.0325 -1.0379 -0.4060

12184 Valatie Columbia 0.1823 0.1032 1.0636 0.9481 1.3247 -0.7664 -1.1198 -1.1254 -0.3363

12185 Valley Falls Rensselaer -0.2187 0.0158 0.9690 1.0555 1.0477 -0.4439 -0.9378 -0.6996 -0.1901

12186 Voorheesville Albany -0.2437 0.0450 1.2846 1.4291 1.4012 -0.5891 -1.2269 -0.9355 -0.2455

12187 Warnerville Schoharie 0.0547 -0.0160 1.1801 0.7919 0.9836 -0.6165 -0.9661 -1.2690 -0.4160

12188 Waterford Saratoga -0.0574 0.0560 0.8987 1.0266 1.0171 -0.4612 -0.8796 -0.7659 -0.2269

12189 Watervliet Albany 0.6972 0.2531 1.2659 1.2111 1.2032 -0.6642 -0.8814 -1.6033 -0.4848

12190 Wells Hamilton 0.0204 0.0000 0.9331 0.6767 0.8163 -0.4771 -0.7855 -0.9660 -0.3091

12192 West Coxsackie Greene 0.1055 -0.0649 1.4959 1.0621 1.2588 -0.8275 -1.2283 -1.4637 -0.4743

12193 Westerlo Albany 0.1134 0.0090 1.3556 0.8569 1.1272 -0.7242 -1.0987 -1.5706 -0.5173

12194 West Fulton Schoharie 0.1584 0.0583 0.8359 0.4660 0.8473 -0.5761 -0.7841 -1.1667 -0.3912

12195 West Lebanon Columbia 0.3563 0.0000 1.2057 0.3937 0.8481 -0.7397 -0.8969 -1.7666 -0.6213

12196 West Sand Lake Rensselaer -0.2551 -0.0309 1.1904 1.3545 1.1703 -0.4561 -1.0911 -0.6736 -0.1705

12197 Worcester Otsego 0.4375 0.0999 1.1537 0.5346 1.2187 -0.9306 -1.0981 -1.7315 -0.5863

12198 Wynantskill Rensselaer -0.0420 0.0505 1.0950 1.0845 1.1654 -0.5794 -1.0366 -1.0387 -0.3116

12202 Albany (Southeast) Albany 2.4482 0.0927 2.3286 2.3006 0.6863 -0.0647 -0.0233 -0.1920 0.1803

12203 Albany (West) Albany 0.5457 0.0305 1.3782 1.3002 0.9840 -0.5214 -0.9227 -1.2536 -0.3277

12204 Albany (N/Menands) Albany 1.7060 0.4606 1.5472 1.6799 1.3850 -0.5658 -0.8148 -1.1039 -0.1081

12205 Albany (NW/Colonie) Albany 0.4097 0.0920 1.5087 1.3283 1.1664 -0.6393 -1.0291 -1.5663 -0.4115
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12206 Albany (Central Ave) Albany 2.1247 -0.0867 1.7853 1.9702 0.6197 -0.1939 3.9602 -0.4000 0.0773

12207 Albany (Downtown) Albany 2.4443 -0.6818 2.1473 1.6396 0.4414 -0.1687 0.5850 -0.2616 0.5637

12208 Albany (Southwest) Albany 0.6689 0.1126 1.3771 1.6816 1.2279 -0.4897 -0.9326 -1.4155 -0.3917

12209 Albany (Delaware Ave) Albany 1.3522 0.0710 2.0985 2.2155 1.0800 -0.3987 -0.7949 -1.1234 -0.2324

12210 Albany (Lark St) Albany 1.7500 -0.6536 1.6869 2.2239 0.4583 0.1480 9.7119 0.0550 0.3555

12211 Loudonville Albany 0.2708 0.1903 1.9352 1.7626 1.7346 -0.8786 -1.4633 -2.1137 -0.6076

12302 Scotia/Glenville Schenectady 0.0317 0.0059 1.2539 1.1363 1.1982 -0.6413 -1.1195 -1.1332 -0.3491

12303 Schenectady (South) Schenectady 0.6944 0.2715 1.1273 1.2306 1.3454 -0.6836 -0.9989 -1.1830 -0.3099

12304 Schenectady (East) Schenectady 1.1895 0.3190 1.0242 1.0849 1.2690 -0.7304 -0.6958 -1.2336 -0.3272

12305 Schenectady (Dwtn.) Schenectady 0.9226 -0.2587 0.9594 1.1420 0.5998 -0.2250 1.4540 -0.3451 0.1103

12306 Rotterdam Schenectady 0.3270 0.1084 1.1233 1.0587 1.1377 -0.5917 -0.9592 -1.0066 -0.2714

12307 Schenectady (E. Dwtn.) Schenectady 2.0844 0.3748 0.6359 1.3695 0.9119 -0.3250 3.4730 -0.1935 -0.0634

12308 Schenectady (North) Schenectady 1.0076 0.2192 1.0367 1.5056 1.0623 -0.3980 -0.8109 -0.9171 -0.2931

12309 Niskayuna Schenectady 0.0628 0.1683 1.6806 1.8810 1.5712 -0.6315 -1.3095 -1.4959 -0.4029

12401 Kingston Ulster 0.6966 0.0887 1.2620 1.0779 1.1729 -0.7182 -0.9648 -1.0262 -0.2484

12404 Accord Ulster 0.3007 0.1443 0.8269 0.6613 1.0745 -0.6826 -0.8483 -1.0609 -0.3185

12405 Acra Greene 0.3679 0.1106 1.3543 0.7370 1.2122 -0.8764 -1.0762 -1.9035 -0.6221

12407 Ashland Greene 0.8796 -0.0175 2.5877 0.9880 1.4085 -1.3054 -1.4604 -3.4002 -1.1385

12409 Bearsville Ulster 0.2548 0.0437 2.1964 1.4198 1.6627 -1.0662 -1.5671 -2.5036 -0.7945

12410 Big Indian Ulster 0.4318 0.0086 1.4875 0.5605 1.1516 -0.9667 -1.1650 -2.1200 -0.7376

12411 Bloomington Ulster 0.2347 0.6441 -0.5480 0.1165 1.6089 -0.7902 -0.8929 -0.5313 -0.1410

12412 Boiceville Ulster 0.9546 0.2801 2.3687 0.8162 1.9871 -1.6314 -1.7941 -3.9892 -1.3406

12413 Cairo Greene 0.3186 0.1576 0.5041 0.4078 0.9809 -0.6725 -0.7398 -0.8558 -0.2680

12414 Catskill Greene 0.7296 0.0197 1.5381 0.8280 1.0102 -0.7608 -0.9797 -1.5947 -0.4904

12416 Chichester Ulster 1.7516 0.9167 -0.9820 -0.8672 2.5588 -2.2892 -1.2830 -1.4605 -0.5106

12417 Connelly Ulster 0.6688 0.9436 -1.0839 -0.0343 1.8696 -0.8615 -0.8974 -0.3180 -0.0599
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12418 Cornwallville Greene -0.0055 0.0588 0.8663 0.9728 0.9586 -0.3804 -0.8186 -0.5269 -0.1124

12419 Cottekill Ulster -0.1759 -0.0106 0.8284 0.9951 0.8705 -0.3382 -0.7835 -0.4219 -0.0993

12420 Cragsmoor Ulster -0.3635 0.0000 1.2129 1.4041 1.3102 -0.5058 -1.1786 -0.7414 -0.1859

12421 Denver Delaware 0.1798 0.0000 1.6234 0.9416 1.3319 -0.8993 -1.3195 -1.9482 -0.6521

12423 East Durham Greene 0.2820 0.0044 1.2581 0.9042 0.9411 -0.5694 -0.8844 -1.1508 -0.3385

12424 East Jewett Greene 0.4352 -0.0137 2.0348 0.8869 1.5085 -1.1865 -1.5540 -2.7103 -0.9345

12428 Ellenville Ulster 0.8407 0.2658 0.8050 0.6915 1.4381 -1.0480 -0.9623 -1.1144 -0.2996

12430 Fleischmanns Delaware 0.5025 0.2393 0.9913 0.5538 1.4065 -1.0295 -1.0914 -1.7593 -0.5688

12431 Freehold Greene -0.0457 0.0566 0.8449 0.8498 1.0885 -0.5733 -0.9338 -0.8010 -0.2360

12432 Glasco Ulster 0.3260 0.0495 0.7224 0.2511 0.6938 -0.5945 -0.6667 -1.2087 -0.4350

12434 Grand Gorge Delaware 0.3440 0.0361 1.1708 0.4306 0.9595 -0.7809 -0.9624 -1.7599 -0.6118

12435 Greenfield Park Ulster -0.1061 -0.0328 0.9631 0.8573 0.8579 -0.4388 -0.8184 -0.7723 -0.2329

12439 Hensonville Greene 0.5063 -0.0124 1.6159 0.4841 1.1185 -1.0019 -1.1896 -2.4088 -0.8429

12440 High Falls Ulster 0.3107 0.0278 1.6809 1.3493 1.3331 -0.7161 -1.2235 -1.3911 -0.3872

12441 Highmount Ulster 1.4501 0.0000 3.3674 0.4481 2.0807 -2.2212 -2.3242 -5.5864 -2.0076

12442 Hunter Greene 0.7399 -0.0146 1.9594 0.4051 1.2452 -1.2477 -1.3729 -3.0669 -1.0946

12443 Hurley Ulster 0.0330 -0.0257 1.6362 1.4538 1.4569 -0.7712 -1.3536 -1.2783 -0.3732

12444 Jewett Greene 0.2697 0.0818 1.2553 0.6736 1.2447 -0.8715 -1.1547 -1.7657 -0.5945

12446 Kerhonkson Ulster 0.5096 0.2740 0.7018 0.4640 1.4265 -0.9687 -1.0845 -1.3684 -0.4372

12448 Lake Hill Ulster 0.1462 0.0000 2.4812 1.6205 2.1170 -1.3314 -2.0666 -2.7931 -0.9189

12449 Lake Katrine Ulster 0.9024 0.3136 0.8998 0.5931 1.4919 -1.0567 -1.0905 -1.5630 -0.4972

12450 Lanesville Greene 1.3378 0.0000 3.4710 0.6814 2.2440 -2.2376 -2.4559 -5.5331 -1.9740

12451 Leeds Greene 0.2727 0.0571 1.1009 0.7315 1.2401 -0.8702 -1.0963 -1.3789 -0.4572

12452 Lexington Greene 0.0605 0.0000 1.2371 0.8270 1.0634 -0.6592 -1.0358 -1.3748 -0.4511

12454 Maplecrest Greene -0.2259 0.0000 0.5421 0.7168 0.6257 -0.2049 -0.5513 -0.2404 -0.0447

12455 Margaretville Delaware 0.5961 0.0614 1.7891 0.7352 1.4903 -1.2191 -1.4279 -2.5713 -0.8767
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12456 Mount Marion Ulster -0.0014 -0.1988 1.3959 1.4973 0.8180 -0.3528 -0.9576 -0.5761 -0.2084

12457 Mount Tremper Ulster 0.4615 0.2010 1.1855 0.5459 1.3848 -0.9928 -1.1961 -2.0269 -0.6767

12458 Napanoch Ulster 1.0902 0.2800 0.9488 0.7214 1.4066 -0.9733 -0.9900 -1.0887 -0.2745

12460 Oak Hill Greene -0.0274 -0.0867 0.6314 0.5230 0.4025 -0.2473 -0.4359 -0.4112 -0.1340

12461 Olivebridge Ulster 0.5963 0.3297 1.4285 0.9395 1.9089 -1.3143 -1.4611 -2.3260 -0.7284

12463 Palenville Greene 0.1803 0.5968 -0.6404 0.2071 1.3989 -0.6188 -0.6630 -0.0708 0.0473

12464 Phoenicia Ulster 0.3339 -0.0097 1.5639 0.6826 1.1638 -0.9133 -1.1984 -2.0876 -0.7192

12465 Pine Hill Ulster 0.3490 -0.0724 1.6082 0.7003 1.0975 -0.9045 -1.1652 -2.0422 -0.7006

12466 Port Ewen Ulster 0.3238 0.0691 1.2180 0.8974 1.3365 -0.8842 -1.3306 -1.8294 -0.6181

12468 Prattsville Greene 0.4690 0.1056 1.4974 0.5810 1.3673 -1.0694 -1.3006 -2.3442 -0.8062

12469 Preston Hollow Albany 0.2874 -0.0090 1.3653 0.6580 1.0803 -0.8322 -1.0812 -1.7584 -0.6020

12470 Purling Greene 0.1370 0.0000 1.3989 0.8411 1.1590 -0.7675 -1.1458 -1.6532 -0.5523

12471 Rifton Ulster -0.3251 -0.0873 0.9840 1.2797 0.9037 -0.3043 -0.8832 -0.3495 -0.0931

12472 Rosendale Ulster 0.2784 -0.0268 1.3995 0.9589 1.1144 -0.7305 -1.0812 -1.4700 -0.4489

12473 Round Top Greene 0.2898 -0.0068 1.4142 0.6386 1.0621 -0.8210 -1.0906 -1.8721 -0.6451

12474 Roxbury Delaware 0.3844 -0.0201 1.5246 0.7855 1.0580 -0.7758 -1.0850 -1.7436 -0.5765

12477 Saugerties Ulster 0.2051 0.0594 1.0239 0.7333 1.1020 -0.7134 -0.9890 -1.2421 -0.4019

12481 Shokan Ulster 0.1230 0.1319 0.7717 0.5857 0.9908 -0.5865 -0.8333 -1.1094 -0.3508

12482 South Cairo Greene 1.3064 0.5062 0.9879 -0.2733 2.0387 -1.8704 -1.6083 -3.3142 -1.1826

12484 Stone Ridge Ulster 0.5686 0.3102 1.5688 0.8889 1.5812 -1.0875 -1.2417 -2.5513 -0.7948

12485 Tannersville Greene 0.2232 -0.0004 1.4108 0.7687 1.0870 -0.7681 -1.0848 -1.7809 -0.5866

12486 Tillson Ulster 0.0318 -0.0342 1.5049 1.5466 1.2153 -0.5192 -1.1206 -0.8258 -0.1985

12487 Ulster Park Ulster 0.1216 0.0903 0.7839 0.8195 1.1215 -0.6269 -0.9151 -0.7516 -0.2151

12489 Wawarsing Ulster 1.6854 0.0961 1.3300 1.2687 1.0681 -0.7017 -0.7167 -0.0878 0.1588

12491 West Hurley Ulster 0.0489 0.1661 0.7572 0.7999 1.2978 -0.6965 -1.0469 -0.9509 -0.2873

12494 West Shokan Ulster -0.0286 -0.0410 1.6556 1.5112 1.3871 -0.6584 -1.3118 -1.1441 -0.3132
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12495 Willow Ulster -0.0225 -0.0009 2.0303 1.8606 1.2799 -0.6178 -1.0668 -1.5576 -0.3851

12496 Windham Greene 0.3090 0.0502 1.5235 0.7976 1.3669 -0.9820 -1.3049 -2.0484 -0.6883

12498 Woodstock Ulster 0.5562 0.0896 1.7349 0.9561 1.3720 -0.9777 -1.2845 -2.1827 -0.6976

12501 Amenia Dutchess 0.4185 0.1008 0.9826 0.8667 1.4238 -0.9734 -1.1227 -1.0426 -0.3078

12502 Ancram Columbia 0.2642 0.0638 1.5518 1.1387 1.3244 -0.7668 -1.2074 -1.5749 -0.4740

12503 Ancramdale Columbia 0.5344 0.1323 1.4674 0.9625 1.5400 -1.0583 -1.3084 -1.7933 -0.5597

12504 Annandale-on-Hudson Dutchess -0.4602 0.2941 1.4350 2.7485 1.9144 -0.3492 -1.2710 -0.1951 0.1748

12507 Barrytown Dutchess 0.1368 0.0482 1.5905 1.4813 1.1132 -0.4808 -0.9559 -1.1535 -0.2776

12508 Beacon Dutchess 0.7238 -0.0249 1.6180 1.7353 1.2694 -0.6101 -1.1053 -0.5807 -0.0601

12512 Chelsea Dutchess 0.2189 0.0000 1.7905 1.0426 1.4560 -0.9881 -1.4605 -2.1783 -0.7407

12514 Clinton Corners Dutchess 0.0750 0.1052 1.8428 1.6448 1.7636 -0.9141 -1.5211 -1.7321 -0.4930

12515 Clintondale Ulster -0.0966 -0.2700 1.8983 1.8882 1.2883 -0.6579 -1.2954 -0.6897 -0.1597

12516 Copake Columbia 0.0656 0.1006 1.4753 1.1840 1.5149 -0.8566 -1.3371 -1.6622 -0.5135

12518 Cornwall Orange 0.1075 0.0137 1.3362 1.3047 1.3146 -0.7096 -1.1563 -1.0689 -0.3003

12520 Cornwall-on-Hudson Orange -0.2518 -0.0511 1.3735 1.6093 1.2804 -0.5169 -1.1704 -0.7420 -0.1786

12521 Craryville Columbia 0.1899 0.0408 1.8635 1.1943 1.6707 -1.0766 -1.5878 -2.2107 -0.7261

12522 Dover Plains Dutchess 0.3041 -0.0653 1.4677 0.9554 1.1946 -0.9062 -1.1280 -1.4908 -0.4870

12523 Elizaville Columbia 0.2292 0.0415 1.3387 0.8955 1.0817 -0.7009 -0.9893 -1.5009 -0.4709

12524 Fishkill Dutchess 0.5263 0.0255 1.9050 1.7200 1.4080 -0.7648 -1.1627 -1.4497 -0.3538

12525 Gardiner Ulster -0.1713 0.1102 0.5978 0.8737 1.0862 -0.4596 -0.8678 -0.4675 -0.1099

12526 Germantown Columbia 0.0982 0.0403 1.3156 1.0505 1.2814 -0.7450 -1.1597 -1.3391 -0.4134

12528 Highland Ulster 0.2130 0.0199 1.3360 1.2172 1.2404 -0.6814 -1.0928 -1.0467 -0.2861

12529 Hillsdale Columbia -0.0142 -0.0473 1.5317 1.1829 1.3214 -0.7787 -1.2755 -1.4295 -0.4536

12531 Holmes Dutchess -0.2768 0.1649 0.9751 1.3992 1.5558 -0.5970 -1.2347 -0.6927 -0.1486

12533 Hopewell Junction Dutchess 0.0162 0.0956 1.3931 1.6811 1.4610 -0.5936 -1.1778 -0.8235 -0.1583

12534 Hudson Columbia 0.7284 0.1656 1.4206 1.0192 1.1872 -0.7321 -0.9664 -1.4595 -0.3929
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12538 Hyde Park Dutchess 0.4126 0.0662 1.5924 1.4137 1.3389 -0.7559 -1.1336 -1.3183 -0.3487

12540 Lagrangeville Dutchess -0.2613 0.0407 1.4209 1.8433 1.5093 -0.5470 -1.2332 -0.6444 -0.0907

12542 Marlboro Ulster 0.0963 -0.0325 1.5650 1.3927 1.2916 -0.6854 -1.2069 -1.1994 -0.3412

12543 Maybrook Orange 0.4710 -0.1528 1.8435 1.8613 1.0539 -0.4442 -0.9900 -0.3854 0.0155

12545 Millbrook Dutchess 0.3241 0.1047 1.4795 1.2537 1.5034 -0.8622 -1.2727 -1.4063 -0.3974

12546 Millerton Dutchess 0.2932 -0.0021 1.4498 1.1448 1.2004 -0.7511 -1.0710 -1.2453 -0.3580

12547 Milton Ulster -0.2034 0.0101 0.9652 1.2438 1.1094 -0.4296 -0.9518 -0.4534 -0.0859

12548 Modena Ulster 0.3655 -0.0618 1.5239 1.3492 1.1295 -0.6120 -1.0634 -0.8255 -0.1991

12549 Montgomery Orange 0.1794 0.0541 1.3139 1.4276 1.4283 -0.6995 -1.1933 -0.8063 -0.1790

12550 Newburgh Orange 1.1717 0.0350 1.4076 1.5517 1.4304 -0.8920 -1.0970 -0.4966 -0.0251

12553 New Windsor Orange 0.6312 0.0194 1.7145 1.7870 1.4392 -0.7619 -1.1671 -0.9028 -0.1679

12561 New Paltz Ulster 0.2411 0.0326 1.3586 1.2568 1.2026 -0.6504 -1.0273 -1.0594 -0.2723

12563 Patterson Putnam 0.0663 -0.0481 1.4800 1.8301 1.3880 -0.5747 -1.1716 -0.3649 0.0020

12564 Pawling Dutchess 0.1421 -0.0193 1.5132 1.5172 1.4320 -0.7665 -1.2356 -0.9438 -0.2305

12565 Philmont Columbia 0.1813 0.0296 0.9023 0.7715 0.8830 -0.5093 -0.8115 -0.9757 -0.2936

12566 Pine Bush Ulster -0.0070 -0.0436 1.1531 1.2342 1.1047 -0.5282 -0.9936 -0.5900 -0.1364

12567 Pine Plains Dutchess 0.1098 0.0067 1.1846 0.8434 1.0428 -0.6535 -0.9774 -1.2564 -0.4002

12569 Pleasant Valley Dutchess 0.0599 0.1356 0.9710 1.1628 1.3398 -0.6360 -1.0648 -0.7816 -0.1891

12570 Poughquag Dutchess -0.0946 -0.0240 1.4774 1.6655 1.3601 -0.5685 -1.1923 -0.7404 -0.1524

12571 Red Hook Dutchess 0.0386 0.0476 1.2967 1.2807 1.2652 -0.6169 -1.0887 -1.0096 -0.2637

12572 Rhinebeck Dutchess 0.3656 0.0542 1.8075 1.1679 1.5170 -1.0078 -1.4047 -2.0832 -0.6604

12575 Rock Tavern Orange -0.3295 -0.3203 1.9732 2.7241 1.5676 -0.5144 -1.4189 0.3700 0.2916

12577 Salisbury Mills Orange -0.2810 0.0192 1.3670 2.2004 1.5431 -0.3089 -1.2682 0.1611 0.2285

12578 Salt Point Dutchess -0.1192 0.1524 1.1606 1.3002 1.5138 -0.6784 -1.2413 -1.0771 -0.2859

12580 Staatsburg Dutchess 0.2266 0.0641 1.2844 1.0046 1.2702 -0.7672 -1.1267 -1.3418 -0.4126

12581 Stanfordville Dutchess -0.0215 0.0092 1.1858 1.1813 1.2810 -0.7087 -1.0952 -0.9284 -0.2598
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12582 Stormville Dutchess 0.5369 0.1605 1.4956 1.9374 1.5709 -0.5484 -1.2074 -0.3415 0.0686

12583 Tivoli Dutchess -0.2047 0.0228 1.1376 1.3278 1.2271 -0.5199 -1.0432 -0.7307 -0.1703

12585 Verbank Dutchess 0.3968 0.0260 1.7101 1.6130 1.2079 -0.4619 -1.1010 -0.8756 -0.1645

12586 Walden Orange 0.1853 -0.0909 1.4113 1.6496 1.1429 -0.4821 -1.0097 -0.2979 0.0100

12589 Wallkill Ulster 0.3372 -0.0017 1.3832 1.6147 1.2579 -0.5706 -1.0174 -0.3906 -0.0034

12590 Wappingers Falls Dutchess 0.2839 0.0740 1.5123 1.6339 1.4805 -0.7506 -1.2104 -1.0824 -0.2574

12592 Wassaic Dutchess 0.1056 -0.1731 1.4471 1.2907 0.7629 -0.3936 -0.7871 -0.6069 -0.1334

12594 Wingdale Dutchess 0.0996 -0.0859 1.1445 1.2782 1.1034 -0.5959 -0.9559 -0.3971 -0.0635

12601 Poughkeepsie (Main) Dutchess 1.3476 0.0876 1.3371 1.3927 1.0121 -0.5028 -0.7886 -0.4631 0.0103

12603 Arlington Dutchess 0.4311 0.0401 1.7130 1.8225 1.4160 -0.6330 -1.2102 -0.9840 -0.2050

12701 Monticello Sullivan 1.3866 0.1472 1.4610 1.1145 1.4229 -1.0707 -1.0430 -1.0947 -0.2378

12719 Barryville Sullivan 0.1570 -0.0207 1.5003 1.1258 1.2092 -0.7128 -1.1503 -1.3810 -0.4198

12720 Bethel Sullivan 0.1067 -0.6883 2.9368 1.9994 1.1495 -1.0558 -1.4966 -1.5760 -0.5199

12721 Bloomingburg Sullivan 0.0277 0.1496 0.6340 1.0673 1.3375 -0.6366 -0.9765 -0.3536 -0.0451

12723 Callicoon Sullivan 0.7175 0.1400 1.1977 0.8921 1.2959 -0.8658 -1.0349 -1.1993 -0.3295

12724 Callicoon Center Sullivan 0.9812 0.3194 2.1195 0.6111 2.1813 -1.7797 -1.9478 -3.9210 -1.3458

12725 Claryville Ulster 0.3225 0.1084 1.6117 1.0594 1.6252 -1.0966 -1.4216 -2.0373 -0.6533

12726 Cohecton Sullivan 0.5589 0.1825 0.8645 0.6009 1.2075 -0.8036 -0.9532 -1.1531 -0.3443

12729 Cuddebackville Orange 0.7053 -0.0388 1.6053 1.3217 0.8404 -0.4025 -0.7956 -0.7036 -0.1125

12732 Eldred Sullivan 0.1884 -0.0195 1.2686 0.7441 1.0098 -0.7219 -0.9890 -1.4611 -0.4864

12734 Ferndale Sullivan 0.4072 -0.1882 1.8359 1.0694 1.3270 -1.1397 -1.3349 -1.7683 -0.6022

12737 Glen Spey Sullivan -0.0615 0.0147 1.0995 1.1887 1.1445 -0.5479 -0.9730 -0.7124 -0.1736

12738 Glen Wild Sullivan -0.3134 -0.0647 0.5966 0.8797 0.5976 -0.1566 -0.5400 -0.0172 0.0395

12740 Grahamsville Sullivan 0.1336 -0.0004 1.1560 1.0401 1.1498 -0.6540 -1.0190 -0.8871 -0.2500

12741 Hankins Sullivan 0.1739 -0.0459 1.2284 0.7379 0.8835 -0.6109 -0.9020 -1.2852 -0.4236

12743 Highland Lake Sullivan 0.2494 0.0090 1.5876 0.9275 1.2888 -0.8880 -1.2543 -1.8876 -0.6253
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12745 Hortonville Sullivan 0.8464 0.1516 1.6803 0.2472 1.4889 -1.3847 -1.4526 -3.1438 -1.1180

12746 Huguenot Orange 0.0911 0.1625 1.1033 1.0091 1.1921 -0.6300 -0.9325 -1.2640 -0.3553

12747 Hurleyville Sullivan 0.7006 0.2505 1.7771 1.2889 1.2163 -0.7819 -0.8495 -2.0630 -0.5547

12748 Jeffersonville Sullivan 0.0742 -0.0354 1.3393 1.0961 1.1581 -0.6933 -1.0764 -1.1543 -0.3501

12750 Kenoza Lake Sullivan -0.5822 0.0093 0.7788 1.6737 1.0716 -0.0548 -0.8519 0.4810 0.2929

12751 Kiamesha Lake Sullivan 0.5396 0.1549 0.5909 0.7410 0.9839 -0.6017 -0.6675 -0.3875 -0.0589

12752 Lake Huntington Sullivan 0.0518 0.0000 0.7231 0.6188 0.5991 -0.2968 -0.5734 -0.5801 -0.1704

12754 Liberty Sullivan 0.8798 0.0751 1.2188 0.9151 1.1627 -0.8495 -0.9296 -1.0010 -0.2566

12758 Livingston Manor Sullivan 0.6841 0.5045 0.1934 0.0138 1.5293 -1.0630 -1.0030 -1.4928 -0.4858

12759 Loch Sheldrake Sullivan 0.8027 0.1890 0.3147 0.4169 1.0494 -0.8023 -0.6569 -0.3496 -0.0660

12760 Long Eddy Delaware 0.2163 -0.2511 2.1240 1.2913 1.2842 -1.0121 -1.4000 -1.8869 -0.6343

12762 Mongaup Valley Sullivan 0.2132 -0.0634 1.4198 0.8492 1.1121 -0.8213 -1.1083 -1.5392 -0.5189

12763 Mountain Dale Sullivan 0.3353 -0.1117 1.2087 0.6807 0.8514 -0.7401 -0.8575 -1.1662 -0.3933

12764 Narrowsburg Sullivan 0.4605 0.0902 1.4362 0.7958 1.1463 -0.8123 -1.0379 -1.8117 -0.5742

12765 Neversink Sullivan -0.4005 0.0124 0.7117 1.1643 0.9640 -0.2573 -0.8079 -0.1002 0.0347

12766 North Branch Sullivan 0.4300 0.0000 1.9055 0.8031 1.4247 -1.1267 -1.4664 -2.6009 -0.8996

12767 Obernburg Sullivan -0.1622 -0.1170 1.1428 1.0689 0.8813 -0.4510 -0.8746 -0.6777 -0.1949

12768 Parksville Sullivan -0.0340 -0.3841 1.9572 1.5152 1.0194 -0.7448 -1.1640 -1.0383 -0.3258

12770 Pond Eddy Sullivan 0.3242 -0.0654 1.4605 0.8940 1.0756 -0.8567 -1.0168 -1.5236 -0.4963

12771 Port Jervis Orange 0.4269 0.1425 1.0179 0.9032 1.1834 -0.7354 -0.9177 -1.1151 -0.3098

12775 Rock Hill Sullivan 0.3702 -0.0167 2.2258 1.9345 1.6134 -0.8289 -1.4631 -1.5353 -0.3857

12776 Roscoe Sullivan 0.3015 -0.1289 1.7251 1.0160 1.1902 -0.9255 -1.2196 -1.7068 -0.5686

12777 Forestburgh Sullivan 0.1500 -0.0376 1.9345 1.3927 1.5501 -0.9393 -1.5024 -1.8502 -0.5817

12779 South Fallsburg Sullivan 1.5340 0.0313 1.8111 1.0020 1.4745 -1.2951 -1.2610 -1.6142 -0.4678

12780 Sparrow Bush Orange 0.1567 0.0528 0.8980 0.7368 0.9394 -0.5350 -0.8310 -0.8845 -0.2658

12781 Summitville Sullivan 1.1105 -0.0463 1.8743 1.4347 1.7316 -1.3360 -1.4486 -1.2562 -0.3319
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12783 Swan Lake Sullivan 0.2416 -0.0770 1.5448 1.3275 1.1324 -0.6426 -1.0559 -0.9649 -0.2519

12785 Westbrookville Sullivan 0.3627 -0.0479 1.9253 1.4962 1.4819 -0.9010 -1.3839 -1.5251 -0.4405

12786 White Lake Sullivan 1.0641 -0.0463 3.2227 0.8787 2.0996 -1.9856 -2.2841 -4.7716 -1.6898

12787 White Sulphur Springs Sullivan -0.0082 0.0330 1.5253 1.2241 1.3246 -0.7131 -1.2108 -1.5578 -0.4678

12788 Woodbourne Sullivan 0.7474 0.1697 1.0149 1.2579 1.3139 -0.6380 -0.9386 -0.2791 0.0477

12789 Woodridge Sullivan 0.5004 0.1737 0.4853 0.6106 1.1400 -0.7215 -0.7983 -0.4925 -0.1080

12790 Wurtsboro Sullivan 0.0912 0.0133 1.2210 1.1501 1.1738 -0.6336 -1.0212 -0.9292 -0.2518

12791 Youngsville Sullivan 0.2737 0.2676 1.0512 1.0623 1.3664 -0.6516 -1.0187 -1.1831 -0.3006

12792 Yulan Sullivan 0.0655 0.0123 0.9622 0.6455 0.8051 -0.4983 -0.7746 -1.0910 -0.3552

12801 Glens Falls Warren 0.1900 -0.0914 0.8254 0.9140 0.8064 -0.4504 -0.7096 -0.9235 -0.3197

12803 South Glens Falls Saratoga 0.0009 -0.0030 0.8878 0.8390 0.9084 -0.4907 -0.9042 -0.9367 -0.3264

12804 Queensbury Warren 0.0333 0.0076 1.2571 1.0661 1.1286 -0.6143 -1.0670 -1.1977 -0.3670

12808 Adirondack Warren 0.6001 0.1352 1.8107 0.6606 1.7040 -1.3471 -1.6197 -2.9068 -1.0058

12809 Argyle Washington 0.1168 0.0380 1.0547 0.6965 0.9981 -0.6326 -0.9361 -1.2661 -0.4155

12810 Athol Warren 0.1603 0.0093 1.2629 0.7978 1.0902 -0.7128 -1.0499 -1.4385 -0.4715

12811 Bakers Mills Warren 0.1407 0.1999 0.5126 0.4346 1.0642 -0.6235 -0.8316 -0.9730 -0.3110

12812 Blue Mountain Lake Hamilton -0.2308 0.0000 0.8642 0.9566 0.9157 -0.3711 -0.8272 -0.5687 -0.1483

12814 Bolton Landing Warren 0.6155 0.0703 1.5330 0.6967 1.3036 -1.0040 -1.2364 -2.0429 -0.6771

12815 Brant Lake Warren 0.3311 0.1085 1.1845 0.5624 1.2436 -0.9034 -1.1399 -1.8206 -0.6196

12816 Cambridge Washington 0.2935 0.0411 1.4440 0.8703 1.1747 -0.7930 -1.1087 -1.7122 -0.5524

12817 Chestertown Warren 0.1478 -0.0045 1.5022 0.9217 1.2115 -0.7991 -1.1936 -1.7311 -0.5710

12819 Clemons Washington 0.0020 0.1014 0.8862 0.7747 1.1415 -0.6183 -0.9829 -1.0460 -0.3242

12821 Comstock Washington 1.5873 -0.0728 2.3244 2.7706 1.1410 -0.1768 -0.9093 0.7528 0.5912

12822 Corinth Saratoga 0.0428 0.0268 0.9624 0.7574 0.9572 -0.5494 -0.8837 -1.0025 -0.3168

12823 Cossayuna Washington -0.5074 0.0000 0.3233 0.9515 0.6091 0.0019 -0.4729 0.3912 0.1990

12824 Diamond Point Warren -0.1998 -0.0301 1.3722 1.3513 1.2820 -0.5837 -1.1966 -0.9692 -0.2719
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12827 Fort Ann Washington 0.0661 0.0528 1.1334 0.9689 1.0562 -0.5504 -0.9357 -1.0609 -0.3060

12828 Fort Edward Washington -0.0269 0.0298 0.9292 0.7946 0.9656 -0.5191 -0.8922 -0.9491 -0.3000

12831 Gansevoort Saratoga -0.2582 0.0157 0.9604 1.2187 1.0835 -0.4037 -0.9397 -0.5032 -0.1076

12832 Granville Washington 0.2361 0.0693 1.0274 0.5508 0.9461 -0.6683 -0.8742 -1.4407 -0.4793

12833 Greenfield Center Saratoga -0.0693 0.1246 0.9133 1.0026 1.2301 -0.5775 -1.0098 -0.8884 -0.2458

12834 Greenwich Washington 0.0070 0.0262 1.2122 0.9688 1.1249 -0.6267 -1.0403 -1.2287 -0.3806

12835 Hadley Saratoga 0.3264 0.0618 1.3708 0.6884 1.2475 -0.9007 -1.1884 -1.8815 -0.6357

12836 Hague Warren 0.3460 0.0110 1.7903 0.9039 1.4247 -1.0578 -1.4066 -2.3046 -0.7796

12837 Hampton Washington -0.0876 0.0131 0.9138 0.8214 0.9189 -0.4642 -0.8495 -0.8379 -0.2564

12838 Hartford Washington 0.2310 0.0164 1.5650 0.8587 1.3045 -0.9081 -1.2908 -1.9803 -0.6710

12839 Hudson Falls Washington 0.0857 0.0641 0.6696 0.6904 0.8652 -0.4536 -0.7398 -0.6406 -0.1858

12841 Huletts Landing Washington 1.1852 0.0000 3.1698 0.6725 2.0724 -2.0316 -2.2565 -5.0006 -1.7802

12842 Indian Lake Hamilton 0.6580 0.1162 1.8665 0.6204 1.6230 -1.3340 -1.5713 -2.9800 -1.0327

12843 Johnsburg Warren 0.1746 0.0959 0.5991 0.3347 0.7788 -0.5304 -0.6711 -0.9702 -0.3243

12844 Kattskill Bay Washington 0.4944 0.0092 2.1672 1.2340 1.6834 -1.1647 -1.6602 -2.4720 -0.8110

12845 Lake George Warren 0.2870 0.0013 1.4902 0.8580 1.2091 -0.8483 -1.1841 -1.7787 -0.5776

12846 Lake Luzerne Warren 0.0893 -0.0080 1.2136 0.7973 1.0185 -0.6455 -0.9988 -1.3372 -0.4388

12847 Long Lake Hamilton 0.4253 -0.0122 1.8898 1.0476 1.4300 -1.0159 -1.4219 -2.1446 -0.7054

12850 Middle Grove Saratoga -0.1015 0.0031 1.2402 1.1700 1.1840 -0.5659 -1.0878 -0.9818 -0.2806

12851 Minerva Essex 0.2587 0.0615 1.1529 0.5618 1.0775 -0.7787 -1.0237 -1.6447 -0.5588

12852 Newcomb Essex 0.7168 0.0804 2.0131 0.6325 1.6034 -1.3737 -1.5940 -3.1338 -1.0903

12853 North Creek Warren 0.4873 0.1123 1.2574 0.4596 1.1385 -0.9193 -1.0525 -2.0224 -0.6881

12855 North Hudson Essex 0.2346 -0.0023 1.1827 0.5760 0.9416 -0.7122 -0.9412 -1.5277 -0.5215

12856 North River Warren -0.0233 0.0000 0.8566 0.6615 0.7776 -0.4356 -0.7413 -0.8584 -0.2721

12857 Olmstedville Essex 0.0910 -0.0072 1.3136 0.8386 1.0976 -0.7042 -1.0786 -1.4811 -0.4892

12858 Paradox Essex 0.5785 0.0000 2.9347 1.3471 2.2471 -1.7097 -2.2878 -3.8854 -1.3327
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12859 Porter Corners Saratoga -0.5057 -0.0094 0.8449 1.3393 1.0534 -0.2594 -0.9078 -0.1319 0.0289

12860 Pottersville Warren 0.2865 0.1019 1.4643 0.8574 1.4300 -0.9509 -1.3121 -1.9677 -0.6467

12861 Putnam Station Washington 0.2514 0.0569 1.5073 0.8397 1.3161 -0.9048 -1.2519 -1.9691 -0.6554

12863 Rock City Falls Saratoga -0.4360 0.0000 1.0276 1.3891 1.1912 -0.3796 -1.0558 -0.4445 -0.0853

12865 Salem Washington 0.1283 0.0357 1.0814 0.7325 1.0196 -0.6392 -0.9510 -1.2532 -0.4057

12866 Saratoga Springs Saratoga 0.0740 0.0395 1.4277 1.2949 1.2870 -0.6597 -1.1651 -1.3151 -0.3723

12870 Schroon Lake Essex 0.1911 0.0088 1.2465 0.6697 1.0251 -0.7212 -1.0156 -1.5711 -0.5299

12871 Schuylerville Saratoga -0.1056 -0.0156 0.9900 0.9865 0.9272 -0.4275 -0.8574 -0.7010 -0.1932

12873 Shushan Washington 0.0737 -0.0066 1.2446 0.8709 1.0977 -0.6839 -1.0534 -1.3215 -0.4295

12874 Silver Bay Warren 0.6602 0.0583 2.6610 1.1043 2.1549 -1.6866 -2.1521 -3.7870 -1.3061

12878 Stony Creek Warren 0.2188 -0.0208 1.4015 0.8832 1.0243 -0.6705 -1.0151 -1.4492 -0.4635

12883 Ticonderoga Essex 0.2467 0.0413 1.1766 0.6051 1.0141 -0.7263 -0.9786 -1.5833 -0.5328

12884 Victory Mills Saratoga -0.0373 -0.0369 0.8780 0.9516 0.7353 -0.3111 -0.7473 -0.5641 -0.1881

12885 Warrensburg Warren 0.1717 0.0095 1.1241 0.7076 0.9433 -0.6135 -0.9148 -1.2672 -0.4125

12886 Wevertown Warren 0.1319 0.0000 1.3094 0.7786 1.0826 -0.7208 -1.0696 -1.5526 -0.5182

12887 Whitehall Washington -0.0467 0.0402 0.7981 0.7349 0.9048 -0.4680 -0.8058 -0.7802 -0.2361

12901 Plattsburgh Clinton 0.2253 0.0761 0.9264 0.7575 0.8812 -0.5018 -0.7722 -0.9901 -0.2887

12903 Plattsburgh (Oval) Clinton 0.3972 0.1890 1.4060 1.0982 1.3916 -0.8312 -1.2676 -1.9645 -0.6819

12910 Altona Clinton 0.5163 0.1689 0.7697 0.8021 0.9874 -0.5030 -0.7216 -0.5446 -0.0926

12912 Au Sable Forks Clinton 0.0443 0.0315 0.9410 0.6820 0.9334 -0.5586 -0.8667 -1.0692 -0.3456

12913 Bloomingdale Essex -0.0223 0.0255 0.7856 0.6532 0.8135 -0.4441 -0.7447 -0.8074 -0.2531

12914 Bombay Franklin 0.3627 0.4580 0.0234 0.0881 1.3568 -0.8273 -0.8704 -1.0773 -0.3427

12916 Brushton Franklin 0.1875 0.1271 0.9274 0.6283 1.1431 -0.7120 -0.9911 -1.3085 -0.4248

12917 Burke Franklin 0.1574 0.0610 0.9114 0.8040 1.0011 -0.5523 -0.8621 -0.8319 -0.2373

12918 Cadyville Clinton 0.1854 0.0729 1.0775 0.7697 1.1925 -0.7559 -1.0587 -1.2960 -0.4172

12919 Champlain Clinton -0.0804 0.0154 0.7424 0.7028 0.7592 -0.3736 -0.6907 -0.6528 -0.1930
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12920 Chateauguay Franklin 0.0041 0.0230 0.8847 0.7635 0.8941 -0.4833 -0.8081 -0.8289 -0.2499

12921 Chazy Clinton -0.1483 0.1330 0.5972 0.8788 1.0890 -0.4485 -0.8481 -0.4817 -0.1082

12923 Churubusco Clinton 0.1129 0.0521 1.0418 0.7265 0.9952 -0.6000 -0.9137 -1.2096 -0.3852

12926 Constable Franklin 0.1373 0.0686 0.7970 0.5647 0.9057 -0.5660 -0.8007 -0.9988 -0.3222

12927 Cranberry Lake St Lawrence 0.4157 0.0000 1.6687 0.6444 1.2228 -1.0009 -1.2674 -2.3337 -0.8104

12928 Crown Point Essex 0.0852 -0.0019 1.1790 0.8120 1.0562 -0.6699 -1.0075 -1.2802 -0.4169

12929 Dannemora Clinton 1.6134 0.0982 1.3688 2.0254 0.9006 -0.1051 -0.7307 0.6220 0.4129

12930 Dickinson Center Franklin 0.1189 0.2507 0.4929 0.5613 1.1982 -0.6528 -0.8732 -0.9103 -0.2676

12932 Elizabethtown Essex 0.4229 0.0517 1.5570 0.7889 1.3881 -1.0266 -1.3200 -2.0558 -0.6906

12934 Ellenburg Center Clinton 0.1415 0.0208 0.9931 0.5763 0.8068 -0.5461 -0.7777 -1.2247 -0.4038

12935 Ellenburg Depot Clinton 0.0577 0.0632 0.8402 0.6582 0.9545 -0.5537 -0.8465 -0.9755 -0.3083

12936 Essex Essex 0.2630 0.0000 1.5409 0.7776 1.2046 -0.8762 -1.2144 -1.9600 -0.6658

12937 Fort Covington Franklin 0.9112 1.0002 -1.3936 -0.8030 1.6888 -1.0423 -0.6618 -0.6546 -0.1838

12939 Gabriels Franklin -0.2502 0.0000 0.5709 0.7743 0.6667 -0.2110 -0.5862 -0.2355 -0.0402

12941 Jay Essex -0.0186 0.0104 1.1952 1.0971 1.1598 -0.5823 -1.0575 -0.9585 -0.2743

12942 Keene Essex 0.2069 0.1345 1.3531 0.8979 1.5622 -0.9898 -1.3849 -1.8388 -0.6020

12943 Keene Valley Essex 0.5254 0.0508 1.3859 0.3467 1.0783 -0.9705 -1.0970 -2.2571 -0.7961

12944 Keeseville Essex 0.1203 0.0432 0.9514 0.6809 0.9766 -0.6061 -0.8885 -1.0935 -0.3510

12945 Lake Clear Franklin 0.3429 0.0000 1.6239 0.7139 1.2285 -0.9535 -1.2580 -2.1828 -0.7517

12946 Lake Placid Essex 0.0727 0.0280 0.9906 0.8126 0.9840 -0.5594 -0.8872 -0.9677 -0.2904

12950 Lewis Essex 0.2149 0.0634 1.0461 0.8291 1.0136 -0.5583 -0.9056 -0.9970 -0.2905

12952 Lyon Mountain (South) Clinton 1.4319 0.1557 1.6854 1.7063 0.7797 -0.0694 -0.5601 -0.0264 0.2634

12953 Malone Franklin 0.6265 0.0862 1.0672 0.9656 0.9109 -0.4608 -0.7411 -0.5773 -0.0927

12955 Lyon Mountain (North) Clinton 0.1046 0.1180 0.6820 0.5025 0.9525 -0.5724 -0.8061 -1.0004 -0.3228

12956 Mineville Essex 0.3212 0.0529 1.1798 0.8884 1.0666 -0.6231 -0.9712 -1.1232 -0.3357

12957 Moira Franklin 0.0744 0.0387 0.7995 0.5361 0.7990 -0.4975 -0.7440 -0.9853 -0.3244
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12958 Mooers Clinton 0.0942 0.0567 0.8736 0.6470 0.9877 -0.6122 -0.8791 -1.0525 -0.3406

12959 Mooers Forks Clinton 0.1384 -0.0056 1.0226 0.5600 0.8104 -0.5700 -0.8156 -1.2499 -0.4229

12960 Moriah Essex 0.0760 0.0672 1.0374 0.7611 1.1083 -0.6546 -1.0042 -1.2356 -0.3968

12962 Morrisonville Clinton 0.1091 0.0602 1.3182 0.9724 1.1588 -0.6734 -1.0578 -1.4610 -0.4559

12964 New Russia Essex -0.1197 0.2427 1.3841 1.5806 1.3723 -0.5009 -0.9777 -1.2707 -0.2799

12965 Nicholville St Lawrence -0.0186 0.0305 0.9389 0.7839 0.8019 -0.4183 -0.7247 -0.9208 -0.2737

12966 North Bangor Franklin -0.0322 0.0226 0.6694 0.6226 0.7393 -0.3939 -0.6534 -0.6196 -0.1855

12967 North Lawrence St Lawrence 0.1181 0.0342 0.7379 0.4991 0.7498 -0.4904 -0.6782 -0.8875 -0.2883

12969 Owls Head Franklin 0.7233 0.3184 0.8994 0.0807 1.4923 -1.2267 -1.2228 -2.3195 -0.8105

12970 Paul Smiths Franklin 0.0786 0.1259 0.9843 1.2458 0.9853 -0.2993 -0.7336 -0.4451 -0.0263

12972 Peru Clinton 0.0137 0.0461 1.1586 0.9854 1.1639 -0.6339 -1.0413 -1.1529 -0.3493

12973 Piercefield St Lawrence 0.7563 0.0000 2.5279 0.7994 1.7723 -1.5581 -1.8716 -3.7169 -1.3047

12974 Port Henry Essex 0.3380 0.1745 0.8485 0.4588 1.2157 -0.8460 -1.0359 -1.4949 -0.5034

12975 Port Kent Essex 0.0369 0.0127 1.0517 0.7531 0.9027 -0.5342 -0.8618 -1.1430 -0.3678

12976 Rainbow Lake Franklin 0.4121 0.1260 1.1192 0.5470 1.3432 -1.0108 -1.1733 -1.7663 -0.5992

12979 Rouses Point Clinton 0.1513 0.0467 1.0920 0.7850 1.0580 -0.6519 -1.0042 -1.3719 -0.4504

12980 St Regis Falls Franklin -0.0561 0.0445 0.6961 0.6496 0.8158 -0.4146 -0.7187 -0.6927 -0.2084

12981 Saranac Clinton -0.0960 0.0026 0.9204 0.8506 0.8217 -0.3964 -0.7492 -0.7651 -0.2194

12983 Saranac Lake Franklin 0.2413 0.0375 1.0491 0.7656 0.9690 -0.5866 -0.8839 -1.0424 -0.3161

12986 Tupper Lake Franklin 0.2026 0.0604 1.0221 0.7239 1.0669 -0.6789 -0.9484 -1.1810 -0.3736

12987 Upper Jay Essex -0.0802 0.0306 0.8702 0.7922 0.9325 -0.4709 -0.8442 -0.8274 -0.2510

12989 Vermontville Franklin 0.1541 0.0809 1.2165 0.7896 1.1808 -0.7454 -1.0732 -1.5518 -0.5023

12992 West Chazy Clinton -0.0155 -0.0031 1.0663 0.8847 0.9877 -0.5525 -0.9179 -0.9947 -0.3072

12993 Westport Essex 0.4374 0.0338 1.6110 0.6504 1.2638 -1.0035 -1.2690 -2.2844 -0.7862

12996 Willsboro Essex 0.3070 0.1286 1.0301 0.5963 1.2449 -0.8663 -1.0769 -1.5491 -0.5137

12997 Wilmington Essex 0.1115 0.1185 0.8264 0.6539 1.1085 -0.6586 -0.9348 -1.0990 -0.3468

12998 Witherbee Essex 0.7752 0.5877 0.4045 -0.0025 1.5290 -1.1091 -0.9645 -2.0886 -0.6756
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Table 30: Accessibility by Good Type, After Pandemic 
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12008 Alplaus Schenectady 0.5919 -0.0151 1.7891 1.6114 1.4852 0.1950 -0.6705 0.3697 0.8366

12009 Altamont Albany 0.4863 0.0876 0.9887 1.2253 1.2868 0.1486 -0.5965 0.4000 0.7358

12010 Amsterdam Montgomery 1.1601 0.0854 0.7845 0.6809 1.2631 -0.0564 -0.3280 0.2226 0.8635

12015 Athens Greene 1.0038 0.0091 1.4620 1.1043 1.1127 0.1535 -0.4214 0.2129 0.7345

12017 Austerlitz Columbia 0.9725 0.0817 1.0817 0.8332 1.2746 0.0754 -0.4468 0.3308 0.8855

12018 Averill Park Rensselaer 0.5946 0.0042 1.0218 1.2947 1.3629 0.2011 -0.6376 0.5176 0.8579

12019 Ballston Lake Saratoga 0.5751 0.1265 1.1776 1.4092 1.5467 0.1678 -0.7182 0.4765 0.8889

12020 Ballston Spa Saratoga 0.3912 -0.0005 0.9789 1.2118 1.1487 0.1670 -0.5570 0.3912 0.6655

12022 Berlin Rensselaer 1.3060 0.0099 1.2432 0.6411 1.1050 0.1045 -0.3269 0.2713 0.9075

12023 Berne Albany 0.5178 -0.0113 0.9486 1.0448 1.0789 0.1584 -0.4880 0.3807 0.6836

12025 Broadalbin Fulton 0.5284 0.0480 0.7394 0.8209 0.9818 0.1035 -0.4199 0.3140 0.6248

12027 Burnt Hills Saratoga 0.3951 0.0063 0.9885 1.3970 1.3251 0.2234 -0.6872 0.5224 0.7812

12028 Buskirk Rensselaer 0.4611 0.0999 0.6283 0.8500 1.0988 0.0982 -0.4848 0.3803 0.6776

12029 Canaan Columbia 1.1795 0.0504 1.2792 1.2801 1.6509 0.1545 -0.6346 0.5038 1.1231

12031 Carlisle Schoharie 1.5157 -0.1176 1.5939 0.6476 1.0029 0.1108 -0.2237 0.1837 0.9038

12032 Caroga Lake Fulton 1.6484 0.2523 1.9421 0.5459 1.4665 -0.0596 -0.3197 0.0384 1.0725

12033 Castleton-on-Hudson Rensselaer 0.6724 0.0096 1.0279 1.0683 1.1937 0.1494 -0.5154 0.3907 0.7750

12035 Central Bridge Schoharie 0.8136 0.0294 0.8795 0.7317 1.0107 0.1133 -0.3850 0.3157 0.7308

12036 Charlotteville Schoharie 0.3470 0.0118 0.7423 0.7797 0.8168 0.1135 -0.3737 0.2752 0.5034

12037 Chatham Columbia 1.1711 0.0387 1.1731 0.8824 1.1070 0.1283 -0.3851 0.2492 0.8053

12041 Clarksville Albany 0.3190 0.1702 0.3290 1.0235 1.3304 0.0953 -0.6318 0.5118 0.7514

12042 Climax Greene 1.0675 0.0000 1.2752 1.0322 1.3225 0.1750 -0.5131 0.4246 0.9648

12043 Cobleskill Schoharie 0.8462 0.0267 0.8976 0.7997 0.9818 0.1029 -0.3656 0.2597 0.6809
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12045 Coeymans Albany 1.1973 -0.0776 1.3857 0.9169 1.0608 0.1699 -0.3699 0.2710 0.8256

12046 Coeymans Hollow Albany 0.5683 0.0202 0.8953 1.1239 1.2480 0.1727 -0.5721 0.4728 0.7969

12047 Cohoes Albany 0.9793 0.1452 0.7947 0.9177 1.1401 0.0875 -0.4593 0.2121 0.7072

12051 Coxsackie Greene 1.1424 -0.2028 1.8151 1.7511 0.8366 0.3389 -0.3951 0.1011 0.4858

12052 Cropseyville Rensselaer 0.6547 0.0583 0.8033 0.9349 1.1844 0.1344 -0.5089 0.4210 0.7829

12053 Delanson Schenectady 0.1104 -0.0371 0.7722 1.3319 1.1166 0.2121 -0.6134 0.4930 0.6051

12054 Delmar Albany 0.4253 0.0318 1.1056 1.5037 1.3707 0.2271 -0.7071 0.4796 0.7715

12056 Duanesburg Schenectady 0.2083 -0.0608 0.7694 1.2409 1.1005 0.1788 -0.5632 0.4614 0.6252

12057 Eagle Bridge Washington 0.5907 0.0358 0.8537 0.8163 1.0007 0.1103 -0.4143 0.3154 0.6599

12058 Earlton Greene 0.3602 -0.0483 0.9663 1.1306 0.9457 0.1702 -0.4599 0.3213 0.5438

12059 East Berne Albany 0.3972 0.0150 0.8446 1.0657 1.0803 0.1720 -0.5263 0.4149 0.6606

12060 East Chatham Columbia 1.0877 0.0152 1.2911 1.0735 1.3953 0.1751 -0.5440 0.4481 1.0065

12061 East Greenbush Rensselaer 0.3610 0.0897 1.0976 1.3466 1.3419 0.1663 -0.6597 0.4176 0.7336

12062 East Nassau Rensselaer 0.0348 0.0241 0.4844 0.9554 0.8747 0.1468 -0.4844 0.3877 0.4648

12064 East Worcester Otsego 1.9682 0.0894 1.5853 1.0225 1.3454 0.1462 -0.3763 0.1781 1.0314

12065 Clifton Park Saratoga 0.5020 0.1131 1.0334 1.3308 1.3619 0.1357 -0.6506 0.3644 0.7486

12066 Esperance Schoharie 0.4857 -0.0115 0.8623 0.9565 0.9747 0.1551 -0.4483 0.3533 0.6242

12067 Feura Bush Albany 0.9162 -0.0025 1.1762 1.0738 1.3005 0.1753 -0.5309 0.4391 0.9140

12068 Fonda Montgomery 0.6170 -0.0101 0.7961 0.9026 1.0876 0.0914 -0.4304 0.3538 0.7104

12069 Fort Hunter Montgomery 1.1555 0.0000 1.1017 0.5692 0.9307 0.1019 -0.2794 0.2196 0.7685

12070 Fort Johnson Montgomery 1.0383 -0.0250 1.2833 0.8148 1.0391 0.1265 -0.3531 0.2533 0.7829

12071 Fultonham Schoharie 1.0403 0.0000 1.1013 0.7101 1.0347 0.1204 -0.3530 0.2920 0.8051

12072 Fultonville Montgomery 0.3710 0.0433 0.5129 0.7766 0.8689 0.0863 -0.3860 0.2961 0.5176

12074 Galway Saratoga 0.7270 0.0641 1.0224 1.0442 1.3032 0.1161 -0.5320 0.3943 0.8357

12075 Ghent Columbia 1.6365 0.0856 1.3576 0.9510 1.5665 0.0844 -0.4756 0.3556 1.1676

12076 Gilboa Schoharie 1.2178 0.0307 1.1792 0.7487 1.2344 0.0638 -0.3709 0.2880 0.9271
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12077 Glenmont Albany 0.3702 0.0967 1.1514 1.5187 1.4710 0.1760 -0.7357 0.4511 0.7882

12078 Gloversville Fulton 0.9058 0.0581 0.8145 0.5743 0.9291 0.0497 -0.2974 0.2109 0.6782

12083 Greenville Greene 0.6355 0.0313 0.8727 1.0191 1.2061 0.1354 -0.5190 0.4175 0.7806

12084 Guilderland Albany 0.3784 0.3899 2.0763 1.2396 1.4619 -0.0809 -0.5789 -0.1170 0.5895

12085 Guilderland Center Albany 1.6573 0.2439 0.6763 0.4337 0.8984 0.0435 -0.2942 0.1007 0.7360

12086 Hagaman Montgomery 1.2745 -0.0333 1.3923 0.9046 1.2416 0.1483 -0.4182 0.3387 0.9639

12087 Hannacroix Greene 0.2444 0.0000 0.5560 0.7909 0.7773 0.1348 -0.3941 0.3262 0.4736

12090 Hoosick Falls Rensselaer 0.6702 0.0146 0.7544 0.7074 0.9446 0.0826 -0.3576 0.2916 0.6543

12092 Howes Cave Schoharie 2.0792 0.1683 1.2657 0.2217 1.3741 -0.0370 -0.2362 0.1945 1.2176

12093 Jefferson Schoharie 0.7440 -0.0113 0.8944 0.7139 0.9079 0.1116 -0.3413 0.2803 0.6608

12094 Johnsonville Rensselaer 0.3987 -0.1168 1.0863 1.3238 1.0809 0.2281 -0.5432 0.4365 0.6580

12095 Johnstown Fulton 0.9000 0.0471 0.8678 0.8022 0.9802 0.1044 -0.3656 0.2474 0.6778

12106 Kinderhook Columbia 0.9487 -0.0512 1.3497 1.2018 1.3440 0.2002 -0.5533 0.4488 0.9429

12108 Lake Pleasant Hamilton 2.2833 0.0065 2.1123 0.9734 1.7754 0.1559 -0.4810 0.3949 1.4971

12110 Latham Albany 0.5769 0.0701 1.2058 1.2178 1.2066 0.1163 -0.4884 0.2620 0.7032

12116 Maryland Otsego 1.4202 0.0085 1.3177 0.6396 1.1537 0.0985 -0.3231 0.2669 0.9583

12117 Mayfield Fulton 0.5993 0.0027 0.7726 0.7412 0.8892 0.1206 -0.3707 0.3053 0.6180

12118 Mechanicville Saratoga 0.6186 0.1164 0.9604 0.9895 1.2132 0.1031 -0.5175 0.3304 0.7346

12120 Medusa Albany 0.7688 -0.0422 1.0630 0.9718 1.0246 0.1618 -0.4203 0.3298 0.7109

12121 Melrose Rensselaer 0.6593 -0.1380 1.4655 1.6589 1.4442 0.2698 -0.6805 0.5411 0.9043

12122 Middleburgh Schoharie 1.0639 0.0352 1.0874 0.6680 1.0693 0.0702 -0.3322 0.2456 0.8038

12123 Nassau Rensselaer 0.4945 0.1373 0.5560 1.0920 1.3153 0.1299 -0.6135 0.4817 0.7751

12124 New Baltimore Greene 1.2232 -0.2489 1.8826 1.3171 1.2404 0.2286 -0.4414 0.3540 0.9493

12125 New Lebanon Columbia 0.5713 0.0163 0.8444 0.8654 1.0170 0.1237 -0.4362 0.3438 0.6729

12131 North Blenheim Schoharie 1.5111 -0.0360 1.4653 0.6348 1.1126 0.1075 -0.2858 0.2371 0.9626

12134 Northville Fulton 0.8515 0.0212 0.9342 0.7446 1.0332 0.1052 -0.3788 0.3073 0.7489
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12136 Old Chatham Columbia 1.5242 0.0891 1.5038 1.2826 1.8158 0.1750 -0.6672 0.5285 1.2982

12137 Pattersonville Schenectady 0.4690 0.0020 1.0710 1.0858 1.0622 0.1562 -0.4871 0.3351 0.6416

12138 Petersburg Rensselaer 0.5356 -0.0248 0.8482 0.8895 0.9429 0.1368 -0.4093 0.3297 0.6215

12139 Piseco Hamilton 0.8395 0.0415 0.9596 0.8989 1.2010 0.1344 -0.4788 0.3980 0.8407

12140 Poestenkill Rensselaer 0.6218 0.0680 0.8711 1.2065 1.3719 0.1810 -0.6375 0.5139 0.8600

12143 Ravena Albany 0.5845 0.0080 0.7884 0.9224 0.9176 0.1588 -0.4237 0.3162 0.5952

12144 Rensselaer Rensselaer 0.7958 0.1223 0.9095 0.9856 1.2223 0.0846 -0.4889 0.2870 0.7573

12147 Rensselaerville Albany 0.9487 0.0124 1.1443 1.0115 1.2438 0.1682 -0.4983 0.4035 0.8822

12148 Rexford Saratoga 0.4651 0.0662 1.2814 1.5721 1.5418 0.1967 -0.7393 0.4944 0.8570

12149 Richmondville Schoharie 0.7161 0.0643 0.8256 0.7556 0.9648 0.0982 -0.3772 0.2669 0.6467

12150 Rotterdam Junction Schenectady 0.7669 -0.0613 1.0956 1.1582 1.1484 0.1734 -0.4923 0.3666 0.7494

12151 Round Lake Saratoga 0.2039 0.0602 0.6392 1.2225 1.1967 0.1844 -0.6417 0.5068 0.6660

12153 Sand Lake Rensselaer -0.2211 0.1880 0.1509 0.9218 1.0230 0.0659 -0.5621 0.4046 0.4446

12154 Schaghticoke Rensselaer 0.5353 0.0671 0.6766 0.9119 1.1175 0.1214 -0.4956 0.4016 0.7096

12155 Schenevus Otsego 0.6355 0.0574 0.6600 0.6925 0.9795 0.0783 -0.3818 0.3127 0.6628

12156 Schodack Landing Rensselaer -0.6287 -0.0101 0.3976 1.8006 1.2912 0.2933 -0.8847 0.7327 0.5288

12157 Schoharie Schoharie 0.6500 0.0102 0.9173 1.0035 1.0790 0.1486 -0.4674 0.3542 0.6981

12158 Selkirk Albany 0.3709 0.0550 1.0165 1.2185 1.1683 0.1585 -0.5647 0.3634 0.6447

12159 Slingerlands Albany 1.0258 0.1421 1.5381 1.2025 1.5701 0.1076 -0.6027 0.3350 0.9937

12160 Sloansville Schoharie 0.6895 -0.0006 0.9802 0.9292 1.0556 0.1283 -0.4293 0.3258 0.7034

12164 Speculator Hamilton 2.1008 -0.0028 2.0086 1.0450 1.6209 0.1849 -0.4704 0.3568 1.3419

12165 Spencertown Columbia 1.5760 0.0000 1.7684 1.2830 1.7472 0.2173 -0.6380 0.5284 1.3158

12166 Sprakers Montgomery 0.8330 0.0302 0.8439 0.5553 0.8760 0.0751 -0.2926 0.2335 0.6619

12167 Stamford Delaware 1.2411 0.0085 1.2837 0.6626 1.0544 0.0870 -0.3023 0.2123 0.8379

12168 Stephentown (East) Rensselaer 0.8348 0.0000 1.0886 0.9996 1.1987 0.1696 -0.4968 0.4108 0.8416

12169 Stephentown (West) Rensselaer -0.0961 0.0722 0.3723 1.2407 1.1715 0.1798 -0.6718 0.5575 0.5914
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12170 Stillwater Saratoga 0.2467 0.0028 0.6971 1.1747 1.1219 0.1784 -0.5775 0.4709 0.6446

12172 Stottville Columbia -0.1500 0.0001 0.1911 0.7100 0.4802 0.1327 -0.3452 0.2592 0.1962

12173 Stuyvesant Columbia 0.4524 0.0155 0.6787 0.9483 1.0291 0.1184 -0.4591 0.3664 0.6298

12175 Summit Schoharie 0.7432 0.0484 1.2654 0.8858 1.0896 0.0983 -0.4095 0.2408 0.7140

12177 Tribes Hill Montgomery -0.1674 0.0955 0.8946 1.5356 1.3114 0.2040 -0.7590 0.4990 0.5907

12180 Troy (Main) Rensselaer 1.0310 0.1424 1.0580 1.0484 1.0585 0.0811 -0.3851 0.0842 0.6046

12182 Troy (Lansingburgh) Rensselaer 1.0270 0.1081 0.7709 0.9264 0.9672 0.1134 -0.3842 0.1676 0.6067

12183 Green Island Albany 0.8586 0.0161 1.0223 1.1454 0.9008 0.2245 -0.5026 0.2442 0.5542

12184 Valatie Columbia 0.8875 0.1032 0.8105 0.9337 1.3247 0.0746 -0.5013 0.3816 0.8692

12185 Valley Falls Rensselaer 0.2956 0.0158 0.7001 1.0473 1.0477 0.1679 -0.5286 0.4313 0.6239

12186 Voorheesville Albany 0.3821 0.0450 0.9298 1.3871 1.4012 0.2049 -0.7016 0.5466 0.8147

12187 Warnerville Schoharie 0.7952 -0.0160 0.9856 0.7919 0.9836 0.1340 -0.3806 0.3155 0.7184

12188 Waterford Saratoga 0.3735 0.0560 0.6638 0.9713 1.0171 0.1258 -0.4805 0.3457 0.5854

12189 Watervliet Albany 1.0404 0.2531 1.0903 0.9164 1.2032 0.0154 -0.3684 0.0497 0.6680

12190 Wells Hamilton 0.6029 0.0000 0.7633 0.6767 0.8163 0.1151 -0.3316 0.2720 0.5788

12192 West Coxsackie Greene 0.9757 -0.0649 1.2540 1.0621 1.2588 0.1506 -0.4770 0.3937 0.9041

12193 Westerlo Albany 0.9734 0.0090 1.1427 0.8391 1.1272 0.1367 -0.4178 0.3351 0.8334

12194 West Fulton Schoharie 0.8106 0.0583 0.6947 0.4660 0.8473 0.0546 -0.2759 0.2290 0.6427

12195 West Lebanon Columbia 1.2567 0.0000 1.1070 0.3937 0.8481 0.0674 -0.1953 0.1602 0.7580

12196 West Sand Lake Rensselaer 0.3112 -0.0309 0.8738 1.3545 1.1703 0.2392 -0.6359 0.5026 0.6814

12197 Worcester Otsego 1.3774 0.0999 0.9911 0.5346 1.2187 0.0161 -0.3188 0.2530 0.9508

12198 Wynantskill Rensselaer 0.5344 0.0505 0.8354 1.0302 1.1654 0.1350 -0.5306 0.3891 0.7188

12202 Albany (Southeast) Albany 2.7426 0.0927 2.2359 2.1702 0.6863 0.4481 0.3761 -0.4484 0.3211

12203 Albany (West) Albany 0.9230 0.0305 1.1728 1.0730 0.9840 0.1417 -0.4394 0.1616 0.6556

12204 Albany (N/Menands) Albany 1.8354 0.4606 1.3537 1.3064 1.3850 0.0134 -0.4108 -0.2058 0.6884

12205 Albany (NW/Colonie) Albany 0.8195 0.0920 1.2565 1.0375 1.1664 0.0991 -0.4986 0.2337 0.7708
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12206 Albany (Central Ave) Albany 2.2894 -0.0867 1.6637 1.7242 0.6197 0.3675 4.3739 -0.2433 0.4886

12207 Albany (Downtown) Albany 2.8915 -0.6818 2.0852 1.5679 0.4414 0.3714 1.0383 -0.3892 0.8270

12208 Albany (Southwest) Albany 0.9401 0.1126 1.1624 1.3699 1.2279 0.1520 -0.4765 0.0775 0.6290

12209 Albany (Delaware Ave) Albany 1.5173 0.0710 1.9272 1.8801 1.0800 0.2579 -0.3231 -0.1702 0.4701

12210 Albany (Lark St) Albany 1.9942 -0.6536 1.5501 2.1310 0.4583 0.5982 10.0302 -0.1548 0.4959

12211 Loudonville Albany 0.9224 0.1903 1.5880 1.4542 1.7346 0.1243 -0.7400 0.3565 1.0114

12302 Scotia/Glenville Schenectady 0.7164 0.0059 0.9942 1.1091 1.1982 0.1639 -0.5319 0.3966 0.7795

12303 Schenectady (South) Schenectady 1.1106 0.2715 0.9024 1.0403 1.3454 0.0324 -0.4848 0.1577 0.7607

12304 Schenectady (East) Schenectady 1.6144 0.3190 0.8540 0.8765 1.2690 -0.0018 -0.1421 0.0284 0.7980

12305 Schenectady (Dwtn.) Schenectady 1.1860 -0.2587 0.8329 1.0598 0.5998 0.2077 1.7666 0.0212 0.5529

12306 Rotterdam Schenectady 0.8567 0.1084 0.9020 0.9829 1.1377 0.1002 -0.4566 0.2560 0.7030

12307 Schenectady (E. Dwtn.) Schenectady 2.2459 0.3748 0.5453 1.2194 0.9119 0.1708 3.8396 -0.2167 0.4516

12308 Schenectady (North) Schenectady 1.2510 0.2192 0.8761 1.2896 1.0623 0.1612 -0.4074 -0.0087 0.4993

12309 Niskayuna Schenectady 0.4894 0.1683 1.3198 1.5981 1.5712 0.1753 -0.7795 0.3890 0.8033

12401 Kingston Ulster 1.2304 0.0887 1.0728 0.9929 1.1729 0.0608 -0.3817 0.1576 0.7658

12404 Accord Ulster 0.8110 0.1443 0.6532 0.5963 1.0745 -0.0119 -0.3433 0.2235 0.7008

12405 Acra Greene 1.1713 0.1106 1.1779 0.6280 1.2122 0.0212 -0.3483 0.2196 0.8847

12407 Ashland Greene 2.1821 -0.0175 2.4561 0.7887 1.4085 0.0726 -0.2591 0.0689 1.2015

12409 Bearsville Ulster 1.3574 0.0437 1.8910 1.2701 1.6627 0.1657 -0.5985 0.4002 1.1704

12410 Big Indian Ulster 1.5318 0.0086 1.3433 0.5605 1.1516 0.0711 -0.2817 0.2339 0.9816

12411 Bloomington Ulster 0.6862 0.6441 -0.8162 0.1165 1.6089 -0.2408 -0.5411 0.4351 0.9341

12412 Boiceville Ulster 2.5361 0.2801 2.1526 0.5938 1.9871 -0.0412 -0.4254 0.2175 1.5986

12413 Cairo Greene 0.7818 0.1576 0.3646 0.3821 0.9809 -0.0644 -0.2781 0.2027 0.6599

12414 Catskill Greene 1.5590 0.0197 1.4095 0.7898 1.0102 0.1042 -0.2580 0.0948 0.7961

12416 Chichester Ulster 2.5074 0.9167 -1.0788 -0.8672 2.5588 -0.9088 -0.1920 0.1571 1.7477

12417 Connelly Ulster 1.0636 0.9436 -1.3539 -0.0343 1.8696 -0.3577 -0.5899 0.3746 1.0262
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12418 Cornwallville Greene 0.4491 0.0588 0.6293 0.9728 0.9586 0.1509 -0.4644 0.3410 0.5639

12419 Cottekill Ulster 0.2046 -0.0106 0.5972 0.9951 0.8705 0.1614 -0.4630 0.3630 0.4883

12420 Cragsmoor Ulster 0.2531 0.0000 0.8566 1.4041 1.3102 0.2379 -0.6981 0.5781 0.7588

12421 Denver Delaware 1.2720 0.0000 1.3837 0.9416 1.3319 0.1591 -0.4685 0.3890 1.0211

12423 East Durham Greene 0.8967 0.0044 1.0821 0.8603 0.9411 0.1248 -0.3474 0.2132 0.6534

12424 East Jewett Greene 1.8685 -0.0137 1.8149 0.8869 1.5085 0.1499 -0.4298 0.3568 1.2612

12428 Ellenville Ulster 1.2816 0.2658 0.6454 0.5703 1.4381 -0.1865 -0.3171 0.1220 0.8975

12430 Fleischmanns Delaware 1.2550 0.2393 0.8104 0.4509 1.4065 -0.1022 -0.3544 0.2313 0.9849

12431 Freehold Greene 0.5085 0.0566 0.6088 0.8498 1.0885 0.0917 -0.4642 0.3844 0.6902

12432 Glasco Ulster 0.9440 0.0495 0.6523 0.2511 0.6938 0.0044 -0.1538 0.1138 0.5759

12434 Grand Gorge Delaware 1.2624 0.0361 1.0458 0.4306 0.9595 0.0584 -0.2468 0.2047 0.8187

12435 Greenfield Park Ulster 0.4094 -0.0328 0.7593 0.8573 0.8579 0.1452 -0.3991 0.3308 0.5569

12439 Hensonville Greene 1.7245 -0.0124 1.4938 0.4841 1.1185 0.0824 -0.2404 0.1982 1.0234

12440 High Falls Ulster 1.1145 0.0278 1.4071 1.2982 1.3331 0.1982 -0.5384 0.3402 0.8802

12441 Highmount Ulster 4.1470 0.0000 3.2536 0.4481 2.0807 0.0758 -0.2229 0.1848 2.1239

12442 Hunter Greene 2.2473 -0.0146 1.8622 0.4051 1.2452 0.0692 -0.1906 0.1584 1.2146

12443 Hurley Ulster 0.8666 -0.0257 1.3139 1.4400 1.4569 0.2180 -0.6376 0.4846 0.9364

12444 Jewett Greene 1.2342 0.0818 1.0562 0.6678 1.2447 0.0715 -0.3904 0.3196 0.9511

12446 Kerhonkson Ulster 1.3120 0.2740 0.5039 0.4614 1.4265 -0.0808 -0.3895 0.2940 1.0020

12448 Lake Hill Ulster 1.7639 0.0000 2.0690 1.6205 2.1170 0.2740 -0.8061 0.6688 1.5594

12449 Lake Katrine Ulster 1.7348 0.3136 0.7234 0.5472 1.4919 -0.0846 -0.3125 0.1914 1.0582

12450 Lanesville Greene 4.0548 0.0000 3.2978 0.6814 2.2440 0.1153 -0.3389 0.2810 2.1883

12451 Leeds Greene 1.0680 0.0571 0.9046 0.7315 1.2401 0.0358 -0.3891 0.3155 0.8880

12452 Lexington Greene 0.8621 0.0000 1.0272 0.8270 1.0634 0.1401 -0.4112 0.3406 0.7770

12454 Maplecrest Greene 0.0243 0.0000 0.3603 0.7168 0.6257 0.1215 -0.3564 0.2950 0.3386

12455 Margaretville Delaware 1.8638 0.0614 1.6041 0.6958 1.4903 0.0475 -0.3623 0.2699 1.2155
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12456 Mount Marion Ulster 0.4485 -0.1988 1.1913 1.4973 0.8180 0.3020 -0.4994 0.2912 0.4307

12457 Mount Tremper Ulster 1.4792 0.2010 0.9933 0.5060 1.3848 -0.0013 -0.3786 0.2795 1.0568

12458 Napanoch Ulster 1.7254 0.2800 0.7935 0.6800 1.4066 -0.0957 -0.3070 0.0877 0.9336

12460 Oak Hill Greene 0.2335 -0.0867 0.5407 0.5230 0.4025 0.0920 -0.1859 0.1471 0.2656

12461 Olivebridge Ulster 1.5004 0.3297 1.1586 0.7467 1.9089 -0.1161 -0.5300 0.3195 1.2744

12463 Palenville Greene 0.3022 0.5968 -0.8874 0.1551 1.3989 -0.2575 -0.4900 0.3617 0.7112

12464 Phoenicia Ulster 1.4387 -0.0097 1.3936 0.6826 1.1638 0.1157 -0.3331 0.2766 0.9733

12465 Pine Hill Ulster 1.4191 -0.0724 1.4555 0.7003 1.0975 0.1196 -0.3014 0.2479 0.9388

12466 Port Ewen Ulster 1.2262 0.0691 0.9842 0.8211 1.3365 0.0972 -0.5562 0.3690 1.0175

12468 Prattsville Greene 1.6693 0.1056 1.3159 0.5645 1.3673 0.0501 -0.3553 0.2850 1.1212

12469 Preston Hollow Albany 1.2317 -0.0090 1.2037 0.6580 1.0803 0.0929 -0.3164 0.2623 0.8714

12470 Purling Greene 1.0710 0.0000 1.1860 0.8411 1.1590 0.1428 -0.4180 0.3455 0.8785

12471 Rifton Ulster 0.0370 -0.0873 0.7218 1.2797 0.9037 0.2326 -0.5540 0.4254 0.4616

12472 Rosendale Ulster 1.0352 -0.0268 1.1966 0.9050 1.1144 0.1229 -0.4144 0.2797 0.8227

12473 Round Top Greene 1.2849 -0.0068 1.2557 0.6386 1.0621 0.1086 -0.3116 0.2572 0.8792

12474 Roxbury Delaware 1.3478 -0.0201 1.3591 0.7855 1.0580 0.1415 -0.3241 0.2339 0.8553

12477 Saugerties Ulster 0.9100 0.0594 0.8317 0.7189 1.1020 0.0653 -0.3863 0.2970 0.7798

12481 Shokan Ulster 0.6964 0.1319 0.5899 0.5439 0.9908 0.0333 -0.3608 0.2717 0.6750

12482 South Cairo Greene 2.9503 0.5062 0.8661 -0.2733 2.0387 -0.3174 -0.2419 0.2021 1.7315

12484 Stone Ridge Ulster 1.3569 0.3102 1.3501 0.6057 1.5812 -0.0796 -0.4319 0.1834 1.0721

12485 Tannersville Greene 1.1090 -0.0004 1.2261 0.7242 1.0870 0.1127 -0.3673 0.2775 0.8538

12486 Tillson Ulster 0.5885 -0.0342 1.2066 1.5000 1.2153 0.2422 -0.6039 0.3971 0.6934

12487 Ulster Park Ulster 0.6365 0.0903 0.5660 0.8127 1.1215 0.0490 -0.4351 0.3325 0.7001

12489 Wawarsing Ulster 1.9670 0.0961 1.2392 1.2515 1.0681 0.0175 -0.1856 -0.1761 0.6109

12491 West Hurley Ulster 0.6937 0.1661 0.4974 0.7999 1.2978 0.0479 -0.5146 0.4192 0.8274

12494 West Shokan Ulster 0.7883 -0.0410 1.3216 1.5112 1.3871 0.2661 -0.6533 0.4981 0.8826
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12495 Willow Ulster 0.1728 -0.0009 1.7323 1.4842 1.2799 0.1243 -0.5824 0.2537 0.6205

12496 Windham Greene 1.4048 0.0502 1.3057 0.7840 1.3669 0.0962 -0.4265 0.3462 1.0628

12498 Woodstock Ulster 1.5645 0.0896 1.5285 0.8570 1.3720 0.0879 -0.4134 0.2405 1.0404

12501 Amenia Dutchess 1.0549 0.1008 0.7644 0.8493 1.4238 -0.0362 -0.4300 0.3168 0.9281

12502 Ancram Columbia 1.1121 0.0638 1.2954 1.0838 1.3244 0.1520 -0.5022 0.3401 0.9073

12503 Ancramdale Columbia 1.4599 0.1323 1.2341 0.9051 1.5400 0.0277 -0.4566 0.3038 1.0823

12504 Annandale-on-Hudson Dutchess -0.7229 0.2941 0.8724 2.3459 1.9144 0.1863 -1.1429 0.6198 0.6157

12507 Barrytown Dutchess 0.5105 0.0482 1.3306 1.2841 1.1132 0.1661 -0.5154 0.2481 0.5978

12508 Beacon Dutchess 1.1789 -0.0249 1.3643 1.6700 1.2694 0.2077 -0.5422 0.2110 0.7210

12512 Chelsea Dutchess 1.4318 0.0000 1.5335 1.0426 1.4560 0.1812 -0.5154 0.4171 1.1173

12514 Clinton Corners Dutchess 0.9192 0.1052 1.4649 1.5125 1.7636 0.1720 -0.7424 0.5104 1.0865

12515 Clintondale Ulster 0.4986 -0.2700 1.5742 1.8882 1.2883 0.3037 -0.6458 0.4848 0.7447

12516 Copake Columbia 0.9314 0.1006 1.1689 1.1125 1.5149 0.1268 -0.6034 0.4549 1.0039

12518 Cornwall Orange 0.6915 0.0137 1.0616 1.2342 1.3146 0.1313 -0.5622 0.3821 0.7992

12520 Cornwall-on-Hudson Orange 0.2188 -0.0511 1.0345 1.5387 1.2804 0.2317 -0.6948 0.5037 0.6965

12521 Craryville Columbia 1.4190 0.0408 1.5542 1.1748 1.6707 0.1705 -0.6057 0.4898 1.2247

12522 Dover Plains Dutchess 1.0637 -0.0653 1.2826 0.9152 1.1946 0.0683 -0.3666 0.2724 0.8576

12523 Elizaville Columbia 0.9038 0.0415 1.1484 0.8066 1.0817 0.0858 -0.3749 0.2423 0.7494

12524 Fishkill Dutchess 1.0224 0.0255 1.6304 1.4916 1.4080 0.1429 -0.5135 0.2280 0.8330

12525 Gardiner Ulster 0.2486 0.1102 0.3340 0.8737 1.0862 0.0885 -0.5206 0.4304 0.6231

12526 Germantown Columbia 0.8651 0.0403 1.0586 1.0197 1.2814 0.1278 -0.5064 0.3881 0.8615

12528 Highland Ulster 0.8225 0.0199 1.0838 1.1661 1.2404 0.1335 -0.5050 0.3347 0.7781

12529 Hillsdale Columbia 0.8666 -0.0473 1.2515 1.1829 1.3214 0.1884 -0.5487 0.4551 0.9133

12531 Holmes Dutchess 0.2697 0.1649 0.5827 1.3598 1.5558 0.1530 -0.7741 0.6066 0.8521

12533 Hopewell Junction Dutchess 0.4100 0.0956 1.0419 1.5360 1.4610 0.1615 -0.7066 0.4360 0.7588

12534 Hudson Columbia 1.3249 0.1656 1.2411 0.8739 1.1872 0.0459 -0.3592 0.1036 0.7830
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12538 Hyde Park Dutchess 0.9391 0.0662 1.3409 1.2517 1.3389 0.1010 -0.5142 0.2493 0.8004

12540 Lagrangeville Dutchess 0.1028 0.0407 1.0190 1.7146 1.5093 0.2061 -0.7955 0.5506 0.7511

12542 Marlboro Ulster 0.7877 -0.0325 1.2819 1.3384 1.2916 0.1956 -0.5705 0.3942 0.8175

12543 Maybrook Orange 0.8480 -0.1528 1.5911 1.8102 1.0539 0.2853 -0.5065 0.2168 0.5534

12545 Millbrook Dutchess 1.0881 0.1047 1.1946 1.1827 1.5034 0.1037 -0.5600 0.3698 0.9668

12546 Millerton Dutchess 0.9160 -0.0021 1.2287 1.0684 1.2004 0.1019 -0.4345 0.2751 0.7830

12547 Milton Ulster 0.1942 0.0101 0.6739 1.2208 1.1094 0.1701 -0.5812 0.4446 0.6010

12548 Modena Ulster 0.9966 -0.0618 1.2884 1.3492 1.1295 0.2047 -0.4697 0.2873 0.7194

12549 Montgomery Orange 0.7577 0.0541 1.0038 1.3893 1.4283 0.1474 -0.6176 0.4191 0.8366

12550 Newburgh Orange 1.5739 0.0350 1.1997 1.4849 1.4304 0.0499 -0.4316 0.1159 0.8472

12553 New Windsor Orange 1.0296 0.0194 1.4416 1.6284 1.4392 0.1309 -0.5558 0.2279 0.7893

12561 New Paltz Ulster 0.7356 0.0326 1.1151 1.1480 1.2026 0.1106 -0.4871 0.2851 0.7241

12563 Patterson Putnam 0.4394 -0.0481 1.1356 1.7732 1.3880 0.2160 -0.6878 0.4451 0.7099

12564 Pawling Dutchess 0.7178 -0.0193 1.2075 1.4536 1.4320 0.1486 -0.6053 0.4144 0.8451

12565 Philmont Columbia 0.6720 0.0296 0.7338 0.7158 0.8830 0.0839 -0.3651 0.2283 0.5979

12566 Pine Bush Ulster 0.4921 -0.0436 0.8915 1.2342 1.1047 0.1729 -0.5201 0.3895 0.6528

12567 Pine Plains Dutchess 0.7989 0.0067 0.9853 0.8172 1.0428 0.1084 -0.3916 0.3029 0.7318

12569 Pleasant Valley Dutchess 0.5490 0.1356 0.6788 1.1036 1.3398 0.0860 -0.5842 0.4120 0.7703

12570 Poughquag Dutchess 0.4019 -0.0240 1.1347 1.5976 1.3601 0.2225 -0.6833 0.4751 0.7423

12571 Red Hook Dutchess 0.5899 0.0476 1.0123 1.2030 1.2652 0.1439 -0.5622 0.3875 0.7537

12572 Rhinebeck Dutchess 1.3764 0.0542 1.5467 1.0799 1.5170 0.1192 -0.5163 0.3504 1.0882

12575 Rock Tavern Orange -0.0797 -0.3203 1.4982 2.7241 1.5676 0.4014 -0.9378 0.6799 0.6825

12577 Salisbury Mills Orange 0.0804 0.0192 0.8896 2.2004 1.5431 0.3615 -0.9455 0.6646 0.7024

12578 Salt Point Dutchess 0.5220 0.1524 0.8069 1.2321 1.5138 0.1356 -0.6944 0.5270 0.8931

12580 Staatsburg Dutchess 0.9687 0.0641 1.0481 0.9642 1.2702 0.0999 -0.4707 0.3354 0.8544

12581 Stanfordville Dutchess 0.5186 0.0092 0.9131 1.1311 1.2810 0.0992 -0.5350 0.4120 0.7715
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12582 Stormville Dutchess 0.9716 0.1605 1.1311 1.8739 1.5709 0.2241 -0.7342 0.3641 0.7943

12583 Tivoli Dutchess 0.2312 0.0228 0.8285 1.2568 1.2271 0.1570 -0.6114 0.4562 0.6780

12585 Verbank Dutchess 1.0464 0.0260 1.4213 1.5756 1.2079 0.2886 -0.5719 0.2990 0.7191

12586 Walden Orange 0.5349 -0.0909 1.1327 1.6163 1.1429 0.2202 -0.5661 0.3369 0.5941

12589 Wallkill Ulster 0.6613 -0.0017 1.1056 1.5442 1.2579 0.1561 -0.5550 0.2981 0.6493

12590 Wappingers Falls Dutchess 0.7082 0.0740 1.2063 1.4563 1.4805 0.1095 -0.6312 0.3412 0.8182

12592 Wassaic Dutchess 0.4638 -0.1731 1.2600 1.2387 0.7629 0.2075 -0.3686 0.2164 0.4418

12594 Wingdale Dutchess 0.4778 -0.0859 0.9037 1.2683 1.1034 0.1257 -0.4783 0.3426 0.6234

12601 Poughkeepsie (Main) Dutchess 1.7386 0.0876 1.1763 1.3159 1.0121 0.1576 -0.3050 -0.0178 0.6488

12603 Arlington Dutchess 0.9168 0.0401 1.4043 1.6776 1.4160 0.2094 -0.6386 0.3078 0.7831

12701 Monticello Sullivan 1.9265 0.1472 1.3242 1.0144 1.4229 -0.0748 -0.2745 -0.0226 0.9199

12719 Barryville Sullivan 0.9542 -0.0207 1.2567 1.1000 1.2092 0.1698 -0.4786 0.3506 0.8353

12720 Bethel Sullivan 1.0082 -0.6883 2.7191 1.9994 1.1495 0.3403 -0.4255 0.3533 0.8612

12721 Bloomingburg Sullivan 0.3649 0.1496 0.3476 1.0369 1.3375 0.0227 -0.5704 0.4253 0.7201

12723 Callicoon Sullivan 1.3900 0.1400 1.0140 0.8476 1.2959 0.0081 -0.3609 0.1788 0.8736

12724 Callicoon Center Sullivan 2.8121 0.3194 1.8816 0.5209 2.1813 -0.0555 -0.4658 0.3309 1.7909

12725 Claryville Ulster 1.3117 0.1084 1.3424 0.9766 1.6252 0.0528 -0.5258 0.3864 1.1389

12726 Cohecton Sullivan 1.2568 0.1825 0.6933 0.5956 1.2075 -0.0151 -0.3360 0.2143 0.8443

12729 Cuddebackville Orange 1.1945 -0.0388 1.4397 1.2814 0.8404 0.2230 -0.3269 0.0694 0.5246

12732 Eldred Sullivan 0.9621 -0.0195 1.0982 0.7250 1.0098 0.0972 -0.3334 0.2651 0.7627

12734 Ferndale Sullivan 1.3714 -0.1882 1.6542 1.0694 1.3270 0.0871 -0.3576 0.2948 1.0126

12737 Glen Spey Sullivan 0.3796 0.0147 0.8325 1.1368 1.1445 0.1277 -0.5237 0.3864 0.6545

12738 Glen Wild Sullivan -0.1572 -0.0647 0.4012 0.8797 0.5976 0.1495 -0.3835 0.3171 0.2787

12740 Grahamsville Sullivan 0.7469 -0.0004 0.9218 1.0401 1.1498 0.1206 -0.4583 0.3478 0.7402

12741 Hankins Sullivan 0.9029 -0.0459 1.0706 0.7379 0.8835 0.1283 -0.3092 0.2428 0.6764

12743 Highland Lake Sullivan 1.2564 0.0090 1.3663 0.9040 1.2888 0.1323 -0.4343 0.3380 0.9744
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12745 Hortonville Sullivan 2.4065 0.1516 1.5603 0.2472 1.4889 -0.0201 -0.2371 0.1947 1.3622

12746 Huguenot Orange 0.5126 0.1625 0.8656 0.8357 1.1921 0.0294 -0.4669 0.2798 0.6938

12747 Hurleyville Sullivan 0.8677 0.2505 1.6126 0.8156 1.2163 -0.0886 -0.3277 -0.0695 0.6457

12748 Jeffersonville Sullivan 0.7317 -0.0354 1.1032 1.0620 1.1581 0.1341 -0.4654 0.3529 0.7639

12750 Kenoza Lake Sullivan -0.4781 0.0093 0.3857 1.6737 1.0716 0.2910 -0.7708 0.5914 0.3989

12751 Kiamesha Lake Sullivan 0.7499 0.1549 0.4469 0.6753 0.9839 -0.0598 -0.2963 0.1215 0.5474

12752 Lake Huntington Sullivan 0.4412 0.0000 0.5885 0.6188 0.5991 0.1131 -0.2700 0.1939 0.3950

12754 Liberty Sullivan 1.4241 0.0751 1.0797 0.8613 1.1627 -0.0092 -0.2807 0.0819 0.7790

12758 Livingston Manor Sullivan 1.4802 0.5045 0.0218 -0.0085 1.5293 -0.2337 -0.3362 0.2454 1.0807

12759 Loch Sheldrake Sullivan 1.0720 0.1890 0.2218 0.4073 1.0494 -0.1744 -0.1963 0.0668 0.6472

12760 Long Eddy Delaware 1.2655 -0.2511 1.9032 1.2913 1.2842 0.2069 -0.4315 0.3582 0.9904

12762 Mongaup Valley Sullivan 1.0720 -0.0634 1.2358 0.8492 1.1121 0.1130 -0.3630 0.2985 0.8431

12763 Mountain Dale Sullivan 0.9726 -0.1117 1.0983 0.6807 0.8514 0.0560 -0.2176 0.1681 0.6595

12764 Narrowsburg Sullivan 1.2592 0.0902 1.2678 0.6981 1.1463 0.0560 -0.3300 0.1824 0.8462

12765 Neversink Sullivan -0.1259 0.0124 0.4163 1.1643 0.9640 0.1836 -0.5801 0.4751 0.4719

12766 North Branch Sullivan 1.7996 0.0000 1.7021 0.8031 1.4247 0.1363 -0.3992 0.3301 1.1987

12767 Obernburg Sullivan 0.3223 -0.1170 0.9215 1.0689 0.8813 0.1816 -0.4341 0.3591 0.5473

12768 Parksville Sullivan 0.6193 -0.3841 1.7359 1.5152 1.0194 0.2464 -0.4331 0.3595 0.6917

12770 Pond Eddy Sullivan 0.9918 -0.0654 1.3060 0.8138 1.0756 0.0457 -0.3040 0.2017 0.7721

12771 Port Jervis Orange 0.8710 0.1425 0.8287 0.7794 1.1834 -0.0137 -0.3869 0.1952 0.7294

12775 Rock Hill Sullivan 1.1524 -0.0167 1.8791 1.8027 1.6134 0.2520 -0.6847 0.3850 0.9864

12776 Roscoe Sullivan 1.2337 -0.1289 1.5355 1.0081 1.1902 0.1355 -0.3708 0.2931 0.9128

12777 Forestburgh Sullivan 1.2339 -0.0376 1.6224 1.3763 1.5501 0.2229 -0.6101 0.4728 1.0939

12779 South Fallsburg Sullivan 2.4917 0.0313 1.7053 1.0020 1.4745 -0.0242 -0.2166 -0.0101 1.1174

12780 Sparrow Bush Orange 0.7271 0.0528 0.7152 0.7368 0.9394 0.0912 -0.3610 0.2686 0.6323

12781 Summitville Sullivan 1.9523 -0.0463 1.6600 1.4347 1.7316 0.0124 -0.4213 0.2079 1.1633
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12783 Swan Lake Sullivan 0.8339 -0.0770 1.3099 1.2890 1.1324 0.1770 -0.4613 0.2956 0.7126

12785 Westbrookville Sullivan 1.2518 -0.0479 1.6406 1.4548 1.4819 0.1951 -0.5583 0.3700 0.9924

12786 White Lake Sullivan 3.4497 -0.0463 3.0181 0.8787 2.0996 0.1495 -0.4004 0.3330 1.9648

12787 White Sulphur Springs Sullivan 0.7515 0.0330 1.2393 1.1322 1.3246 0.1616 -0.5624 0.4080 0.8684

12788 Woodbourne Sullivan 1.1392 0.1697 0.7766 1.2425 1.3139 0.0637 -0.4710 0.2088 0.7281

12789 Woodridge Sullivan 0.8981 0.1737 0.3187 0.6106 1.1400 -0.0716 -0.3349 0.2116 0.7044

12790 Wurtsboro Sullivan 0.6308 0.0133 0.9726 1.0999 1.1738 0.1197 -0.4891 0.3463 0.7182

12791 Youngsville Sullivan 0.7873 0.2676 0.7797 0.9240 1.3664 0.0409 -0.5336 0.3053 0.7986

12792 Yulan Sullivan 0.6450 0.0123 0.8061 0.6213 0.8051 0.0981 -0.3083 0.2385 0.5778

12801 Glens Falls Warren 0.6926 -0.0914 0.6576 0.8677 0.8064 0.1675 -0.2441 0.2682 0.5958

12803 South Glens Falls Saratoga 0.5995 -0.0030 0.6884 0.8390 0.9084 0.1523 -0.4248 0.3386 0.6239

12804 Queensbury Warren 0.7061 0.0076 1.0098 1.0224 1.1286 0.1579 -0.4972 0.3724 0.7554

12808 Adirondack Warren 2.1257 0.1352 1.5901 0.6606 1.7040 0.0555 -0.4310 0.3578 1.4117

12809 Argyle Washington 0.8360 0.0380 0.8696 0.6892 0.9981 0.0964 -0.3645 0.2940 0.7248

12810 Athol Warren 0.9892 0.0093 1.0636 0.7978 1.0902 0.1219 -0.3895 0.3149 0.8091

12811 Bakers Mills Warren 0.7370 0.1999 0.3258 0.4346 1.0642 -0.0087 -0.3670 0.3031 0.7215

12812 Blue Mountain Lake Hamilton 0.2198 0.0000 0.6204 0.9566 0.9157 0.1614 -0.4761 0.3957 0.5420

12814 Bolton Landing Warren 1.7301 0.0703 1.3621 0.6967 1.3036 0.0729 -0.3349 0.2334 1.0550

12815 Brant Lake Warren 1.3215 0.1085 1.0004 0.5624 1.2436 0.0446 -0.3607 0.2988 0.9705

12816 Cambridge Washington 1.1484 0.0411 1.2457 0.8169 1.1747 0.1042 -0.3902 0.2723 0.8661

12817 Chestertown Warren 1.0938 -0.0045 1.2777 0.9044 1.2115 0.1483 -0.4399 0.3533 0.9087

12819 Clemons Washington 0.6702 0.1014 0.6496 0.7747 1.1415 0.0888 -0.4623 0.3839 0.7599

12821 Comstock Washington 1.7286 -0.0728 2.0480 2.7534 1.1410 0.4452 -0.5632 -0.0444 0.4297

12822 Corinth Saratoga 0.6646 0.0268 0.7664 0.7574 0.9572 0.1100 -0.3865 0.3120 0.6581

12823 Cossayuna Washington -0.5074 0.0000 0.0823 0.9515 0.6091 0.1614 -0.4729 0.3912 0.1990

12824 Diamond Point Warren 0.5041 -0.0301 1.0500 1.3513 1.2820 0.2317 -0.6320 0.5127 0.7936
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12827 Fort Ann Washington 0.6417 0.0528 0.9067 0.9163 1.0562 0.1231 -0.4439 0.3151 0.6759

12828 Fort Edward Washington 0.5773 0.0298 0.7195 0.7946 0.9656 0.1224 -0.4178 0.3406 0.6478

12831 Gansevoort Saratoga 0.1464 0.0157 0.6681 1.1901 1.0835 0.1767 -0.5815 0.4514 0.5879

12832 Granville Washington 0.9416 0.0693 0.8797 0.5108 0.9461 0.0475 -0.2921 0.2160 0.7153

12833 Greenfield Center Saratoga 0.4765 0.1246 0.6358 0.9613 1.2301 0.0994 -0.5470 0.4203 0.7366

12834 Greenwich Washington 0.6990 0.0262 0.9728 0.9357 1.1249 0.1370 -0.4708 0.3670 0.7560

12835 Hadley Saratoga 1.3566 0.0618 1.1779 0.6884 1.2475 0.0865 -0.3779 0.3062 0.9792

12836 Hague Warren 1.5462 0.0110 1.5679 0.8813 1.4247 0.1241 -0.4349 0.3472 1.1261

12837 Hampton Washington 0.4648 0.0131 0.7017 0.8214 0.9189 0.1333 -0.4176 0.3442 0.5993

12838 Hartford Washington 1.3249 0.0164 1.3429 0.8587 1.3045 0.1400 -0.4385 0.3604 1.0144

12839 Hudson Falls Washington 0.5224 0.0641 0.4919 0.6842 0.8652 0.0720 -0.3637 0.2686 0.5492

12841 Huletts Landing Washington 3.6518 0.0000 2.9986 0.6725 2.0724 0.1136 -0.3346 0.2778 1.9984

12842 Indian Lake Hamilton 2.1760 0.1162 1.6714 0.6080 1.6230 0.0536 -0.3809 0.3055 1.3770

12843 Johnsburg Warren 0.7202 0.0959 0.4774 0.3347 0.7788 0.0107 -0.2379 0.1974 0.5776

12844 Kattskill Bay Washington 1.8917 0.0092 1.8875 1.2340 1.6834 0.2007 -0.5502 0.4084 1.3008

12845 Lake George Warren 1.2306 0.0013 1.2835 0.8292 1.2091 0.1175 -0.4073 0.3115 0.9366

12846 Lake Luzerne Warren 0.8660 -0.0080 1.0167 0.7973 1.0185 0.1339 -0.3869 0.3168 0.7508

12847 Long Lake Hamilton 1.6281 -0.0122 1.6560 1.0476 1.4300 0.1687 -0.4564 0.3440 1.1165

12850 Middle Grove Saratoga 0.5600 0.0031 0.9574 1.1598 1.1840 0.1884 -0.5547 0.4393 0.7469

12851 Minerva Essex 1.1540 0.0615 0.9859 0.5618 1.0775 0.0693 -0.3262 0.2710 0.8492

12852 Newcomb Essex 2.2857 0.0804 1.8332 0.6150 1.6034 0.0623 -0.3514 0.2762 1.3926

12853 North Creek Warren 1.4444 0.1123 1.1225 0.4131 1.1385 0.0079 -0.2642 0.1856 0.9278

12855 North Hudson Essex 1.0582 -0.0023 1.0380 0.5760 0.9416 0.0853 -0.2826 0.2349 0.7575

12856 North River Warren 0.5056 0.0000 0.6880 0.6615 0.7776 0.1117 -0.3292 0.2735 0.5383

12857 Olmstedville Essex 0.9426 -0.0072 1.1033 0.8386 1.0976 0.1418 -0.4112 0.3412 0.8154

12858 Paradox Essex 2.6544 0.0000 2.5915 1.3471 2.2471 0.2275 -0.6703 0.5568 1.8474
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12859 Porter Corners Saratoga -0.1908 -0.0094 0.5109 1.3393 1.0534 0.2281 -0.6574 0.5420 0.5113

12860 Pottersville Warren 1.3435 0.1019 1.2227 0.8324 1.4300 0.0960 -0.4731 0.3696 1.0653

12861 Putnam Station Washington 1.2760 0.0569 1.2860 0.8082 1.3161 0.1080 -0.4328 0.3399 0.9992

12863 Rock City Falls Saratoga 0.0351 0.0000 0.6802 1.3891 1.1912 0.2384 -0.6887 0.5638 0.6365

12865 Salem Washington 0.8484 0.0357 0.8908 0.7251 1.0196 0.1003 -0.3743 0.2982 0.7345

12866 Saratoga Springs Saratoga 0.7067 0.0395 1.1426 1.1857 1.2870 0.1573 -0.5788 0.3854 0.8148

12870 Schroon Lake Essex 1.0576 0.0088 1.0730 0.6697 1.0251 0.1088 -0.3394 0.2807 0.8033

12871 Schuylerville Saratoga 0.3767 -0.0156 0.7612 0.9731 0.9272 0.1577 -0.4532 0.3537 0.5687

12873 Shushan Washington 0.8558 -0.0066 1.0296 0.8709 1.0977 0.1337 -0.4216 0.3467 0.7867

12874 Silver Bay Warren 2.6603 0.0583 2.3570 1.1043 2.1549 0.1622 -0.5936 0.4932 1.7927

12878 Stony Creek Warren 1.0120 -0.0208 1.2136 0.8621 1.0243 0.1444 -0.3671 0.2677 0.7605

12883 Ticonderoga Essex 1.0812 0.0413 1.0155 0.5902 1.0141 0.0803 -0.3172 0.2500 0.7936

12884 Victory Mills Saratoga 0.3743 -0.0369 0.6996 0.9516 0.7353 0.1815 -0.4009 0.2699 0.4240

12885 Warrensburg Warren 0.8998 0.0095 0.9523 0.7054 0.9433 0.1125 -0.3381 0.2640 0.7044

12886 Wevertown Warren 1.0076 0.0000 1.1114 0.7786 1.0826 0.1316 -0.3873 0.3213 0.8233

12887 Whitehall Washington 0.4715 0.0402 0.5975 0.7349 0.9048 0.1024 -0.3942 0.3247 0.5892

12901 Plattsburgh Clinton 0.6947 0.0761 0.7569 0.6837 0.8812 0.0716 -0.3418 0.2089 0.5870

12903 Plattsburgh (Oval) Clinton 1.2300 0.1890 1.1846 0.9675 1.3916 0.1014 -0.5275 0.2622 0.9030

12910 Altona Clinton 0.9062 0.1689 0.5971 0.7705 0.9874 0.0356 -0.3386 0.1574 0.5901

12912 Au Sable Forks Clinton 0.6845 0.0315 0.7558 0.6820 0.9334 0.0986 -0.3627 0.3008 0.6597

12913 Bloomingdale Essex 0.4876 0.0255 0.6106 0.6532 0.8135 0.0973 -0.3434 0.2839 0.5477

12914 Bombay Franklin 0.9838 0.4580 -0.1695 0.0739 1.3568 -0.1789 -0.3777 0.3042 0.9037

12916 Brushton Franklin 0.9464 0.1271 0.7265 0.6237 1.1431 0.0526 -0.3944 0.3166 0.8151

12917 Burke Franklin 0.7142 0.0610 0.7122 0.8017 1.0011 0.0902 -0.3903 0.2888 0.6542

12918 Cadyville Clinton 0.9588 0.0729 0.8644 0.7697 1.1925 0.0742 -0.4186 0.3364 0.8406

12919 Champlain Clinton 0.3345 0.0154 0.5637 0.6896 0.7592 0.1045 -0.3524 0.2836 0.4815
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12920 Chateauguay Franklin 0.5283 0.0230 0.6921 0.7563 0.8941 0.1057 -0.3771 0.3004 0.5882

12921 Chazy Clinton 0.2475 0.1330 0.3346 0.8632 1.0890 0.0806 -0.5163 0.4129 0.6120

12923 Churubusco Clinton 0.7931 0.0521 0.8510 0.7089 0.9952 0.0980 -0.3730 0.2905 0.7047

12926 Constable Franklin 0.7320 0.0686 0.6343 0.5647 0.9057 0.0559 -0.3197 0.2570 0.6403

12927 Cranberry Lake St Lawrence 1.6308 0.0000 1.5044 0.6444 1.2228 0.1087 -0.3207 0.2665 1.0510

12928 Crown Point Essex 0.8346 -0.0019 0.9763 0.8103 1.0562 0.1182 -0.3968 0.3271 0.7601

12929 Dannemora Clinton 1.7231 0.0982 1.1970 2.0188 0.9006 0.3231 -0.4820 -0.1282 0.3290

12930 Dickinson Center Franklin 0.6318 0.2507 0.2723 0.5217 1.1982 -0.0342 -0.4315 0.3338 0.7492

12932 Elizabethtown Essex 1.5515 0.0517 1.3496 0.7889 1.3881 0.0888 -0.4056 0.3215 1.0887

12934 Ellenburg Center Clinton 0.7617 0.0208 0.8528 0.5469 0.8068 0.0791 -0.2747 0.2089 0.6056

12935 Ellenburg Depot Clinton 0.6590 0.0632 0.6516 0.6582 0.9545 0.0791 -0.3688 0.3024 0.6559

12936 Essex Essex 1.3291 0.0000 1.3447 0.7776 1.2046 0.1320 -0.3837 0.3163 0.9647

12937 Fort Covington Franklin 1.3499 1.0002 -1.5466 -0.8062 1.6888 -0.5546 -0.3014 0.2119 1.0628

12939 Gabriels Franklin 0.0084 0.0000 0.3750 0.7743 0.6667 0.1316 -0.3847 0.3178 0.3559

12941 Jay Essex 0.6450 0.0104 0.9303 1.0971 1.1598 0.1700 -0.5185 0.4080 0.7447

12942 Keene Essex 1.2695 0.1345 1.0748 0.8940 1.5622 0.0869 -0.5440 0.4495 1.1237

12943 Keene Valley Essex 1.6622 0.0508 1.2777 0.3467 1.0783 0.0376 -0.2112 0.1756 0.9757

12944 Keeseville Essex 0.7729 0.0432 0.7690 0.6800 0.9766 0.0825 -0.3579 0.2885 0.6909

12945 Lake Clear Franklin 1.5010 0.0000 1.4421 0.7139 1.2285 0.1209 -0.3556 0.2954 1.0224

12946 Lake Placid Essex 0.6562 0.0280 0.7886 0.7967 0.9840 0.1025 -0.3958 0.3063 0.6617

12950 Lewis Essex 0.8634 0.0634 0.8452 0.8291 1.0136 0.1192 -0.3928 0.2805 0.6912

12952 Lyon Mountain (South) Clinton 1.6636 0.1557 1.5187 1.6256 0.7797 0.2896 -0.3261 -0.1663 0.3516

12953 Malone Franklin 1.0754 0.0862 0.9045 0.9476 0.9109 0.1107 -0.3208 0.1158 0.5663

12955 Lyon Mountain (North) Clinton 0.7037 0.1180 0.5085 0.5025 0.9525 0.0360 -0.3393 0.2816 0.6652

12956 Mineville Essex 1.0335 0.0529 0.9825 0.8884 1.0666 0.1267 -0.3927 0.2627 0.7403

12957 Moira Franklin 0.6492 0.0387 0.6490 0.5361 0.7990 0.0755 -0.2962 0.2446 0.5791

Online In Person
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12958 Mooers Clinton 0.7253 0.0567 0.6900 0.6470 0.9877 0.0661 -0.3607 0.2979 0.6894

12959 Mooers Forks Clinton 0.8288 -0.0056 0.8828 0.5600 0.8104 0.0955 -0.2746 0.2274 0.6348

12960 Moriah Essex 0.8200 0.0672 0.8206 0.7611 1.1083 0.1018 -0.4245 0.3485 0.7788

12962 Morrisonville Clinton 0.8232 0.0602 1.0889 0.8992 1.1588 0.1189 -0.4530 0.3204 0.7838

12964 New Russia Essex 0.0128 0.2427 1.0480 1.2252 1.3723 0.0613 -0.6563 0.3283 0.6266

12965 Nicholville St Lawrence 0.4009 0.0305 0.7610 0.7113 0.8019 0.0970 -0.3497 0.2454 0.5052

12966 North Bangor Franklin 0.3637 0.0226 0.5079 0.6146 0.7393 0.0763 -0.3168 0.2574 0.4727

12967 North Lawrence St Lawrence 0.6163 0.0342 0.6061 0.4901 0.7498 0.0488 -0.2586 0.2058 0.5347

12969 Owls Head Franklin 1.9155 0.3184 0.7565 0.0807 1.4923 -0.1297 -0.2791 0.2319 1.2217

12970 Paul Smiths Franklin 0.2627 0.1259 0.7311 1.1158 0.9853 0.1252 -0.4953 0.2615 0.4633

12972 Peru Clinton 0.6750 0.0461 0.9118 0.9513 1.1639 0.1241 -0.4851 0.3745 0.7607

12973 Piercefield St Lawrence 2.6477 0.0000 2.3241 0.7994 1.7723 0.1349 -0.3979 0.3306 1.5929

12974 Port Henry Essex 1.1787 0.1745 0.6681 0.4588 1.2157 -0.0062 -0.3606 0.2923 0.9088

12975 Port Kent Essex 0.6596 0.0127 0.8687 0.7282 0.9027 0.1160 -0.3614 0.2818 0.6329

12976 Rainbow Lake Franklin 1.3768 0.1260 0.9355 0.5470 1.3432 -0.0078 -0.3589 0.2981 1.0230

12979 Rouses Point Clinton 0.8742 0.0467 0.8960 0.7487 1.0580 0.1036 -0.4138 0.2992 0.7600

12980 St Regis Falls Franklin 0.4060 0.0445 0.5135 0.6496 0.8158 0.0897 -0.3566 0.2963 0.5283

12981 Saranac Clinton 0.3232 0.0026 0.7235 0.8071 0.8217 0.1220 -0.3853 0.2930 0.5044

12983 Saranac Lake Franklin 0.8903 0.0375 0.8696 0.7656 0.9690 0.1030 -0.3520 0.2538 0.6821

12986 Tupper Lake Franklin 0.8884 0.0604 0.8329 0.7140 1.0669 0.0694 -0.3705 0.2858 0.7510

12987 Upper Jay Essex 0.4679 0.0306 0.6573 0.7922 0.9325 0.1215 -0.4171 0.3455 0.6069

12989 Vermontville Franklin 0.9623 0.0809 1.0019 0.7500 1.1808 0.0881 -0.4192 0.3241 0.8462

12992 West Chazy Clinton 0.5784 -0.0031 0.8539 0.8682 0.9877 0.1260 -0.4175 0.3332 0.6555

12993 Westport Essex 1.6294 0.0338 1.4388 0.6455 1.2638 0.0958 -0.3371 0.2710 1.0610

12996 Willsboro Essex 1.1491 0.1286 0.8393 0.5824 1.2449 0.0151 -0.3743 0.2991 0.9146

12997 Wilmington Essex 0.7641 0.1185 0.6202 0.6447 1.1085 0.0454 -0.4033 0.3274 0.7559

12998 Witherbee Essex 1.5054 0.5877 0.2583 -0.1795 1.5290 -0.2960 -0.2869 0.1291 1.0712

Online In Person
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Table 31: Accessibility Scores by ZIP Code 

Before During After Before During After

12008 Alplaus Schenectady 0.4559 0.4168 0.4410 0.3559 0.6232 0.3091

12009 Altamont Albany 0.4466 0.4273 0.4521 0.3493 0.6993 0.3916

12010 Amsterdam Montgomery 0.4538 0.4473 0.4496 0.3198 0.5378 0.2817

12015 Athens Greene 0.4569 0.4249 0.4376 0.3703 0.6465 0.3394

12017 Austerlitz Columbia 0.4584 0.4307 0.4537 0.3446 0.5957 0.3236

12018 Averill Park Rensselaer 0.4205 0.3906 0.4235 0.3604 0.6720 0.3930

12019 Ballston Lake Saratoga 0.4696 0.4487 0.4795 0.3432 0.6614 0.3854

12020 Ballston Spa Saratoga 0.4154 0.3893 0.4132 0.3590 0.7097 0.3843

12022 Berlin Rensselaer 0.4493 0.4072 0.4299 0.3668 0.5701 0.3079

12023 Berne Albany 0.4118 0.3808 0.4064 0.3631 0.6962 0.3753

12025 Broadalbin Fulton 0.4224 0.3995 0.4207 0.3553 0.7021 0.3764

12027 Burnt Hills Saratoga 0.4163 0.3897 0.4217 0.3622 0.7101 0.4133

12028 Buskirk Rensselaer 0.4322 0.4140 0.4399 0.3463 0.7039 0.3907

12029 Canaan Columbia 0.4606 0.4320 0.4620 0.3492 0.5575 0.3497

12031 Carlisle Schoharie 0.4332 0.3753 0.3922 0.3798 0.5208 0.2461

12032 Caroga Lake Fulton 0.5723 0.5444 0.5518 0.3187 0.4361 0.1758

12033 Castleton-on-Hudson Rensselaer 0.4256 0.3956 0.4211 0.3588 0.6619 0.3647

12035 Central Bridge Schoharie 0.4278 0.3965 0.4203 0.3623 0.6590 0.3589

12036 Charlotteville Schoharie 0.4073 0.3797 0.4004 0.3621 0.7346 0.3747

12037 Chatham Columbia 0.4546 0.4272 0.4420 0.3677 0.6318 0.3573

ZIP City County
Case 1 Case 2
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Before During After Before During After

12041 Clarksville Albany 0.4398 0.4342 0.4649 0.3311 0.7125 0.4283

12042 Climax Greene 0.4408 0.4000 0.4313 0.3666 0.6007 0.3476

12043 Cobleskill Schoharie 0.4304 0.4058 0.4214 0.3618 0.6685 0.3624

12045 Coeymans Albany 0.4284 0.3800 0.4013 0.3821 0.5973 0.3199

12046 Coeymans Hollow Albany 0.4192 0.3908 0.4220 0.3589 0.6820 0.3912

12047 Cohoes Albany 0.4720 0.4679 0.4743 0.3534 0.6625 0.3974

12051 Coxsackie Greene 0.4203 0.3887 0.3825 0.4218 0.7570 0.4247

12052 Cropseyville Rensselaer 0.4294 0.4039 0.4328 0.3548 0.6740 0.3848

12053 Delanson Schenectady 0.3872 0.3620 0.3915 0.3645 0.7576 0.4209

12054 Delmar Albany 0.4326 0.4095 0.4377 0.3617 0.7116 0.4161

12056 Duanesburg Schenectady 0.3814 0.3547 0.3815 0.3610 0.7296 0.3963

12057 Eagle Bridge Washington 0.4246 0.3966 0.4195 0.3575 0.6866 0.3632

12058 Earlton Greene 0.3998 0.3698 0.3900 0.3691 0.7345 0.3823

12059 East Berne Albany 0.4124 0.3845 0.4129 0.3628 0.7219 0.3981

12060 East Chatham Columbia 0.4467 0.4072 0.4396 0.3634 0.5919 0.3485

12061 East Greenbush Rensselaer 0.4500 0.4293 0.4558 0.3480 0.7064 0.3907

12062 East Nassau Rensselaer 0.3927 0.3728 0.3985 0.3594 0.7815 0.4221

12064 East Worcester Otsego 0.5105 0.4903 0.4938 0.3762 0.5527 0.3561

12065 Clifton Park Saratoga 0.4591 0.4492 0.4665 0.3423 0.6946 0.3963

12066 Esperance Schoharie 0.4071 0.3766 0.4011 0.3664 0.7136 0.3829

12067 Feura Bush Albany 0.4322 0.3945 0.4255 0.3645 0.6235 0.3582

12068 Fonda Montgomery 0.4076 0.3818 0.4025 0.3508 0.6567 0.3477

12069 Fort Hunter Montgomery 0.4376 0.3971 0.4166 0.3718 0.6100 0.3207

12070 Fort Johnson Montgomery 0.4357 0.3939 0.4140 0.3697 0.6148 0.3160

12071 Fultonham Schoharie 0.4335 0.3942 0.4178 0.3679 0.6202 0.3332

12072 Fultonville Montgomery 0.4080 0.3913 0.4092 0.3537 0.7347 0.3918

12074 Galway Saratoga 0.4444 0.4191 0.4446 0.3471 0.6401 0.3551

ZIP City County
Case 1 Case 2
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Before During After Before During After

12075 Ghent Columbia 0.4877 0.4608 0.4805 0.3469 0.4930 0.3078

12076 Gilboa Schoharie 0.4521 0.4192 0.4382 0.3502 0.5536 0.2948

12077 Glenmont Albany 0.4552 0.4398 0.4645 0.3436 0.7022 0.3997

12078 Gloversville Fulton 0.4385 0.4150 0.4288 0.3543 0.6443 0.3375

12083 Greenville Greene 0.4240 0.3980 0.4248 0.3541 0.6681 0.3754

12084 Guilderland Albany 0.5997 0.6050 0.5912 0.2824 0.6278 0.2167

12085 Guilderland Center Albany 0.5140 0.5219 0.5153 0.3627 0.6213 0.4020

12086 Hagaman Montgomery 0.4419 0.3960 0.4218 0.3700 0.5619 0.3107

12087 Hannacroix Greene 0.3918 0.3663 0.3896 0.3660 0.7605 0.4032

12090 Hoosick Falls Rensselaer 0.4149 0.3879 0.4075 0.3563 0.6702 0.3515

12092 Howes Cave Schoharie 0.5200 0.4909 0.5060 0.3380 0.4075 0.2394

12093 Jefferson Schoharie 0.4144 0.3803 0.4014 0.3660 0.6706 0.3500

12094 Johnsonville Rensselaer 0.3831 0.3449 0.3723 0.3765 0.7159 0.3854

12095 Johnstown Fulton 0.4373 0.4168 0.4303 0.3627 0.6750 0.3751

12106 Kinderhook Columbia 0.4259 0.3829 0.4140 0.3693 0.6105 0.3469

12108 Lake Pleasant Hamilton 0.5074 0.4507 0.4814 0.3678 0.3619 0.2413

12110 Latham Albany 0.4543 0.4439 0.4508 0.3468 0.6886 0.3724

12116 Maryland Otsego 0.4551 0.4118 0.4339 0.3659 0.5445 0.2947

12117 Mayfield Fulton 0.4097 0.3794 0.4019 0.3653 0.6997 0.3720

12118 Mechanicville Saratoga 0.4581 0.4382 0.4605 0.3455 0.6716 0.3673

12120 Medusa Albany 0.4130 0.3770 0.3996 0.3718 0.6722 0.3625

12121 Melrose Rensselaer 0.4003 0.3579 0.3896 0.3746 0.6478 0.3667

12122 Middleburgh Schoharie 0.4462 0.4138 0.4317 0.3559 0.6005 0.3121

12123 Nassau Rensselaer 0.4422 0.4321 0.4609 0.3431 0.7077 0.4275

12124 New Baltimore Greene 0.4037 0.3376 0.3630 0.3887 0.5433 0.2672

12125 New Lebanon Columbia 0.4168 0.3882 0.4121 0.3591 0.6891 0.3690

12131 North Blenheim Schoharie 0.4503 0.4003 0.4211 0.3723 0.5285 0.2750

ZIP City County
Case 1 Case 2
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Before During After Before During After

12134 Northville Fulton 0.4287 0.3969 0.4193 0.3605 0.6465 0.3476

12136 Old Chatham Columbia 0.4904 0.4567 0.4914 0.3527 0.5078 0.3451

12137 Pattersonville Schenectady 0.4221 0.3912 0.4144 0.3623 0.7040 0.3674

12138 Petersburg Rensselaer 0.4034 0.3720 0.3947 0.3655 0.7009 0.3699

12139 Piseco Hamilton 0.4350 0.4041 0.4325 0.3581 0.6428 0.3650

12140 Poestenkill Rensselaer 0.4350 0.4116 0.4447 0.3553 0.6790 0.4088

12143 Ravena Albany 0.4128 0.3876 0.4081 0.3710 0.7283 0.4048

12144 Rensselaer Rensselaer 0.4626 0.4525 0.4655 0.3440 0.6601 0.3764

12147 Rensselaerville Albany 0.4366 0.4009 0.4297 0.3659 0.6329 0.3636

12148 Rexford Saratoga 0.4527 0.4288 0.4587 0.3483 0.6748 0.3835

12149 Richmondville Schoharie 0.4363 0.4130 0.4316 0.3585 0.6884 0.3711

12150 Rotterdam Junction Schenectady 0.4103 0.3751 0.3978 0.3701 0.6511 0.3583

12151 Round Lake Saratoga 0.4143 0.3962 0.4274 0.3552 0.7466 0.4322

12153 Sand Lake Rensselaer 0.4295 0.4289 0.4539 0.3270 0.7974 0.4385

12154 Schaghticoke Rensselaer 0.4246 0.4040 0.4303 0.3523 0.6982 0.3948

12155 Schenevus Otsego 0.4236 0.4010 0.4224 0.3522 0.6809 0.3672

12156 Schodack Landing Rensselaer 0.3692 0.3583 0.3953 0.3587 0.8358 0.4974

12157 Schoharie Schoharie 0.4206 0.3933 0.4161 0.3633 0.6902 0.3814

12158 Selkirk Albany 0.4355 0.4129 0.4362 0.3552 0.7203 0.3886

12159 Slingerlands Albany 0.5026 0.4761 0.4991 0.3385 0.5728 0.3156

12160 Sloansville Schoharie 0.4210 0.3904 0.4122 0.3613 0.6701 0.3568

12164 Speculator Hamilton 0.4972 0.4452 0.4718 0.3765 0.4357 0.2812

12165 Spencertown Columbia 0.4737 0.4235 0.4620 0.3670 0.4897 0.3184

12166 Sprakers Montgomery 0.4279 0.3970 0.4157 0.3611 0.6578 0.3401

12167 Stamford Delaware 0.4511 0.4120 0.4289 0.3643 0.5798 0.2975

12168 Stephentown (East) Rensselaer 0.4273 0.3907 0.4205 0.3662 0.6465 0.3653

12169 Stephentown (West) Rensselaer 0.4008 0.3886 0.4216 0.3493 0.7862 0.4563

ZIP City County
Case 1 Case 2
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Before During After Before During After

12170 Stillwater Saratoga 0.3988 0.3756 0.4047 0.3595 0.7372 0.4139

12172 Stottville Columbia 0.3711 0.3526 0.3720 0.3723 0.8293 0.4398

12173 Stuyvesant Columbia 0.4072 0.3854 0.4076 0.3554 0.7076 0.3852

12175 Summit Schoharie 0.4529 0.4196 0.4389 0.3542 0.6453 0.3173

12177 Tribes Hill Montgomery 0.4327 0.4158 0.4475 0.3472 0.7774 0.4284

12180 Troy (Main) Rensselaer 0.4867 0.4897 0.4818 0.3557 0.6936 0.3929

12182 Troy (Lansingburgh) Rensselaer 0.4597 0.4576 0.4584 0.3669 0.7099 0.4233

12183 Green Island Albany 0.4384 0.4142 0.4267 0.3905 0.7087 0.4166

12184 Valatie Columbia 0.4515 0.4363 0.4573 0.3395 0.6225 0.3630

12185 Valley Falls Rensselaer 0.4038 0.3788 0.4075 0.3614 0.7377 0.4093

12186 Voorheesville Albany 0.4256 0.4020 0.4361 0.3546 0.7044 0.4134

12187 Warnerville Schoharie 0.4176 0.3808 0.4048 0.3682 0.6613 0.3524

12188 Waterford Saratoga 0.4197 0.4009 0.4227 0.3559 0.7249 0.3989

12189 Watervliet Albany 0.5270 0.5326 0.5264 0.3368 0.6348 0.3524

12190 Wells Hamilton 0.4089 0.3778 0.3988 0.3677 0.7064 0.3700

12192 West Coxsackie Greene 0.4183 0.3779 0.4031 0.3635 0.5955 0.3243

12193 Westerlo Albany 0.4366 0.3984 0.4243 0.3654 0.6244 0.3410

12194 West Fulton Schoharie 0.4297 0.4036 0.4216 0.3571 0.6652 0.3485

12195 West Lebanon Columbia 0.4404 0.3990 0.4149 0.3705 0.5933 0.2980

12196 West Sand Lake Rensselaer 0.3974 0.3698 0.4007 0.3713 0.7428 0.4287

12197 Worcester Otsego 0.4698 0.4457 0.4615 0.3427 0.5384 0.2993

12198 Wynantskill Rensselaer 0.4276 0.4047 0.4297 0.3538 0.6882 0.3845

12202 Albany (Southeast) Albany 0.5734 0.6002 0.5399 0.4838 0.8306 0.5901

12203 Albany (West) Albany 0.4485 0.4416 0.4363 0.3674 0.6942 0.3974

12204 Albany (North/Menands) Albany 0.6325 0.6910 0.6430 0.3369 0.6797 0.4474

12205 Albany (Northwest/Colonie) Albany 0.4675 0.4586 0.4617 0.3459 0.6589 0.3622

12206 Albany (Central Ave Corridor) Albany 0.4748 0.5176 0.4426 0.6254 0.8310 0.6875

ZIP City County
Case 1 Case 2
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12207 Albany (Downtown) Albany 0.3716 0.4012 0.3121 0.4967 0.8054 0.5785

12208 Albany (Southwest) Albany 0.4829 0.4883 0.4778 0.3666 0.7047 0.4322

12209 Albany (Delaware Ave Corridor) Albany 0.5248 0.5357 0.4984 0.4066 0.7315 0.4498

12210 Albany (Lark Street/Arbor Hill) Albany 0.3385 0.3651 0.2945 0.9236 0.9875 0.8954

12211 Loudonville Albany 0.5200 0.5021 0.5236 0.3316 0.5889 0.3402

12302 Scotia/Glenville Schenectady 0.4241 0.3962 0.4206 0.3625 0.6670 0.3796

12303 Schenectady (South) Schenectady 0.5242 0.5387 0.5352 0.3322 0.6439 0.3923

12304 Schenectady (East) Schenectady 0.5507 0.5864 0.5608 0.3414 0.6174 0.4155

12305 Schenectady (Downtown) Schenectady 0.3492 0.3594 0.3199 0.4689 0.8016 0.5383

12306 Rotterdam Schenectady 0.4599 0.4489 0.4602 0.3530 0.6774 0.3869

12307 Schenectady (East Downtown) Schenectady 0.5789 0.6535 0.5936 0.5574 0.7785 0.6853

12308 Schenectady (North) Schenectady 0.5164 0.5423 0.5190 0.3806 0.7309 0.4837

12309 Niskayuna Schenectady 0.4920 0.4780 0.5013 0.3423 0.6835 0.3946

12401 Kingston Ulster 0.4715 0.4694 0.4643 0.3501 0.6277 0.3602

12404 Accord Ulster 0.4585 0.4495 0.4605 0.3303 0.6352 0.3348

12405 Acra Greene 0.4784 0.4510 0.4673 0.3399 0.5576 0.2839

12407 Ashland Greene 0.5173 0.4632 0.4708 0.3666 0.3742 0.1531

12409 Bearsville Ulster 0.4914 0.4465 0.4763 0.3552 0.5107 0.2869

12410 Big Indian Ulster 0.4593 0.4163 0.4355 0.3627 0.5175 0.2734

12411 Bloomington Ulster 0.5378 0.5851 0.6005 0.2340 0.6213 0.4280

12412 Boiceville Ulster 0.6068 0.5746 0.5915 0.3165 0.2634 0.1649

12413 Cairo Greene 0.4493 0.4466 0.4546 0.3219 0.6339 0.3325

12414 Catskill Greene 0.4712 0.4450 0.4454 0.3756 0.5949 0.3263

12416 Chichester Ulster 0.6112 0.7041 0.6689 0.0706 0.0749 0.1005

12417 Connelly Ulster 0.5807 0.6640 0.6574 0.1942 0.5989 0.4779

12418 Cornwallville Greene 0.4198 0.4032 0.4242 0.3640 0.7539 0.4278

12419 Cottekill Ulster 0.3904 0.3671 0.3905 0.3669 0.7661 0.4158

ZIP City County
Case 1 Case 2
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Before During After Before During After

12420 Cragsmoor Ulster 0.4042 0.3777 0.4138 0.3634 0.7335 0.4293

12421 Denver Delaware 0.4506 0.4064 0.4363 0.3671 0.5645 0.3251

12423 East Durham Greene 0.4340 0.4055 0.4185 0.3697 0.6750 0.3585

12424 East Jewett Greene 0.4794 0.4251 0.4541 0.3701 0.4478 0.2662

12428 Ellenville Ulster 0.5134 0.5343 0.5227 0.2790 0.4995 0.2604

12430 Fleischmanns Delaware 0.5065 0.5011 0.5122 0.3012 0.5038 0.2682

12431 Freehold Greene 0.4178 0.3985 0.4225 0.3471 0.6885 0.3802

12432 Glasco Ulster 0.4303 0.4053 0.4147 0.3577 0.6440 0.3189

12434 Grand Gorge Delaware 0.4484 0.4124 0.4299 0.3625 0.5841 0.3060

12435 Greenfield Park Ulster 0.3938 0.3621 0.3857 0.3685 0.7270 0.3819

12439 Hensonville Greene 0.4637 0.4142 0.4331 0.3709 0.4969 0.2613

12440 High Falls Ulster 0.4609 0.4329 0.4520 0.3710 0.6424 0.3797

12441 Highmount Ulster 0.5764 0.5133 0.5287 0.3786 0.0051 0.1038

12442 Hunter Greene 0.4912 0.4347 0.4519 0.3738 0.3938 0.2050

12443 Hurley Ulster 0.4320 0.3987 0.4277 0.3660 0.6341 0.3754

12444 Jewett Greene 0.4623 0.4317 0.4553 0.3506 0.5672 0.3212

12446 Kerhonkson Ulster 0.5044 0.5090 0.5213 0.3053 0.5355 0.3296

12448 Lake Hill Ulster 0.4900 0.4360 0.4824 0.3667 0.4366 0.3209

12449 Lake Katrine Ulster 0.5403 0.5561 0.5536 0.3111 0.4972 0.3295

12450 Lanesville Greene 0.5772 0.5122 0.5328 0.3773 0.0130 0.1126

12451 Leeds Greene 0.4448 0.4213 0.4394 0.3403 0.5710 0.3114

12452 Lexington Greene 0.4257 0.3891 0.4149 0.3668 0.6486 0.3541

12454 Maplecrest Greene 0.3795 0.3579 0.3792 0.3659 0.7974 0.4168

12455 Margaretville Delaware 0.4959 0.4568 0.4754 0.3481 0.4285 0.2408

12456 Mount Marion Ulster 0.3737 0.3295 0.3481 0.4061 0.7561 0.4101

12457 Mount Tremper Ulster 0.5052 0.4867 0.5063 0.3312 0.5184 0.3074

12458 Napanoch Ulster 0.5357 0.5592 0.5434 0.3122 0.5288 0.3288
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12460 Oak Hill Greene 0.3665 0.3331 0.3459 0.3767 0.7698 0.3653

12461 Olivebridge Ulster 0.5578 0.5564 0.5718 0.2768 0.4113 0.2393

12463 Palenville Greene 0.5189 0.5678 0.5764 0.2322 0.6804 0.4240

12464 Phoenicia Ulster 0.4529 0.4063 0.4297 0.3695 0.5430 0.2941

12465 Pine Hill Ulster 0.4364 0.3851 0.4057 0.3740 0.5430 0.2806

12466 Port Ewen Ulster 0.4538 0.4343 0.4521 0.3482 0.5683 0.3562

12468 Prattsville Greene 0.4918 0.4567 0.4792 0.3492 0.4853 0.2813

12469 Preston Hollow Albany 0.4403 0.3993 0.4199 0.3644 0.5737 0.3014

12470 Purling Greene 0.4376 0.3972 0.4240 0.3674 0.6087 0.3375

12471 Rifton Ulster 0.3697 0.3396 0.3666 0.3785 0.7811 0.4260

12472 Rosendale Ulster 0.4301 0.3981 0.4136 0.3636 0.6211 0.3372

12473 Round Top Greene 0.4444 0.4007 0.4226 0.3696 0.5759 0.3061

12474 Roxbury Delaware 0.4476 0.4062 0.4239 0.3776 0.5955 0.3257

12477 Saugerties Ulster 0.4386 0.4157 0.4340 0.3493 0.6271 0.3436

12481 Shokan Ulster 0.4469 0.4309 0.4501 0.3417 0.6697 0.3616

12482 South Cairo Greene 0.6235 0.6372 0.6382 0.2504 0.1616 0.1647

12484 Stone Ridge Ulster 0.5575 0.5460 0.5589 0.2992 0.4802 0.2423

12485 Tannersville Greene 0.4407 0.4010 0.4226 0.3647 0.6006 0.3189

12486 Tillson Ulster 0.4213 0.3934 0.4157 0.3762 0.7184 0.4106

12487 Ulster Park Ulster 0.4316 0.4201 0.4375 0.3387 0.6673 0.3702

12489 Wawarsing Ulster 0.5098 0.5418 0.4914 0.3626 0.6263 0.3787

12491 West Hurley Ulster 0.4533 0.4443 0.4696 0.3296 0.6496 0.3840

12494 West Shokan Ulster 0.4253 0.3905 0.4213 0.3769 0.6768 0.4051

12495 Willow Ulster 0.4502 0.4165 0.4329 0.3406 0.6739 0.2808

12496 Windham Greene 0.4667 0.4294 0.4548 0.3542 0.5284 0.3036

12498 Woodstock Ulster 0.4963 0.4663 0.4808 0.3544 0.5256 0.2982

12501 Amenia Dutchess 0.4546 0.4492 0.4580 0.3139 0.5417 0.2983
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12502 Ancram Columbia 0.4662 0.4373 0.4595 0.3615 0.6186 0.3590

12503 Ancramdale Columbia 0.4951 0.4781 0.4920 0.3312 0.5063 0.2968

12504 Annandale-on-Hudson Dutchess 0.4886 0.5002 0.5298 0.3037 0.8094 0.4681

12507 Barrytown Dutchess 0.4533 0.4285 0.4440 0.3624 0.7187 0.3718

12508 Beacon Dutchess 0.4506 0.4472 0.4390 0.3776 0.6838 0.4179

12512 Chelsea Dutchess 0.4613 0.4143 0.4463 0.3697 0.5340 0.3214

12514 Clinton Corners Dutchess 0.4826 0.4564 0.4882 0.3418 0.5890 0.3554

12515 Clintondale Ulster 0.3704 0.3241 0.3490 0.3871 0.6797 0.3607

12516 Copake Columbia 0.4665 0.4392 0.4701 0.3433 0.5954 0.3499

12518 Cornwall Orange 0.4310 0.4088 0.4285 0.3501 0.6467 0.3591

12520 Cornwall-on-Hudson Orange 0.3985 0.3716 0.3999 0.3638 0.7263 0.4063

12521 Craryville Columbia 0.4743 0.4325 0.4673 0.3568 0.5125 0.3210

12522 Dover Plains Dutchess 0.4245 0.3875 0.4019 0.3518 0.5542 0.2686

12523 Elizaville Columbia 0.4485 0.4178 0.4352 0.3553 0.6278 0.3211

12524 Fishkill Dutchess 0.4725 0.4566 0.4587 0.3551 0.6231 0.3408

12525 Gardiner Ulster 0.4183 0.4083 0.4343 0.3399 0.7339 0.4161

12526 Germantown Columbia 0.4410 0.4128 0.4379 0.3537 0.6285 0.3546

12528 Highland Ulster 0.4372 0.4155 0.4320 0.3562 0.6528 0.3654

12529 Hillsdale Columbia 0.4206 0.3804 0.4109 0.3661 0.6210 0.3505

12531 Holmes Dutchess 0.4476 0.4392 0.4754 0.3324 0.7110 0.4371

12533 Hopewell Junction Dutchess 0.4522 0.4414 0.4628 0.3427 0.7027 0.4037

12534 Hudson Columbia 0.5072 0.5014 0.4992 0.3476 0.6155 0.3429

12538 Hyde Park Dutchess 0.4696 0.4533 0.4614 0.3466 0.6228 0.3355

12540 Lagrangeville Dutchess 0.4258 0.4100 0.4390 0.3447 0.7286 0.4144

12542 Marlboro Ulster 0.4280 0.3965 0.4191 0.3669 0.6561 0.3694

12543 Maybrook Orange 0.4157 0.3911 0.3914 0.3976 0.7396 0.4115

12545 Millbrook Dutchess 0.4755 0.4584 0.4770 0.3420 0.5922 0.3502
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12546 Millerton Dutchess 0.4394 0.4128 0.4259 0.3539 0.6197 0.3232

12547 Milton Ulster 0.4004 0.3814 0.4071 0.3572 0.7483 0.4180

12548 Modena Ulster 0.4265 0.4005 0.4109 0.3803 0.6770 0.3863

12549 Montgomery Orange 0.4435 0.4307 0.4490 0.3488 0.6609 0.3924

12550 Newburgh Orange 0.4735 0.4945 0.4650 0.3448 0.5770 0.3615

12553 New Windsor Orange 0.4648 0.4601 0.4554 0.3517 0.6305 0.3577

12561 New Paltz Ulster 0.4419 0.4227 0.4354 0.3510 0.6608 0.3543

12563 Patterson Putnam 0.4126 0.3971 0.4137 0.3605 0.7135 0.4085

12564 Pawling Dutchess 0.4285 0.4066 0.4249 0.3495 0.6351 0.3534

12565 Philmont Columbia 0.4203 0.4004 0.4130 0.3584 0.6948 0.3720

12566 Pine Bush Ulster 0.3999 0.3754 0.3961 0.3649 0.7111 0.3938

12567 Pine Plains Dutchess 0.4258 0.3939 0.4151 0.3599 0.6493 0.3431

12569 Pleasant Valley Dutchess 0.4501 0.4429 0.4643 0.3336 0.6782 0.3937

12570 Poughquag Dutchess 0.4165 0.3928 0.4180 0.3619 0.7110 0.4041

12571 Red Hook Dutchess 0.4368 0.4155 0.4379 0.3520 0.6809 0.3795

12572 Rhinebeck Dutchess 0.4803 0.4462 0.4684 0.3515 0.5274 0.3028

12575 Rock Tavern Orange 0.3517 0.3253 0.3502 0.3843 0.7621 0.4322

12577 Salisbury Mills Orange 0.4154 0.4080 0.4386 0.3748 0.8139 0.5195

12578 Salt Point Dutchess 0.4583 0.4443 0.4773 0.3355 0.6727 0.4054

12580 Staatsburg Dutchess 0.4520 0.4284 0.4483 0.3502 0.6164 0.3471

12581 Stanfordville Dutchess 0.4177 0.3946 0.4174 0.3413 0.6479 0.3443

12582 Stormville Dutchess 0.4941 0.5051 0.5100 0.3616 0.7271 0.4760

12583 Tivoli Dutchess 0.4120 0.3909 0.4179 0.3496 0.7199 0.3949

12585 Verbank Dutchess 0.4621 0.4420 0.4549 0.3924 0.7358 0.4525

12586 Walden Orange 0.4021 0.3829 0.3933 0.3746 0.7323 0.4097

12589 Wallkill Ulster 0.4323 0.4237 0.4290 0.3577 0.7023 0.3939

12590 Wappingers Falls Dutchess 0.4608 0.4514 0.4622 0.3370 0.6378 0.3566
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12592 Wassaic Dutchess 0.3817 0.3405 0.3525 0.3886 0.7403 0.3623

12594 Wingdale Dutchess 0.3889 0.3673 0.3802 0.3559 0.6865 0.3591

12601 Poughkeepsie (Main) Dutchess 0.4930 0.5188 0.4824 0.3864 0.7042 0.4655

12603 Arlington Dutchess 0.4650 0.4546 0.4613 0.3659 0.6811 0.4087

12701 Monticello Sullivan 0.5247 0.5436 0.5116 0.3232 0.4894 0.2764

12719 Barryville Sullivan 0.4332 0.3979 0.4207 0.3685 0.6371 0.3551

12720 Bethel Sullivan 0.3644 0.2767 0.3021 0.4160 0.5084 0.1624

12721 Bloomingburg Sullivan 0.4371 0.4399 0.4582 0.3156 0.6810 0.3898

12723 Callicoon Sullivan 0.4890 0.4869 0.4857 0.3364 0.5724 0.3302

12724 Callicoon Center Sullivan 0.6119 0.5855 0.6077 0.3094 0.2152 0.1905

12725 Claryville Ulster 0.4868 0.4593 0.4834 0.3302 0.4968 0.2838

12726 Cohecton Sullivan 0.4833 0.4816 0.4877 0.3317 0.5923 0.3466

12729 Cuddebackville Orange 0.4495 0.4305 0.4238 0.3995 0.7345 0.4146

12732 Eldred Sullivan 0.4265 0.3885 0.4083 0.3631 0.6174 0.3158

12734 Ferndale Sullivan 0.4132 0.3615 0.3760 0.3587 0.4662 0.2097

12737 Glen Spey Sullivan 0.4134 0.3921 0.4142 0.3506 0.7035 0.3775

12738 Glen Wild Sullivan 0.3575 0.3328 0.3541 0.3704 0.8133 0.4181

12740 Grahamsville Sullivan 0.4203 0.3965 0.4152 0.3566 0.6606 0.3640

12741 Hankins Sullivan 0.4159 0.3763 0.3950 0.3744 0.6560 0.3386

12743 Highland Lake Sullivan 0.4537 0.4130 0.4381 0.3632 0.5649 0.3148

12745 Hortonville Sullivan 0.5342 0.4978 0.5139 0.3440 0.3464 0.2126

12746 Huguenot Orange 0.4673 0.4529 0.4719 0.3273 0.6627 0.3386

12747 Hurleyville Sullivan 0.5452 0.5402 0.5302 0.3069 0.5828 0.2181

12748 Jeffersonville Sullivan 0.4168 0.3840 0.4055 0.3594 0.6441 0.3405

12750 Kenoza Lake Sullivan 0.3780 0.3686 0.3999 0.3699 0.8507 0.5133

12751 Kiamesha Lake Sullivan 0.4558 0.4669 0.4602 0.3224 0.6646 0.3483

12752 Lake Huntington Sullivan 0.3997 0.3744 0.3893 0.3740 0.7611 0.3957

ZIP City County
Case 1 Case 2

 



 

 

1
7
3
 

Before During After Before During After

12754 Liberty Sullivan 0.4738 0.4738 0.4603 0.3408 0.5710 0.3085

12758 Livingston Manor Sullivan 0.5556 0.5849 0.5914 0.2615 0.4928 0.3262

12759 Loch Sheldrake Sullivan 0.4651 0.4892 0.4717 0.2990 0.5839 0.3059

12760 Long Eddy Delaware 0.4045 0.3386 0.3635 0.3833 0.5207 0.2495

12762 Mongaup Valley Sullivan 0.4214 0.3790 0.3996 0.3649 0.5846 0.3006

12763 Mountain Dale Sullivan 0.4009 0.3615 0.3696 0.3642 0.6019 0.2743

12764 Narrowsburg Sullivan 0.4786 0.4514 0.4636 0.3524 0.5807 0.3039

12765 Neversink Sullivan 0.3829 0.3662 0.3948 0.3598 0.8008 0.4474

12766 North Branch Sullivan 0.4774 0.4256 0.4531 0.3694 0.4672 0.2728

12767 Obernburg Sullivan 0.3738 0.3353 0.3593 0.3746 0.7273 0.3717

12768 Parksville Sullivan 0.3543 0.2859 0.3094 0.3919 0.6252 0.2711

12770 Pond Eddy Sullivan 0.4253 0.3868 0.3978 0.3514 0.5645 0.2505

12771 Port Jervis Orange 0.4691 0.4646 0.4693 0.3259 0.6188 0.3245

12775 Rock Hill Sullivan 0.4712 0.4417 0.4586 0.3712 0.6162 0.3654

12776 Roscoe Sullivan 0.4203 0.3704 0.3892 0.3704 0.5469 0.2720

12777 Forestburgh Sullivan 0.4496 0.4059 0.4370 0.3703 0.5669 0.3406

12779 South Fallsburg Sullivan 0.5146 0.5144 0.4852 0.3471 0.3962 0.2351

12780 Sparrow Bush Orange 0.4278 0.4073 0.4241 0.3587 0.6907 0.3772

12781 Summitville Sullivan 0.4745 0.4684 0.4528 0.3333 0.4085 0.2345

12783 Swan Lake Sullivan 0.4186 0.3870 0.4009 0.3721 0.6641 0.3546

12785 Westbrookville Sullivan 0.4512 0.4169 0.4349 0.3683 0.5784 0.3347

12786 White Lake Sullivan 0.5473 0.4781 0.5040 0.3780 0.1239 0.1340

12787 White Sulphur Springs Sullivan 0.4440 0.4103 0.4393 0.3567 0.6424 0.3556

12788 Woodbourne Sullivan 0.4851 0.5035 0.4955 0.3420 0.6743 0.4189

12789 Woodridge Sullivan 0.4571 0.4688 0.4683 0.3144 0.6269 0.3523

12790 Wurtsboro Sullivan 0.4251 0.4020 0.4210 0.3527 0.6693 0.3608

12791 Youngsville Sullivan 0.5043 0.5043 0.5216 0.3251 0.6641 0.3887
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12792 Yulan Sullivan 0.4165 0.3850 0.4045 0.3656 0.6951 0.3565

12801 Glens Falls Warren 0.3773 0.3570 0.3650 0.3843 0.7158 0.4219

12803 South Glens Falls Saratoga 0.4045 0.3782 0.3999 0.3709 0.7077 0.3999

12804 Queensbury Warren 0.4245 0.3952 0.4191 0.3635 0.6728 0.3754

12808 Adirondack Warren 0.5232 0.4849 0.5119 0.3442 0.3858 0.2576

12809 Argyle Washington 0.4310 0.4013 0.4231 0.3597 0.6537 0.3521

12810 Athol Warren 0.4338 0.3988 0.4218 0.3644 0.6273 0.3429

12811 Bakers Mills Warren 0.4583 0.4519 0.4718 0.3285 0.6597 0.3740

12812 Blue Mountain Lake Hamilton 0.3936 0.3682 0.3951 0.3646 0.7570 0.4116

12814 Bolton Landing Warren 0.4857 0.4556 0.4692 0.3586 0.5112 0.3006

12815 Brant Lake Warren 0.4706 0.4428 0.4648 0.3463 0.5519 0.3147

12816 Cambridge Washington 0.4573 0.4236 0.4433 0.3597 0.5954 0.3219

12817 Chestertown Warren 0.4409 0.3996 0.4265 0.3666 0.5989 0.3313

12819 Clemons Washington 0.4374 0.4178 0.4440 0.3466 0.6710 0.3813

12821 Comstock Washington 0.4903 0.5118 0.4689 0.4359 0.8265 0.5469

12822 Corinth Saratoga 0.4189 0.3919 0.4138 0.3609 0.6870 0.3716

12823 Cossayuna Washington 0.3592 0.3457 0.3705 0.3640 0.8504 0.4661

12824 Diamond Point Warren 0.4090 0.3766 0.4094 0.3689 0.7004 0.4046

12827 Fort Ann Washington 0.4343 0.4098 0.4311 0.3582 0.6916 0.3757

12828 Fort Edward Washington 0.4155 0.3891 0.4131 0.3612 0.7001 0.3829

12831 Gansevoort Saratoga 0.4006 0.3798 0.4075 0.3586 0.7557 0.4204

12832 Granville Washington 0.4451 0.4174 0.4345 0.3536 0.6313 0.3264

12833 Greenfield Center Saratoga 0.4413 0.4268 0.4537 0.3404 0.6938 0.3960

12834 Greenwich Washington 0.4285 0.3980 0.4238 0.3595 0.6667 0.3652

12835 Hadley Saratoga 0.4642 0.4299 0.4528 0.3566 0.5544 0.3154

12836 Hague Warren 0.4696 0.4238 0.4504 0.3614 0.4993 0.2838

12837 Hampton Washington 0.4068 0.3792 0.4039 0.3637 0.7197 0.3884

ZIP City County
Case 1 Case 2

 



 

 

1
7
5
 

Before During After Before During After

12838 Hartford Washington 0.4556 0.4131 0.4412 0.3654 0.5571 0.3202

12839 Hudson Falls Washington 0.4173 0.4026 0.4183 0.3535 0.7187 0.3904

12841 Huletts Landing Washington 0.5630 0.4976 0.5200 0.3757 0.0962 0.1245

12842 Indian Lake Hamilton 0.5221 0.4814 0.5052 0.3490 0.3842 0.2449

12843 Johnsburg Warren 0.4310 0.4130 0.4278 0.3484 0.6788 0.3521

12844 Kattskill Bay Washington 0.4916 0.4464 0.4735 0.3726 0.4724 0.3110

12845 Lake George Warren 0.4464 0.4094 0.4303 0.3621 0.5771 0.3190

12846 Lake Luzerne Warren 0.4231 0.3867 0.4106 0.3678 0.6511 0.3514

12847 Long Lake Hamilton 0.4689 0.4248 0.4484 0.3721 0.5197 0.3099

12850 Middle Grove Saratoga 0.4171 0.3877 0.4166 0.3650 0.6985 0.3964

12851 Minerva Essex 0.4509 0.4189 0.4402 0.3566 0.5949 0.3244

12852 Newcomb Essex 0.5202 0.4745 0.4965 0.3549 0.3645 0.2254

12853 North Creek Warren 0.4819 0.4534 0.4679 0.3461 0.5328 0.2810

12855 North Hudson Essex 0.4311 0.3933 0.4123 0.3655 0.6151 0.3175

12856 North River Warren 0.4034 0.3736 0.3947 0.3668 0.7207 0.3752

12857 Olmstedville Essex 0.4286 0.3899 0.4160 0.3674 0.6320 0.3452

12858 Paradox Essex 0.5309 0.4665 0.5070 0.3699 0.2691 0.2331

12859 Porter Corners Saratoga 0.3787 0.3594 0.3916 0.3641 0.8051 0.4569

12860 Pottersville Warren 0.4787 0.4476 0.4744 0.3492 0.5455 0.3252

12861 Putnam Station Washington 0.4655 0.4282 0.4544 0.3564 0.5577 0.3151

12863 Rock City Falls Saratoga 0.3929 0.3704 0.4048 0.3646 0.7724 0.4469

12865 Salem Washington 0.4316 0.4022 0.4238 0.3597 0.6527 0.3536

12866 Saratoga Springs Saratoga 0.4418 0.4171 0.4396 0.3553 0.6630 0.3741

12870 Schroon Lake Essex 0.4355 0.3977 0.4202 0.3661 0.6175 0.3311

12871 Schuylerville Saratoga 0.3991 0.3717 0.3951 0.3668 0.7357 0.3964

12873 Shushan Washington 0.4238 0.3885 0.4134 0.3640 0.6417 0.3492

12874 Silver Bay Warren 0.5407 0.4837 0.5199 0.3597 0.2694 0.2272
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12878 Stony Creek Warren 0.4329 0.3946 0.4144 0.3729 0.6397 0.3416

12883 Ticonderoga Essex 0.4445 0.4112 0.4310 0.3606 0.6128 0.3266

12884 Victory Mills Saratoga 0.3928 0.3642 0.3833 0.3820 0.7641 0.4139

12885 Warrensburg Warren 0.4274 0.3949 0.4145 0.3672 0.6579 0.3525

12886 Wevertown Warren 0.4329 0.3939 0.4191 0.3673 0.6230 0.3391

12887 Whitehall Washington 0.4114 0.3885 0.4110 0.3575 0.7168 0.3863

12901 Plattsburgh Clinton 0.4376 0.4207 0.4325 0.3554 0.6972 0.3711

12903 Plattsburgh (Oval) Clinton 0.5098 0.4898 0.5092 0.3513 0.5830 0.3515

12910 Altona Clinton 0.4689 0.4739 0.4742 0.3460 0.7032 0.4026

12912 Au Sable Forks Clinton 0.4202 0.3920 0.4142 0.3600 0.6810 0.3643

12913 Bloomingdale Essex 0.4079 0.3823 0.4033 0.3614 0.7195 0.3790

12914 Bombay Franklin 0.5229 0.5460 0.5606 0.2734 0.5872 0.3677

12916 Brushton Franklin 0.4562 0.4371 0.4590 0.3442 0.6287 0.3573

12917 Burke Franklin 0.4301 0.4121 0.4290 0.3551 0.6886 0.3801

12918 Cadyville Clinton 0.4450 0.4215 0.4431 0.3479 0.6162 0.3463

12919 Champlain Clinton 0.3995 0.3750 0.3956 0.3622 0.7440 0.3876

12920 Chateauguay Franklin 0.4118 0.3867 0.4075 0.3602 0.7099 0.3774

12921 Chazy Clinton 0.4264 0.4181 0.4434 0.3378 0.7369 0.4170

12923 Churubusco Clinton 0.4340 0.4066 0.4280 0.3589 0.6666 0.3605

12926 Constable Franklin 0.4288 0.4075 0.4253 0.3527 0.6747 0.3600

12927 Cranberry Lake St Lawrence 0.4654 0.4168 0.4401 0.3694 0.5073 0.2779

12928 Crown Point Essex 0.4226 0.3887 0.4121 0.3622 0.6444 0.3460

12929 Dannemora Clinton 0.5072 0.5483 0.4999 0.4225 0.8286 0.5644

12930 Dickinson Center Franklin 0.4709 0.4716 0.4917 0.3128 0.6564 0.3743

12932 Elizabethtown Essex 0.4735 0.4381 0.4599 0.3549 0.5103 0.2979

12934 Ellenburg Center Clinton 0.4242 0.3922 0.4099 0.3639 0.6745 0.3413

12935 Ellenburg Depot Clinton 0.4255 0.4030 0.4242 0.3538 0.6842 0.3704
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12936 Essex Essex 0.4509 0.4067 0.4323 0.3685 0.5633 0.3129

12937 Fort Covington Franklin 0.5848 0.6641 0.6487 0.1513 0.5035 0.3910

12939 Gabriels Franklin 0.3797 0.3583 0.3807 0.3657 0.7979 0.4208

12941 Jay Essex 0.4204 0.3929 0.4190 0.3638 0.6901 0.3919

12942 Keene Essex 0.4801 0.4545 0.4853 0.3389 0.5407 0.3378

12943 Keene Valley Essex 0.4731 0.4328 0.4493 0.3612 0.5066 0.2666

12944 Keeseville Essex 0.4271 0.4015 0.4214 0.3563 0.6641 0.3572

12945 Lake Clear Franklin 0.4593 0.4124 0.4372 0.3688 0.5300 0.2933

12946 Lake Placid Essex 0.4205 0.3957 0.4156 0.3576 0.6850 0.3685

12950 Lewis Essex 0.4401 0.4191 0.4365 0.3634 0.6856 0.3878

12952 Lyon Mountain (South) Clinton 0.5335 0.5565 0.5197 0.4189 0.8320 0.5329

12953 Malone Franklin 0.4603 0.4570 0.4532 0.3701 0.7158 0.4122

12955 Lyon Mountain (North) Clinton 0.4384 0.4218 0.4417 0.3446 0.6745 0.3679

12956 Mineville Essex 0.4477 0.4254 0.4404 0.3665 0.6619 0.3791

12957 Moira Franklin 0.4176 0.3913 0.4103 0.3607 0.6955 0.3635

12958 Mooers Clinton 0.4267 0.4033 0.4237 0.3512 0.6625 0.3554

12959 Mooers Forks Clinton 0.4179 0.3823 0.4014 0.3688 0.6664 0.3417

12960 Moriah Essex 0.4373 0.4112 0.4360 0.3547 0.6529 0.3659

12962 Morrisonville Clinton 0.4487 0.4186 0.4423 0.3565 0.6458 0.3498

12964 New Russia Essex 0.4918 0.4824 0.5061 0.3137 0.7223 0.3607

12965 Nicholville St Lawrence 0.4158 0.3887 0.4080 0.3601 0.7265 0.3663

12966 North Bangor Franklin 0.4004 0.3780 0.3963 0.3580 0.7349 0.3775

12967 North Lawrence St Lawrence 0.4145 0.3905 0.4056 0.3570 0.6952 0.3522

12969 Owls Head Franklin 0.5420 0.5365 0.5502 0.3038 0.4182 0.2662

12970 Paul Smiths Franklin 0.4459 0.4395 0.4531 0.3527 0.7802 0.4273

12972 Peru Clinton 0.4320 0.4055 0.4307 0.3543 0.6665 0.3682

12973 Piercefield St Lawrence 0.5216 0.4598 0.4878 0.3716 0.2955 0.2000
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12974 Port Henry Essex 0.4746 0.4613 0.4796 0.3315 0.5748 0.3337

12975 Port Kent Essex 0.4193 0.3872 0.4092 0.3650 0.6878 0.3605

12976 Rainbow Lake Franklin 0.4754 0.4543 0.4724 0.3309 0.5131 0.2907

12979 Rouses Point Clinton 0.4362 0.4091 0.4297 0.3587 0.6478 0.3594

12980 St Regis Falls Franklin 0.4079 0.3862 0.4074 0.3575 0.7315 0.3882

12981 Saranac Clinton 0.4027 0.3749 0.3964 0.3632 0.7387 0.3798

12983 Saranac Lake Franklin 0.4335 0.4098 0.4253 0.3632 0.6712 0.3686

12986 Tupper Lake Franklin 0.4386 0.4155 0.4336 0.3514 0.6394 0.3478

12987 Upper Jay Essex 0.4105 0.3852 0.4097 0.3603 0.7177 0.3891

12989 Vermontville Franklin 0.4537 0.4247 0.4490 0.3514 0.6170 0.3399

12992 West Chazy Clinton 0.4114 0.3812 0.4044 0.3617 0.6890 0.3656

12993 Westport Essex 0.4733 0.4301 0.4525 0.3641 0.5086 0.2856

12996 Willsboro Essex 0.4667 0.4471 0.4663 0.3356 0.5691 0.3194

12997 Wilmington Essex 0.4446 0.4278 0.4495 0.3405 0.6504 0.3620

12998 Witherbee Essex 0.5897 0.6190 0.6202 0.2451 0.4612 0.2728
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